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A B S T R A C T   

For electronic commerce (e-commerce) consumers, it is impossible to evaluate the quality of the products on 
offer as they are unable to physically test them before purchase. Therefore, sellers must convey quality cues that 
are readily identifiable to such consumers. However, thanks to major technological advances and the develop-
ment of social interaction systems on e-commerce platforms, individuals can now access large volumes of in-
formation (reviews, opinions, ratings) posted directly by fellow consumers, which can also provide cues by which 
to judge product quality, pre-purchase. Based on dual-process theory and signaling theory, the objective of this 
study is to analyze the impact of the heuristic or systematic cues related to electronic word-of-mouth on con-
sumer perceived product quality, to determine how this quality affects perceived product performance risk and 
consumer purchase intention. A quantitative approach was taken using a structured online questionnaire. Data 
were collected from 835 consumers of e-commerce platforms and analyzed using maximum likelihood structural 
equation modeling and LISREL software. The results show that the quantity of reviews, source credibility, review 
usefulness, and brand experience all exert a positive and significant effect on perceived product quality, which, in 
turn, positively and significantly influences purchase intention. A negative and significant relationship between 
product performance risk and purchase intention is also found. The findings contribute to the literature by 
improving our understanding of those determinants of perceived product quality in e-commerce that motivate 
consumers to make a purchase and can help sellers improve their use of integrated social interaction tools to 
adequately reflect the quality of their products.   

1. Introduction 

The popularity of e-commerce is such that it is now ubiquitous, 
largely thanks to the wide range of benefits it offers to both consumers 
and sellers (Rahayu and Day, 2017). By 2021, 77% of internet users 
globally were making purchases via e-commerce platforms (Kemp, 
2021). Yet, despite the unquestionable advantages it offers to both 
sellers and consumers, the latter are faced with the drawback of not 
being able to physically test products while shopping. For sellers, this 
creates the complex challenge of how to convey the right cues that do 
justice to the products on offer by accurately reflecting their quality 
(Mavlanova et al., 2016; Miyazaki et al., 2005). However, it is far from 
straightforward to adequately convey information about the quality of 
their products using cues (Xiao et al., 2016). Thus, in recent decades, 
research into consumer perceptions of quality has increasingly focused 
on the e-commerce context (Lee and Lin, 2005; Rosillo-Díaz et al., 2022; 

Sullivan and Kim, 2018). 
In light of the evolution of new technologies, signaling theory has 

been used in the context of e-commerce to analyze quality cues such as 
website quality (Mavlanova et al., 2012; Wells et al., 2011), website 
reputation and pricing (Sullivan and Kim, 2018), the effectiveness of 
market popularity (Yu et al., 2018a), quality/certification marks (Yu 
et al., 2018b), and website characteristics (Lee et al., 2019a). But the 
clearest and most important cue on an e-commerce platform is the in-
formation that is provided to consumers about the product (Lee et al., 
2019a). And, to compensate for the fact that they cannot interact with 
products on such platforms, consumers not only turn to the firm’s 
product description for that information but also show even greater trust 
in the feedback provided by other consumers who have made previous 
purchases (Moro et al., 2017). For this reason, online reviews are 
considered one of the main sources of information that enable con-
sumers to gauge the quality of the products or services offered on 
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e-commerce platforms (Cai et al., 2023; Yang et al., 2016). 
Therefore, in contrast to the past, when the buying public relied on 

the ads produced by the firms themselves and the information dissem-
inated by reference groups or individuals, today’s consumers can also 
consult information shared online by their fellow consumers (Li and 
Hitt, 2008). However, the fact that the product information shared by 
other consumers across different digital media is now so abundant and 
widely dispersed means that people have to use simplifying heuristics in 
order to process it meaningfully (King et al., 2014). Here, dual-process 
theories come into play in attempting to comprehend how individuals 
process information and, more specifically, the influence that online 
reviews exert on users (Yeon et al., 2019; Zhang et al., 2014). 

Multiple studies have analyzed the effect of certain heuristic and 
systematic cues on different variables in the digital environment. For 
example, Vijay et al. (2017) examined the effect of quantity of reviews 
and source credibility on perceived value in online shopping. Ruiz-Mafe 
et al. (2020) analyzed the impact of TripAdvisor review usefulness on 
emotions. And Cheong et al. (2020) studied the impact of review 
quantity on online purchase intention. However, while many studies 
suggest that these cues or signals may reflect product quality (Kor-
drostami and Rahmani, 2020; Xu et al., 2020), they do not analyze the 
actual impact of these cues on perceived product quality. Thus, there is 
an important gap in the literature regarding certain cues that derive 
from electronic word-of-mouth (eWOM) that can be processed heu-
ristically or systematically, bearing in mind that, thanks to technological 
advances in recent decades, consumers can now access an immense 
amount of product information easily and instantly (Gursoy, 2019). 

Thus, more research is called-for to analyze how product-quality 
cues related to online review tools influence consumer purchase 
behavior, addressing any type of product and any age group (Flanagin 
et al., 2014; Kim, 2021). Such research is needed as a starting point for 
future studies into the determinants of perceived quality in e-commerce. 
The present study therefore seeks to better understand how certain 
forms of eWOM reflect product quality and how this perceived quality, 
in turn, affects consumer purchase behavior. 

A further gap in the literature is concerned with the possible de-
terminants and consequences of different types of risks in e-commerce, 
which requires deeper investigation by marketers (Guru et al., 2020). 
Specifically, greater research insights are needed on the impact of 
certain types of risks—particularly, product performance risk—on pur-
chase intention, due to a lack of conclusive evidence and the existence of 
intense debate in certain contexts (Dai et al., 2014; Paluch and Wün-
derlich, 2017). 

In the context of e-commerce, although we were able to identify 
some relevant studies, none examines the specific question of how 
perceived product performance risk—a perception that the consumer 
picks up from certain eWOM cues that signal product qual-
ity—influences purchase intention. Therefore, the objective of the pre-
sent study is to analyze the effect of perceived product quality—which 
the consumer derives from specific eWOM cues available on e-commerce 
platforms (quantity of reviews, source credibility, review usefulness, 
and brand experience)—on perceived product risk and purchase inten-
tion. The study also seeks to determine which of these cues results in 
greater perceived quality. Given the research gaps identified here, the 
following research questions are addressed. 

RQ1: What is the effect of social interaction (eWOM) cues available 
on e-commerce platforms (quantity of reviews, source credibility, 
review usefulness, and brand experience) on perceived product 
quality? 
RQ2: What is the influence of perceived product quality on perceived 
product performance risk and purchase intention on e-commerce 
platforms? 
RQ3: What is the impact of product performance risk on purchase 
intention in e-commerce? 

The paper is organized as follows. Section 2 presents a comprehen-
sive review of the relevant research in the field. Section 3 explains the 
methodology employed in this study. Section 4 presents the results and 
analysis. Finally, Section 5 presents a discussion of the findings and their 
implications, and outlines potential directions for future research. 

2. Literature review and hypotheses 

2.1. Dual-process theory applied to the analysis of product quality 

Thanks to the major advances in information and communication 
technologies and the Internet, it is now easier than ever before, for 
sellers and consumers alike, to offer and access vast volumes of infor-
mation (Gursoy, 2019; Zhang et al., 2014). The two most widely used 
dual-process models in the literature are the elaboration likelihood 
model or ELM (Petty and Cacioppo, 1986) and the heuristic–systematic 
model or HSM (Chaiken, 1980), with the two approaches sharing certain 
core premises. 

On the one hand, the central processing route in the ELM and sys-
tematic information-processing in the HSM both hold that individuals 
exert a high degree of cognitive effort to process information. On the 
other hand, the peripheral processing route in the ELM and heuristic 
information-processing in the HSM are both premised on the idea that 
individuals use simple rules to make judgments quickly and easily. The 
two models, then, reflect equivalent mechanisms for understanding and 
explaining how individuals process information (Zhang et al., 2014). 

The HSM model has been applied in fewer studies than the ELM. 
However, it is attracting growing interest from information systems 
researchers. Among the authors who favor studies dealing with HSM 
theory in information systems are Zhang et al. (2014), who concluded 
that source credibility and the quantity of reviews, perceived as heuristic 
factors, influence the quality of the argument conveyed by the review, as 
a systematic factor, and that the latter impacts on consumer intention. 
From that study onward, many researchers have begun to apply the HSM 
model as a dual-process theory to analyze information-processing. For 
example, Xu and Yao (2015) found that the argument quality of online 
reviews positively influences the adoption of those reviews and their 
perceived value, and that the credibility of the information and the 
desirable amount of information contained in a review both positively 
influence argument quality. Thus, in the absence of literature on the 
effect of the aforementioned cues interpreted through heuri-
stic–systematic processing, in the present study we consider “quantity of 
reviews” as a heuristic cue, and review usefulness, source credibility, 
and brand experience as systematic cues. 

2.1.1. The impact of the quantity of reviews on perceived product quality 
The mere quantity of consumer reviews that a product receives is 

considered a useful decision rule for consumers making purchasing 
judgments (Todorov et al., 2002). This is a heuristic factor that gives rise 
to perceptions originating from heuristic processing (Zhang et al., 2014), 
with reviews constituting relevant information-processing cues. Con-
sumers who take into account the number of online reviews tend to take 
the heuristic information-processing route. This means that they are 
more likely to be drawn to products with multiple customer reviews 
than those with few or none. Similarly, when considering those products 
that have received a high number of reviews, investing minimal effort in 
reading only a handful of positive comments will often suffice for these 
consumers to make a purchasing decision (Vijay et al., 2017). 

Cues that hint at the popularity of a product positively affect per-
ceptions of product quality (Dean, 1999). For instance, the quantity of 
reviews that consumers share about a given product may act as a sign of 
its popularity and the strength of WOM it has attracted (Cui et al., 2012; 
Park and Kim, 2008). Zhang et al. (2014) observe that the perceived 
number of reviews acts as an indicator of the popularity of products on 
websites that feature integrated social interaction tools. This is because a 
larger number of comments equates to a higher volume of previous sales 
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of the product, which can suggest to potential consumers that it is widely 
accepted (Duan et al., 2008) and thus prompt greater confidence in 
making a purchase. In essence, users who perceive a significant quantity 
of reviews are likely to imitate the behavior of the consumers of the 
product in question (Zhang et al., 2014). 

Over the last several decades, various studies have examined how the 
quantity of customer reviews received by a product influences pur-
chasing behaviors. These studies have analyzed such effects on the sales 
of products and/or services in different fields and products such as books 
on Amazon (Chevalier and Mayzlin, 2006), coffee shops (Huyen and 
Costello, 2017), movies (Duan et al., 2008), or video games (Zhu and 
Zhang, 2010). In addition, the existence of a large number of reviews has 
been shown to exert a significant effect on consumer purchase intention 
(Huyen and Costello, 2017). In all these studies, it was found that the 
presence of a large number of reviews made a positive impact on product 
sales. 

It has been demonstrated that consumers tend to leave online re-
views for a product they have purchased and used when that product is 
of high quality (Chen et al., 2004). In so far as this is true, it suggests that 
a high number of online reviews for a given product may indicate to 
potential consumers that it is of a relatively high quality. In this regard, 
users’ product reviews and ratings now occupy an important place in 
consumer decision-making as a result of their ability to provide infor-
mation about product quality in the market (Xie et al., 2016). Jeong and 
Kwon (2012) also found that perceptions of product quality can be 
affected by the experiences and opinions that consumers share about 
their purchases on online platforms. The number of online reviews, then, 
may act as a heuristic cue for consumers who are making purchase de-
cisions (Zhang et al., 2014). 

Indeed, since the earliest days of e-commerce, studies have been 
showing that the number of reviews can be understood as a quality cue 
(Hellofs and Jacobson, 1999). For example, Chen et al. (2004) found 
that the quantity of reviews on electronic platforms increases perceived 
product quality, and Metzger et al. (2010) concluded through focus 
groups that the quantity of reviews is relevant for judging products. 
However, more recent studies were not able to confirm this positive 
relationship. For example, Flanagin et al. (2014) claim that the quantity 
of reviews is a necessary but insufficient cue to perceive product quality. 
Likewise, Filieri (2015) confirms that the quantity of reviews is not 
perceived by consumers to be an indicator of product performance or 
quality. 

Therefore, the need for further research on the study of the number 
of reviews as a determinant of perceived product quality in the e-com-
merce environment is highlighted (Flanagin et al., 2014; Sigurdsson 
et al., 2020). Thus, to respond to the described controversy and to 
extend the research in this context, based on the presented results, it is 
suggested that product quality can be perceived by the popularity of a 
product quantified, for example, by the number of reviews. We therefore 
hypothesize that: 

H1. The quantity of reviews increases perceived product quality 
among consumers on e-commerce platforms. 

2.1.2. The impact of source credibility on perceived product quality 
The credibility of the information source is one of the fundamental 

heuristic cues in information-processing (Sussman and Siegal, 2003; 
Zhang et al., 2014). On websites with social interaction tools, any con-
sumer can share their experience of products and/or services, brands, 
companies, or sellers (Vijay et al., 2017). If individuals choose to consult 
the information (opinions, evaluations, feedback) shared online by other 
consumers, there is a greater need for them to judge the credibility of 
those sources than when considering information shared by people 
known to them, such as friends or family, in offline settings (Flanagin 
et al., 2014). 

Thus, the credibility of the source is a primary factor used by con-
sumers when evaluating the information disseminated on websites 

(Wathen and Burkell, 2002; Zhang and Watts, 2008). When individuals 
consider the product information to have been written by a credible 
consumer, they will perceive that information to be useful and valuable, 
which increases the likelihood of purchasing the product (Hussain et al., 
2017; Ismagilova et al., 2020; Kaushik et al., 2018; Vijay et al., 2017). It 
can be said, then, that consumers’ judgment and choices will depend on 
the source—that is, on whoever transmitted the information about the 
product in an e-commerce setting (Brown et al., 2007). 

As noted earlier, when the source of the product information 
disseminated online (in this case, product reviews) is perceived to be 
credible, this increases consumer perceived quality in e-commerce 
(Duarte and e Silva, 2020). However, what remains unclear is whether 
consumers would automatically go to the trouble of scrutinizing the 
online profile of the source to judge its trustworthiness in evaluating 
product performance and quality (Filieri, 2015). Some recent research, 
such as the study by Loureiro et al. (2018), concludes that consumers 
with e-commerce experience do not care about reviewer credibility 
because they are more independent and self-confident when it comes to 
making purchasing decisions. 

Therefore, although there are several studies dealing with source 
credibility, there is a discernible gap in the literature in the field of 
signaling theory, in which the effect of such credibility is analyzed as a 
cue indicating product quality on e-commerce platforms. If we assume 
that the greater the credibility of the source, the greater the perceived 
utility and value of the information, it follows that source credibility can 
help inform perceptions of whether a product is of quality or not. Thus, 
we hypothesize that: 

H2. Information-source credibility increases perceived product quality 
among consumers on e-commerce platforms. 

2.1.3. The impact of review usefulness on perceived product quality 
More and more consumers are sharing their reviews on various on-

line platforms via interaction tools—a phenomenon that is causing 
certain complexities in identifying useful and relevant information 
about goods or services, due to the information overload it can create for 
consumers (Cao et al., 2011). To address this challenge, various 
e-commerce platforms have implemented a system that prioritizes 
customer product reviews according to the usefulness of the review it-
self, as rated by platform users (Siering et al., 2018). The thinking 
behind this move is that inviting users to vote on the usefulness of the 
reviews published on the platform will make it easier to attract con-
sumers who are looking for information about products (Malik and 
Hussain, 2017). 

Review usefulness has been defined as the measure of perceived 
value that helps the consumer during the decision-making process 
(Kaushik et al., 2018; Mudambi and Schuff, 2010). A useful review is one 
that describes aspects and characteristics of the product, such that it 
enables consumers to evaluate its quality (Zheng et al., 2013). However, 
some segments of the academic literature suggest that the usefulness 
scoring system can be too easily manipulated (Pan and Zhang, 2011) and 
that this mechanism is vulnerable to certain biases as a result of the 
tendency for reviews that have been online for longer to obtain a greater 
number of votes and, as a consequence, receive greater attention (Li 
et al., 2013). 

Baek et al. (2012) analyze the usefulness variable and find that it is 
influenced by the credibility of the review and the rating given to it by 
users. The positive effect of review quality on review usefulness on the 
Amazon platform has also been studied and affirmed (Chua and Bane-
rjee, 2016). According to Jiang and Benbasat (2004, 2007), the useful-
ness of the information disseminated by consumers on the platform 
enables potential consumers to gauge the quality of the product in 
question. Going a stage further, Siering et al. (2018) examine the rela-
tionship between the nature of the review and consumer 
decision-making. They find that, in an information-heavy environment, 
the review must present quality cues and product sentiment to be useful 
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to someone making purchase decisions. Filieri (2015) also shows that a 
useful review enables people to evaluate the quality and performance of 
the product before purchasing it. 

On this basis, we propose the following hypothesis: 

H3. Review usefulness increases perceived product quality among 
consumers on e-commerce platforms. 

2.1.4. The impact of brand experience on perceived product quality 
Brand experience is a concept that began to enjoy popularity among 

marketing researchers in the 1990s, when scholars began to focus on the 
consumer experience surrounding products or services (Chang, 2018). 
Since then, this concept has been gaining more and more relevance 
across a range of research areas as it is an essential element in main-
taining relationships with consumers in the post-purchase phase 
(Nayeem et al., 2019; Park et al., 2023). 

The brand experience construct is measured using different di-
mensions of consumer response: the sensory experience, which includes 
the visual aspects of the brand that are perceived by consumers through 
the senses; the affective experience, which refers to the subjective ex-
periences derived from the consumer’s internal emotions and feelings; 
the cognitive experience, which is concerned with aspects that stimulate 
analytical or imaginative thinking; and the behavioral experience, 
which is about the actions, day-to-day habits, and experiences generated 
through interacting with the brand (Brakus et al., 2009; Hwang and 
Hyun, 2012). 

Importantly, consumers do not experience the brand only in tradi-
tional commerce but also in e-commerce, since they can now share their 
experiences and feelings about the brand with each other whenever they 
want, thanks to the vast possibilities offered by the Internet (Wang et al., 
2015). Thus, the consumer can experience a brand when interacting 
either directly (physically) with the product or indirectly (through on-
line content) (Schmitt et al., 2015). For example, in offline and online 
settings alike, visual stimuli come into play when the consumer analyzes 
the product to assess its quality and make a purchase decision (Atulkar, 
2020). In the online context, such stimuli may include photographs 
shared by customers of the product in use, as well as the images provided 
by the seller as part of the product description (Vazquez et al., 2023). 

Despite suggestions that a satisfactory brand experience may indi-
cate that the firm cares about its consumers and thus offers quality 
products (Khan and Rahman, 2016), few studies have analyzed the 
brand experience as a cue that consumers use to identify the quality of 
products in the context of e-commerce. Duarte and e Silva (2020) 
confirmed that brand experience acts as a determinant of perceived 
product quality in the online sale of products. More recently, Beig and 
Nika (2022) found that the four dimensions of brand experience (sen-
sory, affective, behavioral, and intellectual) positively influence the four 
dimensions of brand equity (brand awareness, brand association, brand 
loyalty, and perceived quality) in online shopping. Similarly, Tran et al. 
(2023) found that brand experience is positively related to perceived 
product quality when consumers are exposed to brands advertised 
online. 

In light of these findings, it may be the case that, when consumers 
have previously enjoyed a good experience with the product of a given 
brand, this will positively influence their perceptions of the quality of 
products sold by that brand on the e-commerce platform. On this basis, 
we hypothesize that: 

H4. Brand experience increases perceived product quality among 
consumers on e-commerce platforms. 

2.2. Perceived product quality and performance risk in e-commerce 

Perceived risk can be defined as the extent of uncertainty a consumer 
perceives when making a purchase decision about a specific product 
(Uhm et al., 2022). Forsythe and Shi (2003) defined perceived risk as the 
consumer’s subjective expectation of potential loss at the point of 

making a transaction on a shopping website. In the online context 
generally, the literature examines performance, financial, privacy, time, 
psychological, social, and delivery risk (Chiu et al., 2014; Forsythe and 
Shi, 2003; Lee and Moon, 2015). 

Several researchers have found that perceived product quality 
negatively influences consumer perceived risk in traditional commerce 
(Beneke et al., 2015; Snoj et al., 2004). With regard to e-commerce 
transactions, it has also been concluded in the literature that the higher 
the perceived quality of the product, the lower the consumer perceived 
risk (Chen and Dubinsky, 2003; Snoj et al., 2004). Perceived perfor-
mance risk is arguably the type of risk that is inherently most closely 
related to perceived product quality being based on the fear that the 
product will actually not meet an expectation or given standard. For this 
reason, in traditional commerce, the effect of perceived performance 
risk on perceived product quality has been analyzed extensively, with 
researchers verifying that the former negatively impacts the latter (Vo 
and Nguyen, 2015). 

Likewise, due to the impossibility of physically verifying the quality 
of a product before making an online purchase, the consumer is uncer-
tain as to whether it will meet the standard specified on the shopping 
platform and match the performance and/or appearance (color, shape, 
size) in the product description (Garbarino and Strahilevitz, 2004). It is 
this uncertainty regarding the standard—quality—of the purchased 
product that causes the consumer to perceive performance risk, which 
implies a loss to them if the purchased product fails to meet their quality 
expectations (Ariffin et al., 2018). In fact, it is known that when con-
sumers have less information about the product they wish to purchase 
on the platform, they perceive a higher performance risk (Nepomuceno 
et al., 2014). Moreover, in e-commerce, when the effect of perceived 
product quality on performance risk has been analyzed, studies have 
confirmed that, when the consumer perceives high product quality, their 
perception of product risk is lessened (Eryiğit and Fan, 2021). 

Therefore, it appears that, in e-commerce, perceived product quality 
is essential to minimize certain risk perceptions, such as that relating to 
product performance. However, more research is needed to further 
investigate this relationship, as studies on this question are limited. 
Thus, we propose that: 

H5. Perceived product quality reduces perceived product performance 
risk among consumers on e-commerce platforms. 

2.3. Online purchase intention 

2.3.1. Impact of perceived product quality on purchase intention in e- 
commerce 

The perceived quality of a product offered on e-commerce platforms 
is one of the primary determinants in encouraging consumers to make 
the purchase. This is especially so if it is the first time they are acquiring 
that particular product (Wang et al., 2010), given the information 
asymmetry that exists regarding quality, which prompts consumers to 
seek relevant information before making a purchase decision (Tang 
et al., 2023; Xiao et al., 2023; Zhao et al., 2022). 

As Sullivan and Kim (2018) observe, the relationship between 
perceived quality and purchase decision-making or behavior has been 
widely tested and analyzed in the literature, especially in traditional 
commerce (Chong et al., 2022; Lee et al., 2019b) but also in the 
e-commerce context (Colamatteo et al., 2021; Konuk, 2018; Mavlanova 
et al., 2016; Wells et al., 2011). In this online context, perceived product 
quality has been shown to positively influence consumers’ purchase 
intention (Boon et al., 2018; Flanagin et al., 2014; Mavlanova et al., 
2016; Wells et al., 2011). For instance, Konuk (2018) finds that the 
perceived quality of private-label organic products increases consumers’ 
purchase intention. Similarly, Nofrizal et al. (2023) show that perceived 
product quality positively influences purchase intention for fashion 
products in e-commerce. Conversely, product-quality uncertainty has 
been shown to reduce consumer purchase intention (Chen et al., 2023; 
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Lu and Chen, 2021), which supports the positive relationship between 
quality perceptions and purchase intention: if there were no uncertainty 
about quality, the predisposition to buy would be greater. 

In this sense, a positive relationship has been demonstrated between 
the perceived quality of different types of products and purchase 
intention in e-commerce. However, little is known about the impact of 
perceived quality when this is derived from product information pro-
vided via different social interactions or eWOM cues on such platforms. 
Thus, given the smaller number of studies identified in the context of e- 
commerce, it is of interest to continue expanding the field of research on 
perceived quality in e-commerce, particularly regarding the effects of 
the different cues available on the different platforms. In addition, the 
impossibility of physically testing the products in the online context 
renders perceived product quality even more interesting. Thus, based on 
the literature review, we propose the following hypothesis: 

H6. Perceived product quality increases purchase intention among 
consumers on e-commerce platforms. 

2.3.2. Impact of perceived product performance risk on purchase intention 
in e-commerce 

Risk perception is a key element in an individual’s purchasing 
behavior (Hussain et al., 2017). This is because all purchases generate a 
feeling that one can either stand to gain or lose from the transaction, 
which causes a certain level of risk and uncertainty (Chen et al., 2023). 
The perception of risk is even greater in e-commerce than in traditional 
settings (Ariffin et al., 2018). For several decades, researchers have 
analyzed the impact of perceived risk on purchase/repurchase intention, 
especially in the online context, concluding that the risk perceived by 
the consumer can reduce their purchase intention (Baek and King, 2011; 
Chang and Chen, 2008). 

However, according to Dai et al. (2014), there is a marked lack of 
consensus regarding the effect of risk on purchase intention. Some 
scholars find a negative impact on purchase intention (Chang and Chen, 
2008; Sullivan and Kim, 2018), while others identify no significant ef-
fect between some types of risk and purchasing behavior (Forsythe and 
Shi, 2003; Liu and Wei, 2003). 

Hong and Cha (2013) analyzed the effect of performance, psycho-
logical, social, financial, online payment, and delivery risks on the 
purchase intention of consumers of Korea’s first e-commerce platform 
(Interpark.com). They concluded that these types of risk negatively in-
fluence purchase intention, with the exception of social and delivery 
risk. Elsewhere, Dai et al. (2014) analyzed the impact of product, 
financial, and privacy risks on online purchase intention and confirmed 
the negative effect of product and financial risk on such intention. 
Likewise, Ariffin et al. (2018) found that financial, performance, secu-
rity, time, and psychological risks negatively influence purchase inten-
tion among consumers on Malaysian e-commerce platforms. 

Ahmad et al. (2020) concluded that price and product risk dampen 
consumers’ purchase intention on e-commerce platforms. Similarly, 
Lakchan and Samaraweera (2022) analyzed the effect of different types 
of risks—financial, product, security, time, psychological, and delivery 
risk—on purchase intention moderated by eWOM, finding that financial, 
psychological, delivery, security, and product risk negatively and 
significantly influence purchase intention toward online fashion prod-
ucts. Likewise, Yuniarti et al. (2022) confirmed a negative and signifi-
cant effect of product risk on online retail consumer repurchase 
intention. However, Munikrishnan et al. (2023) could not confirm a 
significant relationship between food product performance risk and 
online purchase intention. 

Despite the large body of existing research examining the impact of 
perceived risk on consumer behavior, it is necessary to take risk into 
account in the proposed model as it is a strong predictor of e-commerce 
consumer purchase intention. Furthermore, more research is required 
on the effects of certain types of risk on purchase intention due to the 
lack of conclusive evidence in certain contexts, especially perceived 

product performance risk (Dai et al., 2014; Paluch and Wünderlich, 
2017). On this basis, we hypothesize that: 

H7. Perceived product performance risk reduces purchase intention 
among consumers on e-commerce platforms. 

3. Method 

3.1. Measurement 

Using a structured online questionnaire, a web survey was conducted 
to study the impact of heuristic–systematic cues on the purchase 
intention of e-commerce consumers, via perceived product quality. The 
questionnaire was administered in the United States and Spain, and, 
accordingly, two versions were produced, one in English and one in 
Spanish. For both versions of the questionnaire, the back-translation 
technique proposed by Brislin (1970) and used in recent research 
(Elshaer et al., 2024) was employed. 

To generate the constructs of the variables under study and design 
the measurement instrument, the literature was rigorously reviewed, to 
ensure the concurrent validity of each of the constructs (Berger et al., 
2020). The measurement items used here were drawn from previous 
research that has shown them to offer good reliability and validity, 
which has supported the formulation of our research hypotheses and the 
approach we adopted in creating the proposed structural model. 
Seven-point Likert scales were used in the questionnaire (where 1 =
“strongly disagree” and 7 = “strongly agree”). Quantity of reviews was 
measured using a 3-item scale adapted from Zhang et al. (2014). Source 
credibility was measured using four items adapted from the scale used 
by Cheung et al. (2008). Review usefulness was measured using three 
items adapted from the scales proposed by Sen and Lerman (2007) and 
Yin et al. (2014). Brand experience was measured using 12 items 
adapted from the scales developed by Brakus et al. (2009) and Beig and 
Nika (2022). 

To measure perceived product quality, a 4-item scale adapted from 
the work of Buil et al. (2013) was used. Performance risk was measured 
using a 3-item scale adapted from Hong and Cha (2013). Lastly, pur-
chase intention was measured using four items adapted from the scale 
used by Sullivan and Kim (2018). 

Prior to its dissemination, the questionnaire was submitted for re-
view to a group of experts in marketing and market research for their 
feedback. This step was included to ensure that the scale items were 
correctly adapted to our study, were worded correctly, and achieved the 
intended understanding. Based on the comments and suggestions made 
by these experts, some changes were made to the wording and format. 

3.2. Data collection and sample 

The data used in this study derive from the aforementioned web 
survey disseminated in the United States and Spain by a multinational 
panel provider during July 2022, which was required to fulfill certain 
quotas in terms of age, gender, and country of origin. This company 
digitally disseminated the link to the online questionnaire to the users of 
the panels in both countries. 

As recommended and performed in previous research in the context 
of e-commerce (Cheah et al., 2022; Lim et al., 2022), non-probabilistic 
sampling was conducted to collect the data, using a purposive 
approach. All the individuals selected to be part of the research were 
consumers of e-commerce platforms. To select the respondents, poten-
tial participants were first asked if they made purchases through any 
e-commerce platform, and only those who answered “yes” were invited 
to continue the questionnaire. In addition, to check that respondents 
definitely had experience of making purchases through e-commerce, an 
open-ended and compulsory question was included, asking them to 
indicate which platform they most frequently used. They were then 
requested to answer the entire questionnaire in the context of this 
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preferred platform. A control question was also added to rule-out those 
individuals who did not pay close enough attention to the questions. 

After applying the selected inclusion criteria and eliminating cases in 
which subjects did not correctly complete the questionnaire, the final 
sample comprised 835 consumers who use e-commerce platforms—415 
from the United States and 420 from Spain. Table 1 summarizes the 
sample description. 

Non-response bias was tested using a t-test. For this purpose, the 
mean response times of two groups of respondents were compared: late- 
response respondents and early-response respondents (Elshaer et al., 
2024). The results of the t-test pointed to significant relationships be-
tween the two groups, which indicates that the results of this study were 
not affected by non-response bias (Bryman and Cramer, 2012). Likewise, 
the Shapiro–Wilk and Kolmogorov-Smirnov tests were performed, the 
values of which highlighted the significance of all the variables under 
study. For even greater precision, a skewness and kurtosis analysis was 
performed. It showed that the values of the statistic were within the 
values recommended by the literature (− 3 and +3), thus confirming that 
there were no problems in the assumption of normality of the data 
distribution (Hair et al., 2021; Sadiq et al., 2021). 

Note that, once the data were collected, descriptive analyses were 
performed using IBM SPSS software. Likewise, the measurement model 
was evaluated to check the psychometric properties of the measurement 
scales used, as well as the proposed structural model by means of a 
structural equation model using LISREL software, which allows esti-
mation by robust maximum likelihood. 

3.3. Common method bias 

Taking into account the methodology used by Chen et al. (2021) and 
Kock et al. (2021), since the present study was based on a 
self-administered questionnaire for data collection and the data came 
from a single panel provider, it was necessary to carry out Harman’s 
single-factor test to test for the existence of possible common method 
bias (Mackenzie et al., 2005; Podsakoff et al., 2003). This test indicates 
that if the unrotated solution with all the items to be measured accounts 

for more than 50% of the variance, the scale and observations obtained 
present common method bias (Fuller et al., 2016). After performing the 
aforementioned test on the seven variables under study that constitute 
the conceptual model, it was observed that the total variance extracted 
by one factor was 48.34%, which is below the recommended threshold 
of 50%. Thus, it can be affirmed that the results of the present study are 
not influenced by common method bias. 

3.4. Measurement invariance 

Since the sample comprised consumers from the United States and 
Spain, the measurement invariance was analyzed using multiple-sample 
confirmatory factor analysis (CFA) to assess whether the study con-
structs had the same meaning across the two groups of respondents 
(Byrne, 2016). The model for each group surpassed the model fit-indices 
thresholds (Alrawad et al., 2023), thus confirming measurement 
invariance. 

4. Results and analysis 

4.1. Analysis of measurement model 

The quality of a measurement instrument is based on, and measured 
by, reliability and validity. To analyze the convergent validity and the 
discriminant validity of the constructs, a CFA was performed using 
maximum likelihood estimation (MLE) (Hair et al., 2010). For conver-
gent validity, we calculated individual reliability, standardized co-
efficients, composite reliability (CR), and average variance extracted 
(AVE). These values are considered acceptable if they are greater than 
0.50, 0.70, 0.70, and 0.50, respectively (Fornell and Larcker, 1981). The 
results reflected values in line with the thresholds recommended in the 
literature. The measurement model reflected good indicators for overall 

Table 1 
Sample description.  

Variable Frequency Percentage 

Gender 
Male 386 46.20 
Female 438 52.50 
Other 11 1.30 

Age 
18–24 98 11.70 
25–34 195 23.40 
35–44 197 23.60 
45–54 155 18.60 
>54 190 22.80 

Educational level 
Primary/Secondary education 297 35.60 
Higher education 538 64.40 

Employment status 
Student 53 6.30 
Employed 501 60.00 
Self-employed 95 11.40 
Unemployed 85 10.20 
Retired 86 10.30 
Other 15 1.80 

Monthly income (USD/EUR) 
<600 70 8.40 
600–1200 127 15.20 
1201–1800 154 18.40 
1801–2400 146 17.50 
2401–3000 93 11.10 
3001–4000 86 10.30 
>4000 159 19.00  

Table 2 
Confirmatory Factorial Analysis results.  

Factor Observed 
variable 

Coefficient (t- 
value) 

R2 CR AVE 

Quantity of Reviews QR1 0.83* 0.69 0.86 0.67 
QR2 0.80 (24.53) 0.63 
QR3 0.82 (25.96) 0.67 

Source Credibility SC1 0.77* 0.60 0.91 0.71 
SC2 0.76 (24.94) 0.58 
SC3 0.90 (29.22) 0.81 
SC4 0.92 (29.31) 0.84 

Review Usefulness RU1 0.80* 0.64 0.88 0.70 
RU2 0.82 (26.08) 0.68 
RU3 0.89 (32.93) 0.79 

Brand Experience BE1 0.82* 0.67 0.97 0.72 
BE2 0.83 (34.05) 0.69 
BE3 0.85 (31.08) 0.71 
BE4 0.88 (30.33) 0.77 
BE5 0.89 (30.84) 0.79 
BE6 0.89 (30.31) 0.78 
BE7 0.87 (27.56) 0.76 
BE8 0.87 (27.69) 0.75 
BE9 0.87 (26.29) 0.76 
BE10 0.82 (26.39) 0.67 
BE11 0.78 (24.95) 0.61 
BE12 0.83 (27.07) 0.70 

Perceived Product 
Quality 

PPQ1 0.85* 0.73 0.92 0.74 
PPQ2 0.85 (33.40) 0.72 
PPQ3 0.87 (31.72) 0.75 
PPQ4 0.87 (32.49) 0.76 

Product 
Performance Risk 

PPR1 0.79* 0.62 0.88 0.70 
PPR2 0.88 (21.32) 0.77 
PPR3 0.84 (21.22) 0.70 

Purchase Intention PI1 0.82* 0.68 0.89 0.67 
PI2 0.84 (28.86) 0.71 
PI3 0.79 (25.82) 0.63 
PI4 0.83 (28.27) 0.70  

E. Rosillo-Díaz et al.                                                                                                                                                                                                                           



Journal of Retailing and Consumer Services 81 (2024) 103980

7

goodness-of-fit: SB Chi-Square (df): 1953.36 (474); RMSEA: 0.061; IFC: 
0.98; NFI: 0.98; NNFI: 0.98; and IFI: 0.98. Table 2 shows the values for 
the standardized coefficients, individual reliability, CR, and AVE. Values 
with * were not calculated because the parameter was established at 1 in 
order to set the scale for the latent variable. 

Discriminant validity was evaluated using the Discriminant Validity 
Test proposed by Fornell and Larcker (1981), which indicates the extent 
to which a given construct differs significantly from the rest of the 
constructs. To conduct this test, it is necessary to build a matrix in which 
the diagonal reflects the square root of the AVE of the constructs, whose 
value must be higher than the values located below the diagonal, which 
correspond to the correlations between constructs. It can be concluded 
from the results of this test that the proposed measurement model shows 
acceptable discriminant validity (Table 3). The heterotrait-monotrait 
(HTMT) method was also used to assess the discriminant validity 
(Netemeyer et al., 2004). The HTMT values were below the threshold 
value of 0.85 (Henseler et al., 2015), thus confirming the discriminant 
validity. 

4.2. Analysis of the structural model 

To test the research hypotheses, we estimated the proposed model. 
We used the bootstrap method with 5000 samples and a 95% confidence 
interval to assess the overall model fit. All the overall goodness-of-fit 
indicators were within the ranges recommended in the literature (Hair 
et al., 2010). However, the Satorra-Bentler Chi-square value was not 
significant, which may be due to the sensitivity of this indicator to 
sample size. In such scenarios, the normed Chi-square indicator can be 
used, which entails analyzing the discrepancy between the degrees of 
freedom, with a recommended threshold value of less than 5 (Schu-
macker and Lomax, 2004). In the present study, the normed Chi-square 
was 4.42, which indicates a good level of fit in terms of degrees of 
freedom. The results of the overall model estimation were as follows: 
GFI = 0.81; NFI = 0.97; NNFI = 0.98; IFI = 0.98; RFI = 0.97; CFI = 0.98; 
and RMSEA = 0.064. 

To further ensure the reliability of the statistical approach, a power 
analysis was conducted using G*Power. With a significance level of 0.05, 
the analysis resulted in a power level higher than the 80% recommended 
minimum threshold (Cohen, 1988; Hagen et al., 2024). 

Fig. 1 shows the results of the estimation of the proposed model. 
Hypotheses H1, H2, H3, and H4 propose a direct and positive rela-

tionship between the quantity of reviews, source credibility, review 
usefulness, and brand experience on perceived product quality. Based on 
the results obtained, it can be confirmed that the quantity of reviews 
(βQR→PPQ: 0.19; p < 0.01), source credibility (βSC→PPQ: 0.12; p < 0.05), 
review usefulness (βRU→PPQ: 0.10; p < 0.05), and brand experience 
(βBE→PPQ: 0.39; p < 0.001) all positively and significantly influence 
perceived product quality. Thus, the results provide empirical support 
for H1, H2, H3, and H4. However, H5 fails to find empirical support: the 
results do not support our hypothesis that a perception of high product 
quality has a negative influence on performance risk (βPPQ→PPR: 0.05; p 
> 0.05). 

Turning to the hypotheses relating to the determinants of purchase 
intention, H6 proposes that perceived product quality exerts a positive 
effect on purchase intention. This hypothesis can be affirmed, as the 

results indicate a positive and significant relationship (βPPQ→PI: 0.69; p 
< 0.001). Likewise, H7 proposes that perceived product performance 
risk negatively influences purchase intention, and this too was verified 
by the results (βPPR→PI: 0.07; p < 0.05), thus confirming H7. 

Table 4 shows the results of the evaluation of the structural model. 
All of the hypotheses in the model were supported empirically, with the 
exception of H5. 

5. Discussion 

The main objective of this study was to develop a theoretical model 
of how four of the main cues available on e-commerce platforms are 
processed by users heuristically or systematically to assess the quality of 
the products on offer. To this end, three research questions were posed. 

RQ1 inquired about the effect of certain social interaction (eWOM) 
cues available on e-commerce platforms on perceived product quality. 
This study found that the number of reviews positively influences 
perceived product quality—this result is consistent with previous studies 
(Chen et al., 2004; Metzger et al., 2010). The present research model’s 
inclusion of this variable as a signal of quality extends the existing 
literature, as it does not focus on a specific product (Flanagin et al., 
2014) but is relevant to any type of product that can be purchased on 
e-commerce platforms. Thus, we can generalize that the number of 
customer reviews that a product has attracted is an important factor that 
consumers look out for when seeking information about the desired 
product quality, as suggested in the extant literature (Xie et al., 2016). 
This conclusion directly contradicts the aforementioned finding from 
the literature that the number of reviews, while relevant, is an insuffi-
cient signal in its own right to generate perceived quality (Flanagin 
et al., 2014). Thus, consumers employ heuristic processing to obtain 
product information. 

The findings also reveal that source credibility positively and 
significantly impacts perceived product quality, which is in line with 
previous research (Duarte and e Silva, 2020). This result demonstrates 
that consumers trust the word of other consumers in a con-
text—e-commerce—that is characterized by high uncertainty (Cheung 
and Lee, 2010; Kaushik et al., 2018). Thus, it expands the literature by 
addressing the recognized uncertainty about whether consumers do, in 
fact, systematically process information to assess the credibility of the 
information source when judging product quality. This study reveals 
that they do. Review usefulness is also shown here to positively influ-
ence perceived product quality. This result is in accordance with pre-
vious studies (Filieri, 2015; Jiang and Benbasat, 2007), indicating that 
consumers systematically evaluate the quality of reviews to identify 
their usefulness in the evaluation of product quality (Sussman and Sie-
gal, 2003). Finally, brand experience is positively and significantly 
related to perceived product quality, which, again, is in line with pre-
vious research findings (Beig and Nika, 2022; Duarte and e Silva, 2020; 
Tran et al., 2023). 

Thus, the results reveal that the quantity of reviews, source credi-
bility, review usefulness, and brand experience all act as cues via which 
the consumer can perceive the quality of the products available on e- 
commerce platforms. Specifically, brand experience is the cue that most 
strongly influences perceived product quality, followed by the quantity 
of reviews, source credibility, and review usefulness. It is found here that 
consumers use both systematic and heuristic processing to evaluate such 
information in e-commerce platforms but that they prefer to make a 
greater cognitive effort to perceive brand experience because this con-
veys higher product quality. Therefore, it is extremely important for 
firms to generate a good brand experience for the consumer, since this 
will lead them to perceive the products on offer to be of higher quality. 
That said, it is also shown that it is important for the consumer to 
perceive easy-to-process signals such as the number of reviews. These 
results are in line with our expectations, given the impact that these cues 
are known to have on consumer purchasing behavior (Siering et al., 
2018; Zhang and Watts, 2008; Zhang et al., 2014). The importance of the 

Table 3 
Discriminant validity.   

QR SC RU BE PPQ PPR PI 

QR 0.82       
SC 0.67 0.84      
RU 0.51 0.58 0.84     
BE 0.54 0.62 0.35 0.85    
PPQ 0.52 0.54 0.39 0.60 0.86   
PPR 0.38 0.31 0.10 0.30 0.02 0.84  
PI 0.37 0.36 0.36 0.30 0.69 − 0.03 0.82  
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eWOM generated by other users in influencing consumer purchasing 
behavior is thus confirmed, due to its potential as a recommendation 
system. 

RQ2 was concerned with the influence of perceived product quality 
on perceived product performance risk and purchase intention. Ac-
cording to the results, perceived product quality does not significantly 
influence the consumer’s perception of product performance risk. 
Despite the fact that the literature observes that perceived product 
quality reduces perceptions of risk (Chen and Dubinsky, 2003; Snoj 
et al., 2004) and specifically that perceived product quality reduces the 
perception of performance risk (Eryiğit and Fan, 2021; Nepomuceno 
et al., 2014), we were unable to confirm this relationship. This means 
that perceived quality will not imply a reduction in perceived product 
performance risk. One reason for this result may be that, during the 
COVID-19 pandemic, consumers were forced to adopt e-commerce in 
many cases, which may have significantly changed the drivers of risk 
perceptions. Furthermore, the results indicate that, if it were to exert a 
significant influence, its effect would be positive. This seems coherent, 
given that, when the consumer perceives greater product quality in 
e-commerce, they may sense a greater risk of non-compliance with the 
product standard claimed by the seller than if they perceive the product 

to be of low quality. In the latter case, the consumer has no expectation 
that the product will meet the standard it claims to meet. 

The present study also finds that perceived product quality is a 
positive determinant in the purchase intention of the e-commerce con-
sumer, which confirms previous research findings (Boon et al., 2018; 
Chen et al., 2023; Flanagin et al., 2014; Nofrizal et al., 2023; Yuniarti 
et al., 2022). This finding also indicates that it is important to identify 
those cues that are able to convey product quality in order to reduce the 
typical consumer uncertainty that is associated with the e-commerce 
context. 

Finally, RQ3 inquired about the impact of product performance risk 
on purchase intention in e-commerce. According to the results of this 
study, perceived performance risk is a negative determinant of purchase 
intention among e-commerce consumers, which is consistent with the 
results obtained by Hong and Cha (2013), Dai et al. (2014), Ariffin et al. 
(2018), Ahmad et al. (2020), Lakchan and Samaraweera (2022), and 
Yuniarti et al. (2022). This finding reflects the importance of reducing 
the perception of product risk to encourage consumer purchase. 

5.1. Theoretical implications 

This study proposes new cues for consumers’ evaluation of product 
quality in e-commerce platforms. We now outline the theoretical im-
plications of the work. 

Previous studies have analyzed the effect of heuristic and systematic 
cues (such as the quantity of reviews, source credibility, review useful-
ness, and brand experience) on variables other than perceived product 
quality, such as perceived value (Vijay et al., 2017), satisfaction (Jin 
et al., 2009), or purchase intention (Fan et al., 2024). Regarding 
perceived quality, most previous studies have examined, for example, 
the effect of brand experience together with other brand-related vari-
ables such as brand attachment (Beig and Nika, 2022; Tran et al., 2023) 
or source credibility (Duarte and e Silva, 2020). The present research is 
the first to analyze the effect of certain key signals that can be processed 
heuristically or systematically on perceived product quality, showing 
that the quantity of reviews, source credibility, review usefulness, and 
brand experience all positively influence product quality. Thus, the re-
sults indicate that consumers can process information both heuristically 
and systematically, which differentiates it from the widely studied 

Fig. 1. Estimated structural equation model.  

Table 4 
Results of the SEM estimation.  

Hypothesis: Relationship Coefficient 
(β) 

t- 
value 

Result 

H1: Quantity of reviews → Perceived 
product quality 

0.19 3.15 Supported 

H2: Source credibility → Perceived 
product quality 

0.12 2.24 Supported 

H3: Review usefulness → Perceived 
product quality 

0.10 2.18 Supported 

H4: Brand experience → Perceived 
product quality 

0.39 6.85 Supported 

H5: Perceived product quality → 
Product performance risk 

0.05 1.14 Not 
Supported 

H6: Perceived product quality → 
Purchase intention 

0.69 17.88 Supported 

H7: Product performance risk → 
Purchase intention 

− 0.07 − 2.33 Supported  
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Elaboration Likelihood Model. 
More specifically, it is found here that the systematic signal of brand 

experience has the greatest effect on the consumer when evaluating the 
quality of the product, followed by the heuristic signal of quantity of 
reviews. This answers the question of which consumer eWOM-related 
signals available on the platforms reflect the quality of the product 
offered. By analyzing these variables, we expand on the previous liter-
ature and contribute to clarifying contradictory results that require 
further elaboration to better understand how signals such as the quan-
tity of reviews or the credibility of the sources that post those reviews 
influence perceived product quality in e-commerce (Flanagin et al., 
2014; Loureiro et al., 2018). In short, the work facilitates our under-
standing of the role of these elements as cues that help consumers gauge 
the quality of a product that cannot be tried or tested through a com-
puter screen. This study contributes to the gap in the literature by 
combining signaling theory with the HSM model, taking both heuristic 
and systematic cues into account and verifying their importance as in-
dicators of product quality in the e-commerce context, thus providing a 
basis for future research. 

Furthermore, this research satisfies the need to delve deeper into the 
types of risks perceived by consumers in e-commerce (Guru et al., 2020; 
Paluch and Wünderlich, 2017). More specifically, it responds to the gap 
relating to the effect of perceived product quality on one of the most 
important risk types in e-commerce, which is closely linked to product 
quality: perceived product performance risk. Previous studies have 
mainly addressed the effect of different types of risks on different vari-
ables such as attitude toward the seller or the brand (Cho et al., 2015) 
and on perceived usefulness (Biucky et al., 2017). However, very few 
studies have analyzed the effect of certain variables such as perceived 
product quality on the different types of risks existing in e-commerce. In 
this study, we focus on performance risk. Similarly, considering this type 
of risk also addresses the gap in the literature on the effect of perfor-
mance risk on purchase intention among e-commerce consumers in the 
wake of the major changes in purchasing habits undergone during the 
COVID-19 pandemic. 

Finally, this research addresses the gap concerning the role of 
perceived product quality on purchase intention in the e-commerce 
context, since there are scant studies that analyze perceived product 
quality in e-commerce. Perhaps one of the reasons for this paucity is the 
complexity of measuring this variable, but, as the present study shows, it 
is possible to measure perceived product quality in this environment 
despite the fact that consumers cannot test the product physically. 

5.2. Practical implications 

This study holds a number of important implications for e-commerce 
professionals. First, they should encourage consumers to post comments 
online after their purchase, since the more comments the product at-
tracts, the greater the perception of quality among other consumers on 
the platform and, therefore, the greater their purchase intention. In 
addition, when the product offered attracts a large volume of useful 
comments and these come from sources perceived to be credible, the 
perceived product quality will be higher, which will lead to a favorable 
attitude toward the brand and motivate purchase intention. 

It is evident from the results here that it is essential for firms to 
implement interactive systems that enable high volumes of reviews to be 
posted and, above all, that the reviews should be useful and come from 
reliable sources so that they are perceived by consumers to be credible. 
To achieve this, sellers on e-commerce platforms should establish filters 
that permit only verified reviews—that is, only those reviews that are 
posted by genuine consumers who have actually purchased the product 
in question—and leverage those authenticated reviews in their product 
advertising. This would enable firms to disseminate true and credible 
product information, by incentivizing customers to describe the product, 
for example, using photos. 

Sellers must give these components of the online context the 

importance they deserve, since, thanks to such cues, consumers are able 
to assess the quality of the products before they make a purchase, despite 
being at a physical distance—via a computer, tablet, or cellphone. In this 
way, if the consumer can be encouraged to leave comments and provide 
information, as a credible source, this will help sellers to increase their 
sales, which translates into increased profits. In addition, it is important 
for sellers to generate a good brand experience for the consumer on the 
e-commerce platform so that the latter can perceive high product 
quality, as the brand experience acts as a strong signal of this variable. In 
fact, the brand experience is the factor that will most reflect the quality 
of the products, indicating that marketers should devote significant ef-
forts to achieving a pleasant brand experience for the consumer. 

Although it cannot be confirmed that perceived product quality helps 
to ameliorate perceived product performance risk, sellers are advised to 
reduce customer perceptions of product performance risk because this 
perception cools purchase intention. One way to reassure consumers of 
product standards and thus reduce the perception that they may not 
comply with them could be to offer quality guarantees. In addition, 
achieving the perception of quality through the aforementioned signals 
generates greater purchase intention, underlining the importance of 
emitting these signals in this context. 

In short, marketing professionals and sellers alike must take great 
care over the eWOM elements analyzed in this study—namely, the 
quantity, credibility, and usefulness of customer reviews and brand 
experience conveyed on these platforms, as the social interaction tools 
integrated into them enable consumers to act, in effect, as promotional 
agents. Therefore, professionals must know how to treat consumers so 
that they continue to function as promotional agents automatically, thus 
reducing the need to hire external agents. This will contribute to 
increasing profits. 

5.3. Limitations and future research 

This study has several limitations that should be addressed in future 
research. For example, while it collected information from the United 
States and Spain, no analysis was carried out to examine whether there 
are differences between consumers from these two countries. Conse-
quently, looking to the future, a multigroup analysis by country could be 
performed to compare it with the results obtained from the proposed 
model. 

Another limitation is that we did not analyze whether there are 
differences in consumers’ processing of product information when 
attempting to discern its quality, depending on the type of products in 
question—whether they are search goods or experience goods. The at-
tributes of the former type lend themselves to providing full product 
information, helping the consumer to more readily make purchase de-
cisions prior to purchase. The nature of experience goods, in contrast, 
renders them more difficult to evaluate in advance of actually 
consuming them. Thus, it would be interesting to conduct a multigroup 
analysis to assess whether there are any differences in the perception of 
product quality after having processed the information available on the 
e-commerce platform, according to these two types of goods. 

Finally, it would be helpful to include in a future study other ele-
ments that have more recently become available on e-commerce plat-
forms, such as gamification systems, to analyze their impact as a quality 
cue. 
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