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Abstract

Objectives: Cardiorespiratory fitness and fatness indicators have been related
to heart rate variability (HRV) parameters. The Fit-Fat Index (FFI) is a single
index combining cardiorespiratory fitness and fatness indicators. To the best of
our knowledge, no studies have previously analyzed whether FFI are related
to cardiac autonomic nervous system activity assessed through HRV parame-
ters. This study aimed (i) to examine the association of cardiorespiratory fit-
ness, fatness indicators, and FFI with HRV parameters; and (ii) to report what
of the different fatness indicators included in FFI is better associated with
HRYV parameters in sedentary adults.

Methods: One hundred and fifty healthy adults (74 women; 76 men), aged
between 18 and 65 years old, participated in this cross-sectional study. We
measured cardiorespiratory fitness (maximal oxygen consumption) and fatness
indicators (waist-to-height ratio [WHR], fat mass percentage [FM%] and vis-
ceral adipose tissue [VAT]). Three FFIs were calculated as the quotient
between cardiorespiratory fitness and one out of three possible fatness indica-
tors: Fit-Fat Index calculated waist-to-height ratio (FFLyyg), Fit-Fat Index cal-
culated with FM% (FFIgme,), and Fit-Fat Index calculated with VAT (FFIyar).
HRYV parameters were measured in resting conditions using a Polar RS800CX.
Results: FFlyyr, FFIpymg and FFIy o were related to different HRV parame-
ters (f# ranges between —0.507 and 0.529; R® ranges between 0.096 and 0.275;
all p < .001) and the association was stronger with HRV parameters than the
isolated fitness or fatness indicators (# ranges between —0.483 and 0.518; R*
ranges between 0.071 and 0.263; all p < .001). FFIy, was the index more con-
sistently associated with HRV parameters (f§ ranges between —0.507 and 0.529;
R’ ranges between 0.235 and 0.275; all p < .001).
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Conclusion: Our study suggests that compound FFIs are better predictors of

HRV parameters than either cardiorespiratory fitness or fatness indicators

alone. The FFIy .1 was the best index in terms of its association to HRV.

1 | INTRODUCTION

Heart rate variability (HRV) refers to the time differences
between successive R-R intervals (R peaks detected in
ECG) during a given period of time (Navarro-Lomas
et al., 2020; Task force of the European Society of Cardi-
ology and the North American Society for Pacing and
Electrophysiology, 1996). HRV is a non-invasive bio-
marker that reflects the status of the autonomic nervous
system (Almeida-Santos et al., 2016; Navarro-Lomas
et al., 2020; Wong & Figueroa, 2021). Increased vagal-
related HRV parameters in resting conditions are indica-
tors are associated to lower incidence of chronic cardio-
metabolic diseases, being therefore considered good
indicators of general health and wellness (Navarro-
Lomas et al., 2020; Tsuji et al., 1996).

Previously, well-recognized health-related biomarkers,
such as cardiorespiratory fitness (Kokkinos et al., 2022,
2023; Laukkanen et al., 2022; Lavie et al., 2022) or body
composition (Andreoli et al., 2016; Toomey et al., 2015;
Wang et al., 1999), have been related to HRV parameters
(Buchheit & Gindre, 2006; Plaza-Florido, Migueles, Mora-
Gonzalez, et al, 2019; Teisala et al.,, 2014; Triggiani
et al., 2019). Several biomarkers related to cardiorespira-
tory fitness (Melnikov et al., 2018; Weippert et al., 2018)
affect the cardiac autonomic function (Buchheit &
Gindre, 2006; Hagberg et al., 2001) and also generate
intrinsic adaptations in the sinus node (Martinelli
et al., 2005). On the other hand, high levels of adiposity
favor pro-inflammatory processes (e.g., the release of
Interleukin-6) (de Heredia et al,, 2012), influencing the
hypothalamic-pituitary-adrenal axis resulting in a poor
vagal activity (Marsland et al., 2007; Sajadieh et al., 2004;
Tian et al., 2015). Interestingly, fitter individuals are not
always less fat, and conversely, fatter individuals are not
always less fit (Ortega et al., 2018; Sloan et al., 2016). The
Fit-Fat Index (FFI) has been proposed as an index able to
unify in a single parameter degree of cardiorespiratory fit-
ness and adiposity (Sloan et al., 2016).

Low FFIs are predictors of type 2 diabetes mellitus
(Sloan et al., 2016, 2018), a condition frequently associ-
ated to a pro-inflammatory status (Loprinzi &
Edwards, 2016), accelerated vascular aging (Heffernan &
Loprinzi, 2021) and poor quality of life (Sloan
et al., 2015). Moreover, FFIs have been proved to be a
better predictor of cardiovascular risk than fitness or fat-
ness separately (Sloan et al., 2016, 2018). To the best of

our knowledge, no studies have previously analyzed
whether FFIs are related to cardiac autonomic nervous
system activity assessed through HRV parameters. The
present study aimed (i) to examine the association of FFI
calculated using different fatness indicators with HRV
parameters; and (ii) to report what of the above-
mentioned predictors is better associated with HRV
parameters in sedentary adults. We hypothesize that
(i) FFI will be better related to HRV parameters than fit-
ness and fatness indicators separately; and (ii) FFI based
on the direct measure of fatness (FM% and VAT) will
have a more robust association with HRV parameters
than FFI using waist-to-height ratio.

2 | METHODS

2.1 | Participants

A total of 150 adults (74 women) aged between 18 and
65 years old participated in this study. Participants were
healthy, sedentary (i.e., <20 min of physical activity on
<3 days/week during the last 3 months) and recruited
from the province of Granada (Spain). Participants were
enrolled in two different randomized controlled trials
which aimed to investigate the effects of different exercise
training modalities on health-related parameters: (i) the
FIT-AGING study (clinicaltrial.gov: ID: CT03334357)
(Amaro-Gahete et al, 2018)—n =70 middle-aged
adults—and (ii) the BEER-HIIT study (ClinicalTrials.gov
ID: NCT03660579)—n = 80 young adults. The inclusion
criteria were: (i) to have a stable body weight over the pre-
vious 3 months (i.e., changes <5 kg); and (ii) do not have
any health problem (e.g., cancer or chronic metabolic dis-
ease) that could be aggravated by physical activity. Both
studies followed the principles of the Declaration of Hel-
sinki (7th revision of October 2013) and were approved by
the Human Research Ethics Committee of the “Junta de
Andalucia” (0838-N-2017) and the University of Granada
(321/CEIH/2017), respectively. All participants provided
written informed consent in both projects.

2.2 | Study design

To test our hypothesis, we used a cross-sectional design.
Participants came to our laboratory between 8.00 and
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10.00, avoiding any physical activity since they woke
up. The specific study pre-conditions were: (i) not to
show altered sleep pattern the night before; (ii) to be
abstained from alcohol intake and drugs or stimulant
consumption 24 h before; and (iii) to avoid moderate-
intensity physical activity (24 h) and vigorous-intensity
physical activity (48 h) before the test. The environmental
conditions were standardized (temperature ranges
between 22 and 23°C).

2.3 | Fitness measurement

Maximal oxygen consumption (VO,max) was deter-
mined through a maximum treadmill (H/P/Cosmos Pul-
sar treadmill, H/P/Cosmos Sport & Medical GMBH,
Germany) exercise test (i.e., the modified Balke protocol
(Balke & Ware, 1959)). Before the test, we conducted a
warm-up (i.e., walking at 3.5km/h for 1 min and
4km/h for 2 min). Then, an incremental protocol
started at 5.3 km/h (0% grade) for 1 min. Subsequently,
the grade was increased by 1% every minute until reach-
ing the volitional extenuation of the participants. We
measured O, consumption and CO, production with an
indirect calorimeter using an oronasal mask (model
7400, Hans Rudolph Inc.,, Kansas City, MO,
United States) equipped with a prevent TM metabolic
flow sensor (Medgraphics Corp., MN, United States).
Before each test, we performed a flow calibration with a
3-L calibration syringe and we calibrated the gas ana-
lyzer with two standard gas concentrations. The Breeze
Suite software (version 8.1.0.54 SP7, MGC Diagnostic®)
was used to average O, consumption and CO, produc-
tion every 5s. The 6-20 Borg scale (Borg, 1982) was
used to measure the rated perceived exertion (RPE) at
each stage and exhaustion (during the last 15 s). Previ-
ously, we performed a familiarization process with the
RPE scale. Moreover, we recorded heart rate values
every 5s using a Polar RS800 (Kempele, Finland).
VO,max achieving criteria were: (i) to reach a respira-
tory exchange ratio >1.1, (ii) a plateau in VO, (change
of <100 mL/min in the last 30 s), and (iii) a heart rate
between 10 beats/min of the age-predicted maximal
heart rate (209-0.73 x age) (Tanaka et al., 2001). The
peak oxygen uptake value during the exercise test was
considered if these criteria were not met (Midgley
et al., 2007).

2.4 | Fatness measurement

Height and weight were measured using an electronic
scale (model 799, Electronic Column Scale, Hamburg,

Germany). To assess waist circumference, we followed
the standard procedures of the International Society for
the Advancement of Kinanthropometry (ISAK) (Norton
et al., 1996). Waist circumference was measured, at the
end of a normal expiration, at the mid-point between the
iliac crest and the bottom of the rib cage. We repeated
the measure three times and rated the mean of them.
The waist-to-height ratio was calculated as waist circum-
ference (cm)/height (cm). Fat mass, FM% and VAT were
measured by conducting a Dual Energy X-Ray Absorpti-
ometry (DXA; HOLOGIC, Wi) scan.

2.5 | Fit-Fat Index

FFI represents the quotient between fitness (i.e., relative
to body weight VO,max) and fatness (Sloan et al., 2016).
We calculated three different FFI, using three indicators
of fatness as divisors: waist-to-height ratio (FFIwrygr),
FM% (FFIgye) and VAT (FFIyar).

2.6 | Heart rate variability

Participants were lying in a supine position on a stretcher
while the R-R signal was assessed for 15 min (after
10 min of acclimation) using the Polar RS800CX
(Williams et al., 2016) (Polar Electro, Kempele, Finland).
Participants were instructed to meet the following
instructions: (i) not to talk or move; and (ii) to relax as
much as possible but to be simultaneously awake. We
downloaded the R-R recordings using the Polar Pro
Trainer 5® software (Polar Electro, Finland), and a
trained researcher (Plaza-Florido et al., 2020) analyzed
them with the Kubios HRV Standard®, version 2.2 soft-
ware (University of Eastern Finland, Kuopio, Finland)
(Tarvainen et al., 2014). We followed the methodology
described in previous studies (Plaza-Florido et al., 2021)
using: (i) a Lambda value of 500; (ii) a cubic interpolation
at the default rate of 4 Hz.; and (ii) the medium filter pro-
vided by the Kubios HRV software (Alcdntara
et al., 2020).

Following the HRV Kubios software standard proce-
dures (Tarvainen et al., 2014), HRV parameters in time-
domain (i.e., standard deviation of RR intervals [SDNN],
square root of the mean squared differences between suc-
cessive RR intervals [RMSSD]), Frequency-domain
(i.e., High Frequency [0.15-0.40 Hz]) and Poincare Plot
were derived. SDNN is considered an indicator of global
autonomic modulation linked with vagal activity in
short-term recordings (Shaffer & Ginsberg, 2017).
RMSSD and High Frequency are related to vagal modula-
tion (Shaffer & Ginsberg, 2017). Poincare Plot analysis is
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considered an indicator of heart rate complexity (Tayel &
AlSaba, 2015). From Poincare Plot, we obtained SD1
(standard deviation of Poincare plot orthogonal to the
line-of-identity) and SD2 (standard deviation of Poincare
plot along the line-of-identity), and we calculated an
index of sympathetic activity (i.e., Stress Score) and an
indicator of autonomic balance (i.e., Sympathetic/Para-
sympathetic Ratio [S/PS Ratio]), according to a previous
study (Naranjo-Orellana et al., 2015).

We also calculated corrected HRV parameters to
remove the HRV dependence on heart rate (Plaza-Florido
et al, 2021; Plaza-Florido, Migueles, Sacha, &
Ortega, 2019), based on two assumptions: (i) if HRV
parameters were negatively correlated with heart rate,
the correction procedure consisted in calculating ratios
between HRV parameters and different powers of the
mean R-R interval; (ii) if HRV parameters were posi-
tively correlated with heart rate, the correction procedure
was performed by multiplying HRV parameters by the
adequate powers of the mean R-R interval. The calcula-
tions were as follows: Corrected SDNN = SDNN/
MeanRR', RMSSD = RMSSD/meanRR', corrected high
frequency = high frequency/meanRR'?, corrected stress
score = stress score X MeanRRl, and corrected S/PS
ratio = S/PS ratio x mean RR'.

2.7 | Statistical analysis

The distribution of all variables was analyzed with the
Shapiro-Wilk test, Q—-Q plots and visual check of histo-
grams. Descriptive parameters were reported as mean
(standard deviation). Non-normal variables, including
HRV parameters (i.e., SDNN, RMSSD, High Frequency,
Stress Score and S/PS ratio) and VAT were presented as
median and interquartile range. Non-normal variables
were transformed using Napierian logarithms. To ana-
lyze the association between cardiorespiratory fitness,
fatness indicators (i.e., Waist-to-height ratio, FM%, and
VAT) and FFI (i.e., FFlyrur, FFlpamg, FFIyar) with
HRYV parameters corrected by heart rate we performed
multiple linear regression analyses (model 0). These
calculations were also performed adjusting by sex and
age (model 1) as basic confounders. f§ (standardized
regression coefficient), R* (adjusted determination coef-
ficient) and p (level of significance) were obtained from
these linear regression analyses. p values of less than
.05 were accepted to indicate statistical significance. All
analyses were performed using the Statistical Package
for Social Sciences (SPSS, v.24.0, IBM SPSS Statistics,
IBM Corporation). The figures were created using
GraphPad Prism 7 (GraphPad Software, San Diego,
CA, USA).

3 | RESULTS

The baseline characteristics of all participants are shown
in Table 1. A total of 150 participants (49.3% women)
were presented in the analysis, including young (80 par-
ticipants) and middle-aged adults (70 participants).

Table 2 show the linear regression models of fitness
and fatness with corrected HRV parameters (i.e., SDNN,
RMSSD, High Frequency, Stress Score and S/PS Ratio).
Cardiorespiratory fitness was positively associated with
corrected SDNN, RMSSD and High Frequency (model 0; j
ranges between 0.348 and 0.444; R? ranges between 0.115
and 0.191; all p <.001), while was inversely related to
Stress Score (model 0; f = —0.399, R* = 0.154, p < .001)
and S/PS ratio (model 0; = —0407, R*>=0.160,
D < .001). The waist-to-height ratio was negatively related
to SDNN, RMSSD and High Frequency (model 0; # ranges
between —0.399 and —0.441; R? ranges between 0.153 and
0.189; p < .001), while positive relationships were observed
with Stress Score (model 0; p=0.372, R*=0.133
p < 0.001) and S/PS Ratio (model 0; # = 0.398, R*> = 0.153,
D < .001). Furthermore, negative associations were noted
of FM% with SDNN, RMSSD and High Frequency (model
0; p ranges between —0.277 and —0.395; R? ranges
between 0.071 and 0.150; all p< .001) while positive linear
regression models were established between FM% with
Stress Score (model 0; f = 0.360; R? =0.123, p < .001) and
S/PS ratio (model 0; f=0.372; R*=0.132, p <.001).
Moreover, VAT was positively associated with Stress Score
(model 0; # = 0.464; R* = 0.210, p < .001) and S/PS Ratio
(model 0; # = 0.483; R* = 0.228, p < .001). VAT was nega-
tively related to SDNN, RMSSD and High Frequency
(model 0; § ranges between —0.486 and —0.518; R* ranges
between 0.231 and 0.263; all p < .001). When these rela-
tionships were adjusted by sex and age (model 1; f ranges
between —0.234 and 0.269; R® ranges between 0.276 and
0.372; all p < .001), these significant associations between
fitness / fatness indicators with HRV parameters were
maintained.

The relationships between the FFlyyr and corrected
HRV parameters are presented in Figure 1. FFlyrgr Was
positively associated with SDNN, RMSSD and High Fre-
quency (B ranges between 0.427 and 0.484; R® ranges
between 0.177 and 0.229; all p < .001). Furthermore, a
negative association was noted of FFlyryr with Stress
Score (f = —0.444; R* = 0.192, p < .001) and S/PS ratio
(B = —0.460; R*> = 0.207, p < .001). After including sex
and age (model 1;  ranges between —0.200 and 0.179; R*
ranges between 0.290 and 0.369; all p < .001), the associa-
tions were similar than those obtained in model 0 (unad-
justed analysis).

Table 3 shows associations between FFIgy and FFI-
var With HRV parameters. FFIgy had a positive
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TABLE 2 Linear regression analysis of fitness and fatness indicators with corrected HRV parameters.
Fitness Fatness
VO,max
(ml kg min ) Waist-to-height ratio FM% (%) Ln VAT
p R p B p B R p B R p
Corrected HRV parameters
Model 0
Ln corrected SDNN 0444 0191 <.001 -0.399 0.153 <.001 -0395 0.150 <.001 —-0.494 0.239 <.001
Ln corrected 0.376  0.135 <.001 —0441 0189 <.001 —-0.330 0.103 <.001 —0.518 0.263 <.001
RMSSD
Ln corrected high 0.348 0.115 <.001 -0407 0.160 <.001 -0.277 0.071 <.001 —-0486 0.231 <.001
frequency

Ln corrected stress —0.399 0.154 <.001 0.372

score

Ln corrected S/PS
ratio

Model 1
Ln corrected SDNN 0.172 0.372 <.001

Ln corrected 0.151 0.330 <.001
RMSSD

Ln Corrected high 0.166 0.287 <.001
frequency

—0.407 0.160 <.001 0.398

—0.103
—0.162

-0.137

Ln corrected stress —0.104 0.348 <.001 0.070

score

Ln corrected S/PS
ratio

—0.188 0.296  <.001 0.152

0.133 <.001 0.360 0.123 <.001 0464 0210 <.001

0.153 <.001 0.372  0.132 <.001 0483 0.228 <.001

0.361 <.001 —-0.124 0362 <.001 -0.201 0370 <.001
0.333 <.001 -0.127 0325 <.001 -0.234 0339 <.001
0.283 <.001 -0.103 0.276 <.001 —0.208 0.288 <.001

0.345 <.001 0.067 0.344 <.001 0.147 0350 <.001

0.289 <.001 0.168 0.290 <.001 0.269 0.304 <.001

Abbreviations: Model 0, unadjusted; Model 1, adjusted by sex and agel; VO,max, maximal oxygen consumption; Ln, Napierian logarithm; SDNN, standard
deviation of RR intervals; RMSSD, square root of the mean squared differences between successive RR intervals; S/PS, sympathetic/parasympathetic ratio; ml,
milliliters; kg, kilograms; min, minutes; m?, meter squared; ms, milliseconds; ms?, milliseconds squared; %, percentage; §, standardized regression coefficient;

R?, adjusted determination coefficient; p, level of significance.

association with SDNN, RMSSD and High Frequency (/
ranges between 0.320 and 0.434; R* ranges between 0.096
and 0.183; all p< .001); and negative relationships with
stress score (f = —0.441; R* = 0.189, p < .001); and S/PS
ratio (f = —0.391; R* = 0.147, p < .001). Similarly, FFI-
vat Was positively related to SDNN, RMSSD and High
Frequency (f ranges between 0.494 and 0.529; R® ranges
between 0.239 and 0.275; all p < .001), but negatively
associated with stress score (f = —0.490; R? =0.235,
p<.001) and S/PS Ratio (8= —0.507; R*>=0.252,
p < .001). After including sex and age (model 1; § ranges
between —0.269 and 0.228; R* ranges between 0.282 and
0.374; all p < .001) in the analysis, the reported signifi-
cant relationships were maintained.

4 | DISCUSSION

The present study shows that higher FFI values
(i.e., higher fitness, lower fatness) are associated with

increased vagal-related and reduced sympathetic-related
HRYV parameters in healthy adults. Importantly, FFIyug,
FFIrvy and FFIyat were better related to HRV parame-
ters than either fitness or fatness indicators, alone. More-
over, we prove that a FFI based on the VAT predicts
HRV parameters more accurately than FFI based on the
waist-to-height ratio or FM%. These findings are highly
relevant since we prove, for the first time, that FFI is pos-
itively associated with vagal-related HRV parameters and
inversely related to sympathetic activity in healthy
adults.

It has been well documented that fitness and fatness
indicators are related to several cardiovascular risk fac-
tors in adults (e.g., high fasting glucose levels, hypercho-
lesteremia, hypertension or inflammatory biomarkers)
(Ashwell & Gibson, 2009; de Heredia et al., 2012; Erez
et al., 2015; Kaminsky et al., 2019; Park et al., 2017). In
this line, reduced fitness (Ferreira et al., 2018; Martinelli
et al.,, 2005) and increased fatness (Koenig et al., 2015)
are able to induce a reduction of vagal-related HRV
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(A) Model 0: § = 0.484, R* = 0.229, p < .001 (B) Model 0: g = 0.459, R? = 0.205, p < .001 (C) Model 0: g = 0.427, R?=0.177, p < .001
Model 1: g = 0.161, R? = 0.369, p < .001 Model 1: g = 0.177, R? = 0.335, p < .001 Model 1: g = 0.179, R = 0.290, p < .001
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FIGURE 1 Linear regression analysis of FFIyyr with corrected heart rate variability parameters. Model 0, unadjusted analysis; Model
1, adjusted by sex and age; FFIyuy, Fit-Fat Index calculated waist-to-height ratio as fatness indicator; Ln, Napierian logarithm; SDNN,
standard deviation of RR intervals; RMSSD, square root of the mean squared differences between successive RR intervals; S/PS,
sympathetic/parasympathetic ratio; p, standardized regression coefficient; R?, adjusted determination coefficient; p, level of significance.

TABLE 3 Linear regression analysis of FFIgye and FFIyar with corrected HRV parameters.

Ln FFlgno, Ln FFlyar
B R p B R p
Model 0
Ln corrected SDNN 0.434 0.183 <.001 0.528 0.274 <.001
Ln corrected RMSSD 0.361 0.125 <.001 0.529 0.275 <.001
Ln corrected high frequency 0.320 0.096 <.001 0.494 0.239 <.001
Ln corrected stress score -0.391 0.147 <.001 —0.490 0.235 <.001
Ln corrected S/PS ratio —0.404 0.158 <.001 —0.507 0.252 <.001
Model 1
Ln corrected SDNN 0.162 0.367 <.001 0.216 0.374 <.001
Ln corrected RMSSD 0.150 0.328 <.001 0.228 0.339 <.001
Ln corrected High frequency 0.149 0.282 <.001 0.212 0.290 <.001
Ln corrected stress score —0.086 0.345 <.001 —0.146 0.351 <.001
Ln corrected S/PS ratio —0.202 0.295 <.001 —0.269 0.306 <.001

Abbreviations: Model 0, unadjusted; Model 1, adjusted by sex and age; FFIgy¢, Fit-Fat Index calculated with FM% as a fatness indicator; FFIyar, Fit-Fat Index
calculated with VAT as a fatness indicator; Ln, Napierian logarithm; SDNN, standard deviation of RR intervals; RMSSD, square root of the mean squared
differences between successive RR intervals; S/PS, sympathetic/parasympathetic ratio; f, standardized regression coefficient; R?, adjusted determination
coefficient; p, level of significance.

parameters, which are also associated with a higher inci- et al., 2020; Tsuji et al., 1996). Our results hold up these
dence of several chronic cardiometabolic diseases  findings, supporting the well-known associations
(e.g., type 2 diabetes mellitus or obesity) (Navarro-Lomas between increased fitness (i.e., VO,max) and reduced
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fatness indicators (i.e., waist-to-height ratio, FM% and
VAT) with increased vagal activity and a reduced sympa-
thetic influence on the autonomic nervous system,
according to HRV parameters dynamics.

The FFlwyur has emerged as a simple and useful tool
to predict several cardiovascular issues (e.g., type 2 diabe-
tes mellitus development, inflammatory status, or mea-
sures of vascular aging) more precisely than fitness and
fatness features separately (Heffernan & Loprinzi, 2021;
Loprinzi & Edwards, 2016; Sloan et al., 2015, 2016, 2018).
Our results suggest that FFlyyg is positively associated
with  well-known vagal-related HRV parameters
(i.e., SDNN, RMSSD and high frequency), and negatively
related to Stress Score (i.e., a sympathetic activity mea-
sure [Navarro-Lomas et al., 2020]) and S/PS ratio (i.e., an
indicator of autonomic balance [Navarro-Lomas
et al., 2020]). Physiological mechanisms that justify this
association could be related to the combined influence of
factors that determine VO,max (Buchheit &
Gindre, 2006; Hagberg et al., 2001). In addition, the
release of pro-inflammatory cytokines by adipose tissue
has a negative impact on vagal-related HRV parameters
(Tian et al., 2015). Hence, a higher FFlywyyr would be
associated with a reduced pro-inflammatory status,
increasing the vagal tone in the cardiac autonomic func-
tion (Ernst, 2017). Therefore, according to our results,
and independently of the participants’ sex and age, an
increased FFlwyr seems to be related both to a higher
vagal modulation and to a reduced sympathetic influence
in the cardiac activity, potentially reducing
cardiovascular risk.

In our study, FFLywyr showed stronger relationships
(higher p and R?) with HRV parameters than cardiorespi-
ratory fitness and waist-to-height ratio alone. These
results highlight the fact that fitness and fatness are not
always directly associated (Ortega et al., 2018; Sloan
et al., 2016). Interestingly, when sex and age were consid-
ered as a covariate in the analysis, FFlyygr showed a sim-
ilar relation with HRV parameters compared to
cardiorespiratory fitness and waist-to-height ratio sepa-
rately. This result could be explained by the heteroge-
neous age range of the two groups involved in this study
(i.e., young adults [18-40 years old] and middle-aged
adults [45-65 years old]). Age is a non-modifiable factor
that affects HRV parameters (Thayer et al., 2009) through
a decrease in the influence of vagal tone in the HRV
parameters (Antelmi et al., 2004). Hence, FFIyyur could
be an adequate tool to analyze HRV, providing additional
information about the autonomic nervous system,
according to HRV dynamics, compared to VO,max and
waist-to-height ratio separately. However, taking into
account the sex and age, we can conclude that FFlyyur

looks to provide similar information to VO,max and
waist-to-height ratio alone.

Importantly, we calculated two FFI based on fatness
indicators obtained by DXA analyses (i.e., FFIgyq and
FFIyat). Both indices offer additional information about
HRV parameters compared with those obtained by
VO,max, FM% and VAT alone, respectively. Neverthe-
less, FFIy,r was the best predictor of HRV compared
with FFlwypgr and FFlgyg. VAT—obtained by DXA—
refers to visceral adiposity within the abdominal region
(Ibrahim, 2010), whereas the FM% is a measure of total
body fat—also obtained by DXA (Swainson
et al., 2017)—being the waist-to-height ratio an indirect
measure of central fat distribution (Swainson
et al., 2017). Interestingly, previous studies have sug-
gested that VAT is better related than general body fat to
further impairments of the autonomic nervous system
activity (Triggiani et al., 2019). This assumption is based
on a bigger production of pro-inflammatory cytokines
(e.g., interleukin-6 [IL-6] or tumor necrosis factor-alpha
[TNFa]) by VAT (You & Nicklas, 2006), which has a neg-
ative influence on vagal activity (Tian et al., 2015). These
are important reasons to conclude that VAT could be the
most valuable fatness indicator in this context.

Although our promising results, some limitations
arise in our study. Firstly, no causal relationships can be
established as our study is observational. In addition,
although we do not use a gold standard method in the
HRV measurement, the Polar RS800CX has been proved
as valid and reliable to assess HRV in adults (Williams
et al., 2017). Moreover, our study was based on individ-
uals aged 18-65. Although we included the analysis of
age as a possible confounder, our findings should not be
extrapolated to other populations (e.g., children, adoles-
cents, or older adults). Finally, we have a relatively small
sample size. Future studies using bigger cohorts are
needed to corroborate or contrast our findings. In con-
trast, the principal strength of this study is the quality of
the measures, since we assess cardiorespiratory fitness
through a maximal exercise test with gas analysis and
maximal O, consumption (i.e., gold-standard method),
and fatness indicators were obtained by an objective and
direct method using DXA.

5 | CONCLUSIONS

In conclusion, the results of our study suggest (i) that FFI
is better associated with HRV parameters than fitness
and fatness indicators alone; (ii) that an increased FFI is
related to higher vagal and reduced sympathetic influ-
ences on cardiac autonomic function according to HRV
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dynamics; and (iii) that a FFI based on VAT is better
associated with HRV parameters than other FFI based on
the waist-to-height ratio or FM%. Future studies should
confirm, contrast and expand our findings in populations
with different clinical conditions such as type 2 diabetes
mellitus or obesity.
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