
Citation: Gamarra-Vengoechea, M.A.;

Chacón-Cuberos, R.; Pérez-Mármol,

M.; Castro-Sánchez, M. The

Mediating Role of Psychosocial

Factors in Academic Performance in

Higher Education: Characterization

Based on the Adaptation of Teaching

Due to COVID-19. Educ. Sci. 2023, 13,

1105. https://doi.org/10.3390/

educsci13111105

Academic Editor: Doris L. Watson

Received: 27 September 2023

Revised: 24 October 2023

Accepted: 31 October 2023

Published: 2 November 2023

Copyright: © 2023 by the authors.

Licensee MDPI, Basel, Switzerland.

This article is an open access article

distributed under the terms and

conditions of the Creative Commons

Attribution (CC BY) license (https://

creativecommons.org/licenses/by/

4.0/).

education 
sciences

Article

The Mediating Role of Psychosocial Factors in Academic
Performance in Higher Education: Characterization Based
on the Adaptation of Teaching Due to COVID-19
María Alejandra Gamarra-Vengoechea 1, Ramón Chacón-Cuberos 2,* , Mariana Pérez-Mármol 1

and Manuel Castro-Sánchez 3

1 INESEM Bussiness School, Instituto Europeo de Estudios Empresariales, 18200 Maracena, Spain;
e.mgamarraa@go.ugr.es (M.A.G.-V.); marianapm@correo.ugr.es (M.P.-M.)

2 Department of Research Methods and Diagnosis in Education, University of Granada, 18071 Granada, Spain
3 Department of Didactics of Musical, Plastic and Corporal Expression, University of Granada,

18071 Granada, Spain; manuelcs@ugr.es
* Correspondence: rchacon@ugr.es; Tel.: +34-958-246-112

Abstract: (1) Background: The current study aimed to examine the mediating role of psychosocial
factors in academic performance in higher education based on the adaptation of teaching due to
COVID-19. (2) Methods: The methodological design is descriptive–exploratory, cross-sectional, and
ex post-facto, using a structural equation model in a sample of 824 university students from Granada.
For data collection, the AF-5 questionnaire was used for self-concept; EME-E for motivation, REIS
for emotional intelligence, and CD-RISC for resilience, in addition to a specific questionnaire for
sociodemographic and academic data. (3) Results: The findings show that (a) academic performance
was positively related to personal competence and inversely related to self-confidence, with a higher
regression weight in students who did not experience adaptations; that (b) there is a positive relation-
ship between intrinsic motivation and academic performance; that (c) personal competence helped
to decrease demotivation in students; and that (d) a positive self-concept acts as a protective factor
against demotivation. (4) Conclusions: Therefore, the relevance of educational institutions in the
holistic development of young adults is highlighted, ensuring not only academic success but also the
emotional and personal well-being of students in a constantly changing world.
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1. Introduction

The COVID-19 pandemic, which emerged in late 2019, has transformed numerous
aspects of our daily life, prompting various changes in the global education system [1].
The rapid spread of the SARS-CoV-2 virus, responsible for the disease, triggered massive
closures of educational institutions in almost every country, affecting both basic and higher
education systems (UNESCO, 2020). Indeed, at the height of the pandemic, it was estimated
that over 90% of students worldwide were out of classrooms, an unprecedented event in
modern history [2].

This unexpected situation spurred educational authorities and educators to seek
swift alternatives to continue the teaching–learning process. The rise of online education,
previously a supplementary or alternative modality, became the primary tool with which
to maintain educational continuity [3]. Despite the positive adaptability shown by many
educational systems, significant challenges in the development of higher education students
were unveiled.

Confinement measures and social distancing, although essential from a public health
perspective, have had significant impacts on students’ mental health and emotional well-
being [4]. Emerging adulthood, a critical phase of human development spanning ap-
proximately 18 to 25 years, has historically been associated with identity exploration,
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independence, and the establishment of personal and professional goals [5,6]. However,
the COVID-19 pandemic has introduced unique and unprecedented challenges for this
demographic cohort. The repercussions of the health crisis on emerging adulthood have
manifested in various interrelated domains, ranging from educational and work contexts
to psychosocial and mental health [7].

From an educational perspective, many young adults in university training processes
had to abruptly adapt to distance learning modalities, with the ensuing technological, peda-
gogical, and motivational challenges this entails [8]. Moreover, the economic repercussions
of the pandemic led to increased unemployment and job insecurity, particularly disturbing
for those young individuals transitioning into the job market or experiencing their first
work encounters [9].

Psychosocially, distancing and confinement measures have curtailed opportunities for
social interaction, affecting the building and consolidation of interpersonal relationships,
crucial at this stage [10]. This limitation, coupled with economic and academic uncertainty,
has amplified negative emotional states such as anxiety, stress, and depression among
young adults [11].

Isolation has also exacerbated pre-existing challenges in emerging adulthood, such
as identity search and a sense of belonging. For many, the absence of traditional rites of
passage, such as graduations or entering a first job, has left a void in the process of crafting
their personal narrative [12,13]. The long-term implications of these symbolic losses remain
to be determined.

However, it is crucial to point out that, while challenges have been significant, there
have also been cases of resilience and adaptability among young adults. Many have found
innovative ways to maintain social connections, discovered new passions, or took the
situation as an opportunity to re-evaluate life goals and aspirations [14,15].

Consequently, the COVID-19 pandemic has deeply influenced emerging adulthood,
affecting multiple dimensions of young adults’ lives. While the long-term nature of these
repercussions is still under research, it is undeniable that this generation of young adults
faces a unique landscape, shaped by unparalleled challenges and opportunities.

Furthermore, the abrupt transition to virtual modalities in educational contexts can
lead to significant repercussions for academic performance and certain psychosocial aspects
of university students. From a pedagogical standpoint, online interaction lacks certain
tactile and in-person elements intrinsic to traditional learning, potentially affecting content
comprehension and retention, leading to low levels in academic performance. Moreover,
facing technical or connectivity adversities can spawn frustrations and trigger inefficient
coping responses, especially in students who do not possess pre-established resilient
strategies. Such circumstances can lead to episodes of demotivation or apathy towards the
educational process.

Concurrently, emotional intelligence, which is paramount for the recognition and man-
agement of one’s own and others’ emotions, might be compromised due to the reduction
of face-to-face interactions, limiting the development of socio-emotional skills. Therefore,
adapting to virtual education demands not only methodological adjustments but also an
integrative approach that addresses the emotional and psychosocial needs of students.

In this regard, this study aims to achieve a holistic understanding based on empirical
data regarding how various pertinent variables operate on academic performance for
university students, such as adversity control, emotions, and factors linked to psychosocial
aspects. Additionally, the study seeks to ascertain how these elements function in two
distinct modalities that reflect the pandemic and the post-pandemic periods. It is also worth
noting that, while there is current scientific research that includes post-COVID studies, a
holistic comprehension of these interconnected variables has not yet been undertaken.
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Research Problem and Hypotheses

The purpose of this study was to investigate the mediating role between psychosocial
factors and academic performance based on the effect of COVID-19 on the educational
process of university students. In line with this central objective, the following research
question (RQ) and hypotheses (Hx) were structured for the study:

RQ: How have psychosocial variables, such as emotional intelligence, motivation,
self-concept, and resilience, been influenced by the adaptations to changes in educational
systems and the academic performance of emerging adults due to COVID-19?

H1. The emotional intelligence of emerging adults will play a vital role in adapting to changes in
educational systems following COVID-19.

H2. The motivation levels in emerging adults will be negatively influenced by the circumstances of
COVID-19 and will be directly related to academic performance during the pandemic.

H3. Those emerging adults with a positive self-concept will show greater resilience and adaptability
to pandemic-induced educational changes.

H4. Resilience, enhanced by psychosocial factors during COVID-19, will predict positive levels in
academic performance.

H5. Emerging adults with high levels of emotional intelligence and motivation will better adapt to
educational changes and achieve higher academic performance during COVID-19 compared with
those with lower levels in these variables.

2. Materials and Methods
2.1. Design and Participants

The present study adopts a non-experimental, quantitative approach with a descriptive
and exploratory design. It is a cross-sectional and ex post facto study conducted through
a single measurement in a specific group. The target population of this research consists
of university students enrolled at the University of Granada during the 2021/2022 and
2022/2023 academic years. The total number of students enrolled in 2021/2022 for the
undergraduate degree was 39,078 and for the master’s degree was 6325, while in the year
2022/2023, the enrollment rate for the undergraduate degree was a total of 43,478 and for the
master’s degree was 6409. Following the parameters proposed by Gallego [16], this study
included those emerging adults who were willing to participate and who met the condition
of being enrolled in a higher education undergraduate or postgraduate program during
2021 and 2022. On the other hand, individuals were excluded if they: (a) had any condition
or problem that hindered the proper completion of the questionnaire, and (b) provided
incomplete validated scales or responses that generated ambiguity. The sample was initially
made up of 1105 participants. However, after applying the exclusion and inclusion criteria,
the final sample was 824 emerging adults. Based on the 1105 respondents, a margin of
error of 2.93% with a 95% confidence interval was obtained. Likewise, considering the
824 respondents who exceeded the inclusion and exclusion criteria, a margin of error of
3.40% was obtained with a confidence interval of 95%.

2.2. Instruments

In the present study, the following instruments are employed:

• Educational Motivation Scale (EME), which was designed by Núñez et al. [17]. This
instrument is structured by 19 items (e.g., “12. Before I had good reasons for going
to school, but now I wonder if it is worth continuing”, which are dispersed in four
subscales: intrinsic motivation (items 2, 3, 7, 11, 15, 16), internal extrinsic motiva-
tion (items 5, 6, 9, 13, 18, 19), external extrinsic motivation (items 1, 10, 14), and
demotivation (items 4, 8, 12, 17). The responses are scored based on a seven-point
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Likert-type scale, from: 1 “Does not correspond at all” to 7 “Completely corresponds”.
This scale obtained an alpha value of α = 0.886 and an omega value of ω = 0.888.
Likewise, when highlighting the estimated values of alpha and omega in the different
dimensions of motivation, it is observed that intrinsic motivation obtained α = 0.881
andω = 0.88, internal extrinsic motivation denoted α = 0.865 andω = 0.864, external
extrinsic motivation showed α = 0.441 and demotivation indicated α = 0.855 and
ω = 0.850. Therefore, good values (+0.8) are observed in all dimensions except for
external extrinsic motivation.

• Self-Concept Form-5 Questionnaire (SF-5). This instrument was developed by García
and Musitu [18] and is based on the theoretical model of Marsh [19]. It is made up
of 30 items (e.g., “1. I do academic work well”) that are scored using a Likert-type
scale of 5 options, where 1 is “Never” and 5 is “Always”. Self-concept is grouped
into five dimensions according to this instrument, which are defined by academic
self-concept (items 1, 6, 11, 16, 21 and 26), social self-concept (items 2, 7, 12, 17, 22 and
27), emotional self-concept (items 3, 8, 13, 18, 23 and 28), family self-concept (items 4,
9, 14, 19, 24 and 29) and physical self-concept (items 5, 10, 15, 20, 25 and 30). This scale
obtained an alpha value of α = 0.872 and an omega value ofω = 0.871. Likewise, when
highlighting the estimated values of alpha and omega in the different dimensions
of self-concept, it is observed that the physical self-concept obtained an α = 0.777
andω = 0.777, the social self-concept denoted an α = 0.816 andω = 0.832, the family
self-concept showed an α = 0.861 andω = 0.861, the academic self-concept indicated
an α = 0.812 and ω = 0.816 and the emotional self-concept determined an α = 0.833
and ω = 0.835. Therefore, good values are observed (+0.8) in the dimensions of social,
family, academic and emotional self-concept; however, the physical self-concept points
to an acceptable value (+0.7).

• The REIS scale is an instrument designed to measure emotional intelligence (EI) and
designed by Pekaar et al. [20]. This scale is composed of 28 items, which are focused
on four factors, the evaluation of emotions focused on oneself (items 1, 2, 3, 4, 5, 6,
7), evaluation of emotions focused on others (items 8, 9, 10, 11, 12, 13, 14), personal
emotional regulation (items 15, 16, 17, 18, 19, 20, 21), and other-focused emotional
regulation (items 22, 23, 24, 25, 26, 27, 28). The score is based on a Likert scale where
1 means “Totally disagree” and 5 means “Totally agree”. This scale obtained an alpha
value of α = 0.907 and an omega value of ω = 0.902. Likewise, when highlighting
the estimated values of alpha and omega in the different dimensions of emotional
intelligence, it is observed that the evaluation of emotions focused on oneself obtained
an α = 0.904 and ω = 0.905, the evaluation of emotions focused on others denoted
a α = 0.860 and ω = 0.868, self-focused emotion regulation showed α = 0.822 and
ω = 0.825, and other-focused emotion regulation indicated α = 0.856 and ω = 0.860.
Therefore, good values (+0.8) are observed in all dimensions of emotional intelligence.

• The CD-RISC scale, conceived by Connor and Davidson [21], aims to assess resilience.
It is composed of 25 items, for example, “1. I am able to adapt to change”, and these
are arranged in a range of five points, as follows: 0, not true at all; 1, rarely true;
2, sometimes true; 3, often true; and 4, true almost all of the time. The instrument is
made up of five dimensions, which are evaluated through different items: persistence–
tenacity (items: 10, 11,12, 16, 17, 23, 24, 25); control under pressure (6, 7, 14, 15, 18, 19,
20); adaptability (1, 2, 4, 5, 8); control and purpose (13, 21, 22); and spirituality (3, 9).
The scores for each item are added and interpreted so that the higher the score, the
more resilient the individual is. This scale obtained an alpha value of α = 0.890 and
an omega value of ω = 0.891. Likewise, when highlighting the estimated values of
alpha and omega in the different dimensions of resilience, it is observed that personal
competence and tenacity obtained an α = 0.799 andω = 0.800, trust and tolerance to
negative effects denoted an α = 0.699 and ω = 0.702, positive acceptance of change
showed α = 0.658 andω = 0.664, control capacity indicated α = 0.575 andω = 0.584
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and spiritual influence denoted α = 0.615. Therefore, acceptable values (+0.7) are
observed in all dimensions of resilience.

2.3. Procedure

Initially, the process was spearheaded by the Department of Research Methods and
Diagnosis in Education in collaboration with the Department of Musical, Plastic, and
Corporeal Expression at the University of Granada. A questionnaire was designed using
Google Forms, incorporating the four previously mentioned instruments. Additionally,
the questionnaire detailed the purpose and nature of the study, the research tools utilized,
and the information management, which would strictly serve scientific and anonymous
purposes. It is pertinent to note that this investigation adhered to the guidelines set out
by the Helsinki Declaration (2008 version) and ensured confidentiality in line with Law
15/1999 from December 13. The entire process was overseen by the University of Granada
through its Research Ethics Committee, under reference 2668/CEIH/2022.

Following the questionnaire’s finalization, online data collection ensued, and the
subsequent data processing began. Initially, incomplete questionnaires or those with am-
biguous questions were discarded to ensure reliability. After this review, the database was
refined, and the information was imported into the IBM SPSS® 23.0 software for structuring.
Throughout this procedure, the lead researcher took personal charge to guarantee accurate
statistical analysis and prevent potential errors.

2.4. Data Analysis

The data analysis was conducted using the IBM SPSS® 23.0 (IBM Corp, Armonk,
NY, USA) and IBM AMOS® 23.0 (IBM Corp, Armonk, NY, USA) software. Basic descrip-
tive analyses were carried out through frequencies and means. Moreover, the normal
distribution of data was verified using skewness and kurtosis values (values less than
2 indicate a low level of dispersion). On the other hand, the internal consistency of the
scales was evaluated using Cronbach’s Alpha coefficients and McDonald’s Omega, setting
the reliability index at 95%. Lastly, to verify the model’s fit level, the chi-squared test, the
comparative fit index (CFI), the normed fit index (NFI), and the incremental fit index (IFI)
were employed, which should exhibit values above 0.95 for a suitable fit. Likewise, the
root mean square error of approximation (RMSEA) was used, which should display values
less than 0.05.

Figure 1 presents the developed theoretical model, unveiling the structural relation-
ships between self-concept, emotional intelligence, resilience, motivation type, and aca-
demic performance. Moreover, a multi-group analysis was employed to understand the
differences among students who underwent instructional mode adaptations in the pan-
demic’s last year. Specifically, the structural model comprises seven observable variables:
SC, self-concept; EI, emotional intelligence; R-CO, resilience-competence; R-TR, resilience-
trust; IM, intrinsic motivation; DM, demotivation; and AP, academic performance. These
variables are represented by squares and use an error term (circle) when influenced by
another variable. Thus, any structural effect is depicted with a straight arrow, originating
from the predictor variable and ending at the dependent variable. Conversely, bidirectional
relationships (correlations and covariances) are shown as vectors with an arrow on each
end and do not utilize error terms.
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demic performance.

3. Results

Firstly, and due to the way in which the instruments used to obtain the variables are
employed here in a cross-sectional study, it is essential to perform multicollinearity tests of
the scales to ensure the robustness and precision of the findings (Table 1).

Table 1. Multicollinearity tests of the scales to ensure the robustness and precision of the findings.

Instrument KMO χ2

(Bartlett)
DF p

(Bartlett)
S2

(Explained)
Factors

EME 0.914 8667.92 171 0.000 67.02 4
SF-5 0.863 10,535.50 435 0.000 56.29 5
REIS 0.919 11,396.75 378 0.000 57.44 4

CD-RISC 0.921 6227.99 300 0.000 51.65 5

In this case, the EME scale shows a Kaiser–Meyer–Oklin measure of sampling ade-
quacy of 0.914, which is excellent. Likewise, Bartlett’s sphericity test supposes the rejection
of the null hypothesis H0, denoting a correlation between the variables (χ2 = 8667.92;
df = 171; p = 0.000). Similarly, for the factor analysis that was carried out, an explained
variance of 67.02% was obtained for its structure in four factors, being adequate values.
On the other hand, the SF-5 self-concept scale presents a Kaiser–Meyer–Oklin measure of
sampling adequacy of 0.863, which is acceptable. Likewise, Bartlett’s sphericity test sup-
poses the rejection of the null hypothesis H0, denoting a correlation between the variables
(χ2 = 10535.50; df = 435; p = 0.000). Similarly, for the factor analysis carried out, an explained
variance of 56.29% was obtained for its structure in five factors, being adequate values.

The third scale evaluated was the REIS emotional intelligence questionnaire. This
presents a Kaiser–Meyer–Oklin measure of sampling adequacy of 0.919, being excellent.
Likewise, Bartlett’s sphericity test supposes the rejection of the null hypothesis H0, denoting
a correlation between the variables (χ2 = 11396.75; df = 378; p = 0.000). Similarly, for the
factor analysis carried out, an explained variance of 57.44% was obtained for its structure
in five factors, being adequate values. Finally, the CD-RISC scale to evaluate resilience
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presents a Kaiser–Meyer–Oklin measure of sampling adequacy of 0.921, which is excellent.
Likewise, Bartlett’s sphericity test supposes the rejection of the null hypothesis H0, denoting
a correlation between the variables (χ2 = 6227.99; df = 300; p = 0.000). Similarly, for the
factor analysis carried out, an explained variance of 51.65% was obtained for its structure
in five factors, being an acceptable value although slightly lower than the previous ones.

Secondly, the fit indices of the scales used for the sample under study are reported
(Table 2). The root mean square error (RMR) index will imply a good fit with values close
to 0, as shown in the SF-5, REIS and CD-RISC scales, obtaining a not-so-appropriate value
for the EME scale. In the case of the goodness of fit index (GFI), a value greater than 0.9
was obtained in all cases, reflecting acceptable values. On the other hand, the normalized
fit index (NFI), the incremental fit index (IFI) and the confirmatory fit index (CFI) will show
acceptable levels of fit with values close to 0.9, as happens for all scales. However, it should
be noted that the NFI value, which was obtained in the empirical data of the sample, was
not ideal for the SF-5, REIS and CD-RISC scales, although it was relatively close to the
threshold value. Finally, the root mean square error of approximation (RMSEA) reflected
appropriate values, being less than 0.08 for the selected sample size.

Table 2. Fit indices of the scales used for the sample under study.

Instrument RMR GFI NFI IFI CFI RMSEA

EME 0.131 0.919 0.924 0.939 0.939 0.068
SF-5 0.069 0.902 0.876 0.908 0.908 0.052
REIS 0.056 0.900 0.894 0.921 0.920 0.057

CD-RISC 0.046 0.901 0.880 0.908 0.908 0.055

Thirdly, and as a prior step to carrying out the structural equation model, a bivariate
correlation matrix of the variables to be included in the model is created (Table 3). Specif-
ically, statistically significant correlations are observed for most variables, except for the
relationship between academic performance and emotional intelligence and self-confidence,
in addition to the relationship between self-confidence and demotivation. Based on these
findings, the interest of executing the structural equation model with multigroup analysis
becomes evident.

Table 3. Matrix of bivariate correlations of the variables to be included in the structural model.

SC DM IM R-CO R-TR AP

EI 0.313 ** −0.031 0.267 ** 0.475 ** 0.547 ** 0.035
SC −0.194 ** 0.356 ** 0.449 ** 0.237 ** 0.318 **
DM −0.315 ** −0.197 ** −0.032 −0.075 *
IM 0.380 ** 0.217 ** 0.169 **

R-CO 0.625 ** 0.116 **
R-TR −0.017

Note: SC, self-concept; EI, emotional intelligence; R-CO, resilience-competence; R-TR, resilience-trust; IM, intrinsic
motivation; DM, demotivation; AP, academic performance; * Statistically significant differences at p < 0.05 level;
**, statistically significant differences at p < 0.01 level.

The statistics used to determine the model fit displayed excellent results in all instances.
Firstly, the chi-square test yielded a non-significant value, confirming the acceptance of
the null hypothesis and the designed structural model (χ2 = 0.350; df = 4; p = 0.986).
Additionally, authors such as Byrne [22] recommend providing other reference indices,
from which we also obtained excellent values that allow for the acceptance of the structural
equation model: NFI = 0.999; RFI = 0.997; IFI = 0.997; CFI = 0.999; RMSEA = 0.000;
RMR = 0.033; SRMR = 0.002; GFI = 1.000; and AGFI = 0.998.

Primarily, Tables 4 and 5 illustrate the regression weights for university students who
underwent adaptation to virtual learning in their past course, with the standardized regres-
sion weights depicted in Figure 2. If we approach the structural model from the top down,
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a positive association between self-concept and emotional intelligence is observed first,
resulting in a higher regression weight for students who did not experience teaching adap-
tation (β = 0.433 vs. β = 0.367). Similarly, in this section, the structural relationship between
these dimensions and two basic elements of resilience is noted. In both student groups,
emotional intelligence was positively associated with personal competence (β = 0.290 vs.
β = 0.297) and self-confidence (β = 0.311 vs. β = 0.331) with nearly analogous regression
weights. For self-concept, a significant and positive relationship was found only with
personal competence (β = 0.461 vs. β = 0.459). Finally, it is crucial to note that there was
a direct structural effect between the two studied resilience dimensions, being higher in
students who experienced teaching adaptations (β = 0.471 vs. β = 0.440).

Table 4. Regression weights and standardized regression weights for students who underwent
adaptation in the received teaching.

Structural Relationships
RW SRW

EST EE CR P EST

R-CO ← SC 0.020 0.002 11.639 *** 0.461
R-CO ← EI 0.012 0.002 7.326 *** 0.290
R-TR ← SC 0.001 0.002 0.529 0.596 0.022
R-TR ← EI 0.013 0.002 7.920 *** 0.311
R-TR ← R-CO 0.460 0.043 10.636 *** 0.471
IM ← SC 0.006 0.004 1.625 0.104 0.085
IM ← EI 0.010 0.004 2.638 ** 0.137
IM ← R-CO 0.609 0.107 5.668 *** 0.347
IM ← R-TR −0.126 0.105 −1.195 0.232 −0.070
DM ← EI 0.009 0.005 1.828 0.068 0.097
DM ← SC −0.017 0.005 −3.507 *** −0.187
DM ← IM −0.404 0.057 −7.057 *** −0.340
DM ← R-CO −0.054 0.134 −0.401 0.689 −0.026
DM ← R-TR 0.281 0.127 2.210 * 0.132
AP ← IM 0.094 0.036 2.617 ** 0.141
AP ← DM 0.025 0.028 0.899 0.369 0.045
AP ← R-CO 0.157 0.074 2.120 * 0.135
AP ← R-TR −0.159 0.072 −2.220 * −0.134
SC ↔ EI 75.562 10.398 7.267 *** 0.367

Note: SC, self-concept; EI, emotional intelligence; R-CO, resilience-competence; R-TR, resilience-trust; IM, intrinsic
motivation; DM, demotivation; AP, academic performance. RW, regression weights: SRW, standardized regression
weights; EST, estimation; EE, estimated error; CR, critical ratio. *, p < 0.05; **, p < 0.01; ***, p < 0.005.

From the model’s mid-section, the relationships between the two types of motivation
and the three studied psychosocial factors become evident. For students who experienced
teaching adaptation, a direct relationship between emotional intelligence and intrinsic
motivation (β = 0.137) was observed, which was not significant for the other group. On the
contrary, the opposite trend was seen in the self-concept of students who had not undergone
changes, with a positive and significant relationship evident only in them (β = 0.204).
Likewise, concerning demotivation, in both groups, no significance was observed for its
relationship with emotional intelligence, revealing a significant and inverse association
with self-concept in both groups (β = −0.187 vs. β = −0.125).
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Table 5. Regression weights and standardized regression weights for students who continued with
their mode of instruction.

Structural Relationships
RW SRW

EST EE CR P EST

R-CO ← SC 0.021 0.002 10.511 *** 0.459
R-CO ← EI 0.012 0.002 6.790 *** 0.297
R-TR ← SC 0.001 0.002 0.689 0.491 0.033
R-TR ← EI 0.013 0.002 7.532 *** 0.331
R-TR ← R-CO 0.432 0.048 8.993 *** 0.440
IM ← SC 0.017 0.005 3.414 *** 0.204
IM ← EI 0.007 0.004 1.644 0.100 0.098
IM ← R-CO 0.460 0.124 3.703 *** 0.253
IM ← R-TR −0.240 0.121 −1.984 * −0.130
DM ← EI 0.009 0.005 1.727 0.084 0.105
DM ← SC −0.012 0.006 −2.028 * −0.125
DM ← IM −0.231 0.060 −3.831 *** −0.200
DM ← R-CO −0.477 0.148 −3.222 ** −0.228
DM ← R-TR 0.203 0.142 1.425 0.154 0.095
AP ← IM 0.095 0.038 2.529 ** 0.138
AP ← DM −0.041 0.032 −1.270 0.204 −0.068
AP ← R-CO 0.214 0.086 2.479 * 0.170
AP ← R-TR −0.202 0.082 −2.452 * −0.158
SC ↔ EI 86.640 11.237 7.711 *** 0.433

Note: SC, self-concept; EI, emotional intelligence; R-CO, resilience-competence; R-TR, resilience-trust; IM, intrinsic
motivation; DM, demotivation; AP, academic performance. RW, regression weights: SRW, standardized regression
weights; EST, estimation; EE, estimated error; CR, critical ratio. *, p < 0.05; **, p < 0.01; ***, p < 0.005.
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Figure 2. Structural equation models. Note: SC, self-concept; EI, emotional Intelligence; R-CO,
resilience-competence; R-TR, resilience-trust; IM, intrinsic motivation; DM, demotivation; AP, aca-
demic performance. Left (students who underwent teaching adaptation); Right (students who did
not undergo teaching adaptation). Arrows show statistically significant differences. Arrows with
dotted lines show the absence of statistically significant differences.
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Similarly, the relationships between motivation types and resilience dimensions, with
notable differences in the two studied groups, are observable. Significance was observed
between intrinsic motivation and personal competence, presenting a positive relationship
in both groups (β = 0.347 vs. β = 0.253) and being stronger in students who underwent
adaptations. Conversely, the relationship between intrinsic goals and self-confidence
was only significant in students without adaptations, also showing a negative regression
weight (β = −0.130). Emotional competence was not associated with demotivation in
students with adaptations, revealing a significant and negative relationship in students
who continued their teaching as usual (β = −0.228). Likewise, a direct relationship existed
between demotivation and self-confidence for students with adaptations (β = 0.132), with
no significance found in the other group.

Finally, the model’s lower section displays the structural effect of academic perfor-
mance with the types of motivation and resilience. Firstly, it is essential to note that the
relationship between intrinsic motivation and demotivation was significant, inverse, NS
stronger in students who experienced teaching adaptations (β = −0.340 vs. β = −0.200).
Likewise, there was no structural effect between academic performance and demotivation
in both student groups, revealing a positive relationship with intrinsic motivation in both
(β = 0.141 vs. β = 0.138). In conclusion, academic performance was positively related to
personal competence (β = 0.135 vs. β = 0.170) and inversely related to self-confidence
(β = −0.134 vs. β = −0.158), resulting in a higher regression weight in students who did
not experience adaptations.

Table 6 shows the standardized direct and indirect effects for the variables of the
structural model in order to facilitate the understanding of the findings previously obtained.
Specifically, the upper part of the table shows the values for those students who experienced
adaptations in their teaching modality. On the other hand, the lower part of the table shows
the values for students who did not suffer adaptation in their teaching modality.

Table 6. Standardized direct and indirect effects for the variables of the structural model according to
the grouping variable.

Standardized Direct Effects for “Adaptation” Standardized Indirect Effects for “Adaptation”

EI SC R-CO R-TR IM DM EI SC R-CO R-TR IM DM

R-CO 0.290 0.461 - - - - R-CO - - - - - -
R-TR 0.311 0.022 0.471 - - - R-TR 0.137 0.217 - - - -

IM 0.137 0.085 0.347 −0.070 - - IM 0.070 0.143 −0.033 - - -
DM 0.097 −0.187 −0.026 0.132 −0.340 - DM −0.019 −0.058 −0.045 0.024 - -
AP - - 0.135 −0.134 0.141 0.045 AP 0.012 0.051 −0.022 −0.003 −0.015 -

Standardized Direct Effects for “Non-Adaptation” Standardized Indirect Effects for “Non-Adaptation”

EI SC R-CO R-TR IM DM EI SC R-CO R-TR IM DM

R-CO 0.297 0.459 - - - - R-CO - - - - - -
R-TR 0.331 0.033 0.440 - - - R-TR 0.131 0.202 - - - -

IM 0.098 0.204 0.253 −0.130 - - IM 0.015 0.086 −0.057 - - -
DM 0.105 −0.125 −0.228 0.095 −0.200 - DM −0.046 −0.140 0.003 0.026 - -
AP - - 0.170 −0.158 0.138 −0.068 AP −0.011 0.099 −0.027 −0.026 0.014 -

4. Discussion

The primary aim of this study was to describe the mediating role of psychosocial
factors in academic performance in higher education during the progression of a teach-
ing system that had been adapted due to COVID-19. The study involved a sample of
824 emerging adults from public universities in Andalusia. In this context, similar studies
were conducted by Gómez et al. [23], Narváez and Obando [24], Palacios and Coveñas [25],
Quezada et al. [26], and Al-Kumaim et al. [27].

Multiple findings emerged, suggesting strong and positive relations between psychoso-
cial variables as mediators in academic performance. Considering the main discoveries,
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a positive relationship was found between self-concept and emotional intelligence. This
relationship was stronger among students who did not experience adaptations in their
teaching modality. Several studies have explored this relationship, identifying clear pat-
terns suggesting a positive correlation between the two constructs. Quezada et al. [26]
found that individuals with a stronger, positive self-concept displayed better emotion recog-
nition and regulation skills. These findings align with theories suggesting that a robust
self-concept provides a solid framework from which individuals can interpret and manage
emotions more effectively [25]. On the other hand, emotional intelligence, emphasizing
understanding and regulating emotions, might enhance and nourish a positive self-concept,
creating a mutual reinforcement cycle.

Similarly, self-concept was only positively related to personal competence and not to
confidence, consistent across both groups. The link between self-concept and personal com-
petence has been the subject of various developmental psychology studies. Research has
proposed that a positive self-concept might be a predictor of high levels of personal compe-
tence [28]. This correlation suggests that individuals with a positive self-image are more
inclined to feel capable and efficient in task execution and challenge confrontations [29].

Within the framework of emerging adulthood, this link becomes especially relevant.
Emerging adults with a solid self-concept tend to show greater resilience against adversities
while also displaying a greater disposition to assume roles and responsibilities demanding
a high degree of personal competence [30,31].

Furthermore, the relationship between the studied resilience dimensions was found to
be stronger among students who experienced teaching adaptations, being positive in both
cases. Although resilience is often viewed as a unidimensional construct, recent research has
emphasized its multifaceted nature, arguing it can be broken down into various dimensions,
like adaptability, perseverance, and emotional balance [32]. Savitsky et al. [33] note that
adaptability might be related to a student’s ability to transition and effectively utilize online
learning platforms, while emotional balance could reflect the ability to manage stress and
anxiety associated with the uncertainty of the pandemic.

A key finding was that EI predicted greater intrinsic motivation among students who
experienced adaptations, while self-concept was the predictor of higher intrinsic motivation
among students without adaptations. Based on parameters set by Fernández-Lasarte et al. [34],
EI emerges as a core concept. In turn, intrinsic motivation is vital for profound and sustained
learning. However, with the abrupt change in educational dynamics due to COVID-19,
many students found it challenging to maintain optimal interest and engagement levels.
Here is where emotional intelligence might play a predictive role.

Students with high EI possess the skills to regulate their emotions, empathize with
others, and adapt to changing situations. According to Jiménez [35], these skills are
especially relevant in crisis times. Indeed, for Jiménez [35], these abilities can act as buffers
against the frustration, uncertainty, and isolation many felt during the transition to remote
learning. Moreover, they can help students reconnect with the passion and interest for
learning, crucial factors for intrinsic motivation [36].

However, in the educational context, as per Guerrero et al. [37], self-concept intertwines
directly with student motivation and academic performance. Students with a positive
self-concept tend to have a firm belief in their abilities. This confidence, derived from past
experiences and bolstered by self-evaluation, can act as a catalyst for intrinsic motivation.
Believing in their abilities, these students are more inclined to tackle academic challenges
not because they are compelled, but because they see these challenges as opportunities to
grow and learn [38].

It is worth noting, as per Guerrero [37], that the predictive nature of self-concept
regarding intrinsic motivation does not suggest a one-way relationship. It is a dynamic and
bidirectional process: while a positive self-concept can foster higher intrinsic motivation,
the act of being intrinsically motivated and experiencing academic success can, in turn,
reinforce a positive self-concept.
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Similarly, personal competence was found to predict greater intrinsic motivation
among students who experienced adaptations. According to Quiroga and Peláez [39],
students who perceive that they possess the skills and capabilities necessary to face and
overcome challenges are likely more motivated to engage with their studies, even when
circumstances are adverse. This contributes to a greater implication in academic work.

Indeed, given the plethora of challenges students have faced due to COVID-19 adap-
tations, the belief in one’s competence becomes an invaluable resource. By believing in
their capabilities, students not only face academic tasks with greater bravery but also
experience a sense of achievement and satisfaction that further reinforces their intrinsic
motivation [40].

In turn, among students without adaptations, confidence was found to negatively
associate with intrinsic goals. This could be argued based on studies by Stover et al. [41],
suggesting that students with unwavering confidence, in a constant academic context,
might become complacent. Being certain of their abilities, without the challenge of adapting
to a new learning modality, they might feel less of a need to push themselves towards more
challenging intrinsic goals. The absence of novelty and challenge could, paradoxically, lead
these students to rely on their confidence to merely “get by” in the educational process,
rather than deeply immerse themselves in a love for learning.

On the other hand, positive self-concept acted protectively against demotivation in both
groups, especially when there were adaptations. Self-concept, as per Salomón et al. [42],
especially if positive, can act as a shield, protecting individuals from one of the most
detrimental obstacles in any learning or growth trajectory: demotivation.

Therefore, a positive self-concept does not necessarily imply an inflated view of
oneself but rather a balanced and realistic appreciation of one’s capabilities and worth.
This perception becomes the internal compass guiding individuals through the often-
tumultuous seas of life. Against the backdrop of education and learning, where challenges
are constant and adaptability is vital, demotivation can arise as a dark cloud. This lack of
interest or enthusiasm can result from multiple factors: repeated failures, lack of adequate
feedback, feelings of incompetence, among others. However, a positive self-concept, once
internalized, can act as a protective umbrella against this rain of demotivation [6,34,43].

Moreover, personal competence was found to help decrease demotivation among
students in whom no adaptations occurred. On the other hand, personal competence helped
reduce demotivation in students where there were no adaptations. On the winding path of
academic development, students encounter challenges that test not only their intellect but
also their character. Amid these trials, a factor emerges that stands out for its ability to act as
an anchor in stormy times: personal competence. This quality, according to Flórez et al. [32]
refers to an individual’s perception of their ability to face and overcome challenges and has
profound effects on the educational experience, especially concerning demotivation. This
demotivation can result from negative academic experiences, a lack of clarity in objectives,
or a feeling of incompetence in tasks. Without appropriate interventions, this state can
persist, leading the student into a cycle of poor performance and an apathetic attitude
towards learning. In this scenario, personal competence emerges as a vital counterweight.

For Salomón et al. [42], a student who feels they possess the skills and resources
necessary to face challenges is more likely to approach academic tasks with a proactive
attitude. They not only see challenges as growth opportunities but are also more willing to
persevere through difficulties because they trust their ability to overcome them. Similarly,
according to Jiménez et al. [44], personal competence operates as a recovery system. Even
in moments of doubt or disinterest, a student with a strong sense of competence can recall
times when they overcame similar challenges, using those memories as a boost to reignite
their motivation and to increase their academic performance.

Similarly, there was a positive relationship between intrinsic motivation and academic
performance in both groups. The educational realm has witnessed numerous studies
aiming to decipher the factors determining academic success. One variable that has sparked
increasing interest is intrinsic motivation, that inner force driving students to learn for
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the sheer love of learning, independent of external rewards or incentives. According
to Deci and Ryan [45], this type of motivation, which originates within the individual,
has positioned itself as a crucial element that, according to Zwane and Mukuna [46],
Frazier et al. [47], shares a positive relationship with academic performance. At the heart of
intrinsic motivation, as per Doménech-Betoret et al. [48], lies the genuine desire to acquire
new knowledge or skills. It is the student who reads an extra book because they are
fascinated by the topic or the one conducting experiments at home purely out of curiosity.
This passion for learning translates into greater dedication, attention, and effort—factors
naturally leading to improved academic performance [49–51].

Interestingly, intrinsic motivation affects the learning process. An intrinsically moti-
vated student does not merely memorize information; they seek to understand, relate, and
apply it. This depth in the learning process, driven by a genuine desire to comprehend,
ensures more effective retention and understanding of the material [45,46].

It is crucial to note that the relationship between intrinsic motivation and academic
performance is not one-way. As the student experiences academic achievements driven
by their intrinsic motivation, these very achievements reinforce and fuel that motivation,
creating a virtuous cycle of learning and success.

On the other hand, academic performance was positively related to personal com-
petence and inversely related to self-confidence, with a higher regression weight among
students who did not experience adaptations. According to Quiroga and Peláez [39], per-
sonal competence and self-confidence emerge as two key dimensions, albeit with distinct
and sometimes surprising influences. Personal competence is an individual’s perception
of their ability to perform tasks and confront challenges and has been shown to have
a positive relationship with academic performance. This implies that students who see
themselves as capable and prepared to tackle academic challenges tend to yield better
results. This perception reinforces their resilience, determination, and perseverance in the
face of obstacles in the educational process [39,52,53].

On the other hand, self-confidence, understood by Noriega et al. [40] as a generalized
belief in one’s abilities, presents a more complex relationship. While confidence is vital for
well-being and self-efficacy, an excess of it, without actual grounding in skills or knowledge,
can harm academic performance. Students who place undue confidence in their abilities,
without this confidence being reflected in their real competencies, might avoid confronting
their areas of weakness, leading to subpar academic results [54].

In addition, and according to Kivlighan et al. [50] and Martinez et al. [51] this in-
teraction between personal competence and confidence reveals the delicate balance on
which academic success sits. While the former acts as a driving force, the latter, when
not well-calibrated, can divert students off the path to excellence. It is essential, then, for
educators and tutors to recognize and understand these dynamics in order to guide the
academic and personal development of their students effectively.

Taking into special consideration all the findings mentioned above, it is essential to
highlight the following conclusions for the structural equation model:

• The relationship between self-concept and emotional intelligence is positive. Fur-
thermore, it is stronger among students who did not experience adaptations in their
teaching modality. Therefore, this indicates that a solid self-concept can provide
a strong framework from which individuals can interpret and manage emotions
more effectively.

• The self-concept was only positively related to personal competence and not to confi-
dence, which was consistent in both groups. Additionally, there was a relationship
between the resilience dimensions, which was stronger among students who experi-
enced adaptations, but positive in both cases. This suggests that individuals with a
positive self-image are more inclined to feel capable and efficient in task execution and
challenge confrontations.

• EI predicted greater intrinsic motivation among students who experienced adaptations.
On the other hand, self-concept predicted higher intrinsic motivation among students
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without adaptations. Additionally, personal competence predicted higher intrinsic
motivation among students who experienced adaptations.

• Confidence was negatively associated with intrinsic goals among students without
adaptations. However, a positive self-concept acted protectively against demotivation
in both groups, especially when there were adaptations.

• Lastly, there was a positive relationship between intrinsic motivation and academic
performance in both groups. Moreover, academic performance was positively re-
lated to personal competence and inversely related to self-confidence, with a higher
regression weight among students who did not experience adaptations.

These findings indicate that, in the context of higher education, the influence of
psychosocial factors on academic performance has been the subject of extensive study in
recent years. These factors, encompassing variables such as motivation, self-concept, EI,
and resilience, play a crucial role in how students face their academic and professional
challenges. It is evident that mere access to information and teaching resources does
not guarantee academic success; it is the psychosocial fabric that impacts knowledge
assimilation and educational achievements. It is imperative, therefore, for higher education
institutions to recognize and prioritize these factors, designing interventions and support
programs that address not only the curricular component but also the student’s psychosocial
well-being. By fostering an academic environment that is aware and promotes psychosocial
balance, the likelihood of student success is maximized, enriching the educational and
formative quality of the institution.

Lastly, it is essential to highlight the primary limitations of this study. Specifically,
it is crucial to mention the methodological design, being descriptive, cross-sectional, ex-
post-facto, and measuring in a single group. An inherent limitation of this design type is
its descriptive and cross-sectional nature, which does not allow for the establishment of
causality relations or for the determination of cause and effect. The ex-post-facto approach
introduces its own limitations, including the lack of control over the analyzed variables, a
common characteristic in studies of this nature. Finally, it is pertinent to mention that, by not
incorporating certain variables into the study, there is a risk of overlooking demographic,
academic, social, or psychological aspects that might be crucial to adequately address the
researched question.
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