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Abstract: Depression is a highly prevalent disorder with a wide range of symptomatology. Existing
instruments for its assessment have only a few items for each factor. The Depression Clinical
Evaluation Test (DCET) has been created to cover all depression symptoms at different times (month,
year, and always) with several items for each facet. The content validity of this instrument has
been judged by experts and, in this paper, we analyse its factorial structure and make a network
analysis of it. The test (196 items) was administered to 602 adults without psychological disorders
(Mage = 24.7, SD = 8.38, 72% women) both online and on paper. A network was estimated for each
time point, using the absolute minimum selection and shrinkage operator. From the factor analysis,
12 factors were established for month, 11 for year, and 10 for always, leaving 94 items. The network
analysis showed that the facets of depressive mood, anhedonia, and thoughts of Death, are central to
all the estimated networks. The DCET is proposed as a valid and reliable multifactorial instrument to
detect the variability of depressive symptoms in adults, guaranteeing its diagnostic usefulness.

Keywords: depression; assessment; factor analysis; network analysis; psychometrics

1. Introduction

Depression is a mental disorder characterized by a decline in mood and loss of interest
or pleasure in activities that the person normally enjoyed, among other somatic and cogni-
tive symptoms, causing clinically significant distress or impairment in social, occupational,
or other important areas of functioning [1]. According to World Health Organization esti-
mates, more than 350 million people worldwide (4.2%) suffer from depression [2], posing
a public health risk and even a danger of consummated suicide, when there is residual
symptomatology [3,4].

Regarding the assessment of depression symptoms, it is necessary to have instruments
with adequate psychometric properties. However, it is also necessary to ensure their
diagnostic utility and clinical discrimination [5,6]. One of the drawbacks lies in the fact
that major depression is a disorder with a broad symptomatology that includes cognitive,
motor, behavioural, and somatic symptoms, in addition to the core emotional symptoms of
the disorder. In the assessment of depression, most instruments are focused solely on the
emotional factor in adults, children, and adolescents [7]. Moreover, those instruments that
assess several areas do so with only a few items for each of the dimensions [8]. Thus, for
example, among the most widely used assessment instruments [9] are the Beck Depression
Inventory [10] and the Zung Depression Scale [11], which assess most of the symptoms of
depression, but with a reduced number of items, and the Hospital Anxiety and Depression
Scale [12] focused on emotional factors.

Another aspect that hinders the assessment of depression is the debate on the dimen-
sional or unitary vs. categorical perspective, which can be generalised to psychopathology
in general. The dimensional approach advocates a broad coverage of disorders, with a
more holistic approach. Thus, from this perspective, the development of instruments with
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various items for each symptom that allow the collection of multiple manifestations of its
occurrence is preferable [13–16].

Taking into account all these considerations and following the standards of the Amer-
ican Educational Research Association et al. [17], a theoretical approach for an expert-
validated depression test was developed to ensure its construct and content validity, and
the content of an item bank based on this theoretical model was validated [18]. From these
two procedures, we obtained the Depression Clinical Evaluation Test [18], which covers all
manifestations of depressive symptomatology with several items per factor, and assesses
several temporal moments. As a continuation of this first study of the Depression Clinical
Evaluation Test (DCET), we propose to provide evidence based on its internal structure
and to carry out its network analysis.

In this network model, disorders are conceived as a complex and dynamic system,
in which symptoms (nodes) are interrelated and connected by edges [19]. Several works
have used this model to analyse different disorders: depression and anxiety [20–22] or
narcissism personality [23].

Therefore, this paper aims to: (1) examine the differential item functioning in two
assessment procedures (online vs. paper and pencil), (2) examine the factor structure of
the DCET, (3) analyse its reliability, and (4) perform a network analysis of the final factors
comprising the DCET.

2. Materials and Methods
2.1. Participants

The sample consisted of 602 adults aged 18 to 85 years from different geographical
areas of Spain (Mage = 24.7, SD = 8.38, 72% women). Of the total, 500 were evaluated online
(see Appendix A). This sample size coincides with the required sample size by using the
online calculator of QuestionPro, setting the confidence interval at 95%, the margin error
at 3.99, and a study population of 36,000,000 (Spanish people older than 18) and giving a
result of 604. This is based on the following formula, recommended by some authors [24],
where Z represents the punctuation associated with the confidence interval (95%), p = 0.5
and c would be the margin error, in this case, 3.99:

Sample size = Z2 × (p) × (1 − p)/c2 (1)

The remainder answered the survey in paper-and-pencil format. The socio-demographic
data of the participants are shown in Table 1.

Table 1. Socio-demographic data of participants (N = 602).

Online Sample (n = 500) Paper Sample (n = 102)

Sex (female) 71.25% (357) 76.4% (78)
Age, mean (SD) 24.6 (8.72) 25.5 (6.4)
Andalusia 88% (440) 87.25% (89)
Madrid 5.2% (26) 7.84% (8)
Valencian Community and
Balearic Islands 3.8% (19) 1.96% (2)

Estremadura 2.6% (13) 2.94% (3)
Galicia 0.4% (2)
Academic level % (n)

PhD 4.4% (22) 2.94% (3)
University Degree 76.3% (382) 38.23% (39)
University Degree in progress 6.78% (34) 40.19% (41)
High school/Baccalaureate 10.77% (54) 6.86% (7)
Vocational training 1.60% (8) 11.76% (12)
Without studies 0 0

Marital status
Single 94.2% (472) 95% (97)
Married 4.4% (22) 3.92% (4)
Divorced 0.80%(4) 0.98% (1)
Widowed 0.40% (2) 0



Int. J. Environ. Res. Public Health 2022, 19, 10788 3 of 26

2.2. Instrument

The Depression Clinical Evaluation Test [18] comprises 196 items with a Likert-type
multiple response format from 0 (Almost never) to 4 points (Completely), to be answered for
three time points (last month, last year, and always), allowing the obtaining of information
on the symptom at present, in the previous year, or throughout life. The test includes
behavioural symptoms (e.g., ‘I have been drinking alcoholic beverages every time I go out’),
affective symptoms (e.g., ‘I feel sad’), somatic symptoms (e.g., ‘I wake up at night and find
it hard to fall sleep again’), cognitive symptoms (e.g., ‘It is hard for me to keep my attention
for a long time’), and interpersonal symptoms (e.g., ‘I spend less time with my partner’).

This instrument was created from a bank of 300 items that was subjected to a qualitative
evaluation by 13 PhD experts in clinical psychology, psychometry, and/or psychopathology.
They had experience in the subject due to their academic training and work experience.
They were gathered from different Spanish institutions/universities and contacted by email,
explaining the purpose of the project and asking for their collaboration. The degree of
comprehension of each item was analysed in a sample of 50 adults. The experts evaluated
the items based on the criteria of content, relevance, clarity, comprehension, sensitivity, and
offensiveness. This process involved the elimination of a total of 104 items and the premise
that the instrument had adequate construct and content validity [18].

2.3. Procedure

The test was carried out in two ways: (a) online electronic form (answered by 500 peo-
ple) through the Google Forms system, contacting participants through social networks
(Facebook, Twitter, and Instagram) by using the snowball procedure, and dissemination
of emails from the University of Granada; and (b) face-to-face (102 people of the total) in
public places (university centres, train, and bus stations). In the online form, the first page
of the questionnaire included detailed information on the study, data protection guarantees
in accordance with current regulations, and informed consent. All participants had to
respond affirmatively to the contents of this sheet before moving on to the questions of the
rest of the questionnaire. The answering of several questionnaires from the same device
was prevented by registering the IP, which eliminated duplicate questionnaires. In the
same way, automatic response patterns were analysed manually to eliminate this type of
case, and no anomalous response pattern was found.

The paper administration was carried out by a single researcher, who went to places
with a high presence of people (e.g., bus and train stations). There she indicated to the
participants the object of the study, as well as the ethical guarantees provided. Once
informed consent was given and the confidentiality clause signed, the investigator was
present during the holding of the tests to resolve any doubts that could arise.

In both procedures, to guarantee the confidentiality of the responses, the question-
naires were answered anonymously. No incentives were offered and there were no refusals
to participate in the study. The estimated time for completion was 25 min. The study was
approved by the Human Research Ethics Committee of the University of Granada with
reference 2576/CEIH/2022 and the ethical standards of the Declaration of Helsinki [25]
and its subsequent amendments were guaranteed.

2.4. Data Analysis

First, a differential item functioning analysis (DIF) of the DCET measure was con-
ducted based on the administration mode (online vs. paper). The presence of DIF implied
that the response to an item is influenced by group characteristics and not only by the level
of the construct [26,27]. The mean scores of the DCET factors were compared according to
the application modality (paper vs. online). The three-stage logistic regression procedure
was used, which is detailed in Guillot-Valdés et al. [5]. Three models were compared; 2-1
indicated a uniform DIF and 3-2 indicated a non-uniform DIF. To find evidence of the inter-
nal structure of the scale, an exploratory factor analysis (EFA) was performed, following
the MINRES method on the matrix of polychoric correlations and oblimin rotation, since a
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correlation between the factors is assumed. The Barlett sphericity and Kaiser–Meyer–Olkin
(KMO) test assumptions were tested and were found to be adequate. To determine the
initial number of factors, the R software package, nfactors, was used to estimate the various
indicators of the retention of the number of factors (i.e., Sample Size Adjusted, Parallel
Analysis, Minimum Average, and Partial Very Simple Structure). The factorisation was
checked to see if there were factors without clear loadings on any of the items or if the
saturated items lacked theoretical sense. The number of factors was reduced following this
process of reducing the number of factors and items without clear or correct saturations in
their theoretical aspects. This process was repeated until a stable solution was achieved,
where the remaining items were saturated on the appropriate factor. Factor loadings of
0.30 were considered as the minimum criterion to allow the membership of an item on its
factor. In the case of an item saturating on two factors, it was retained if the saturation was
correct on its factor and the difference was less than 0.15. Sub-factors were only unified
if they belonged to the same theoretical factor of the DCET. This process was performed
for the responses pertaining to the month temporal moment. Once an adequate and stable
factorisation was found, the same number of factors was initially used for the year and
always categories as well.

To examine the internal consistency of the instrument, the ordinal alphas were calcu-
lated for all the temporal moments and factors.

2.5. Network Analysis

A weighted and undirected network was estimated. The ‘nodes’ of the network corre-
sponded to the factors of the questionnaire and the ‘edges’ were the correlations between
them [28]. The Fruchterman–Reingold algorithm was used for the network design, which
places the most important nodes in the centre of the network and the weakest ones on
the periphery [29]. In the network, the thickness of the lines indicates the strength of the
associations between nodes. The colour of the line indicates the direction of the association
(blue lines indicate positive associations; red lines indicate negative associations). Factors
corresponding to each time point were included and grouped according to their theoretical
factors, each with a colour (Figure 1): Affective (depression, anhedonia, and guilt), Cogni-
tive (attention and death), Behavioural (substances), Interpersonal (family, distress, and
partner) and Somatic (appetite, sleep, libido, and fatigue). In order to minimize the number
of spurious relationships, network models were estimated using a least absolute shrinkage
and selection operator (LASSO), a regularisation algorithm that sets partial correlations
to zero and requires fewer parameters to estimate [30]. The function ‘estimateNetwork’
was estimated with bootnet, using ‘EBICglasso’ as the default method and 0.5 as the fitting
parameter. To see the importance of each node in the network, the degree centrality, which is
the number of connections that a node has with the others, and the expected influence, which
is the sum of all the edges of a node, were calculated.

To estimate network stability, a nonparametric bootstrap analysis was also performed,
following the procedure of Liu et al. [22]. This showed us the estimated precision of the
‘edges’ and the centrality indices [31]. To calculate the 95% confidence intervals (CI) of the
edge values and to estimate the stability of the centrality indices, 600 permutations were
performed, using a case-dropping subset bootstrapping. This method was used for the
item set of month, year, and always.

Analyses were performed with the statistical programme R 3.5.1 [32] and JASP Team
software [33]. The following R packages were used: psych [34], nFactors [35], mvtnorm [36],
car [37], tibble [38], bootnet [31], and Qgraph [39].
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3. Results
3.1. Differential Item Functioning (DIF)

Since the sampling was undertaken in two different formats, the first step was to
confirm the absence of bias between the two applications (paper and pencil). As no serious
DIF problems were observed, we proceeded to unify both samples.

In the case of the comparison for the temporal moment of month, in model 2-1 no
DIF was observed. All χ2 ranged between 0 and 0.98, with a significance greater than 0.01.
The same (χ2 values between 0.002 and 0.99, p > 0.01) was seen for model 3 vs. 2, except
for item 86 (‘I have set a time and day to commit suicide’), in which a moderate DIF was
observed: ∆ χ2 < 0.01, ∆ p = 0.993, ∆ Nagelkerke R2 = 0.052. A value of ∆ Nagelkerke R2

lower than 0.035 would indicate an inappreciable DIF from 0.035 to 0.07 or a moderate DIF,
and higher than 0.07 would be a high DIF [40].

For the temporal moment year, for both models 2-1 and 3-2, the χ2 ranged from 0
to 0.99, with a significance level greater than 0.01, and no DIF was found (∆ Nagelkerke
R2 < 0.035 in the two models).

For the temporal moment always, for both models 2-1 and 3-2, the χ2 ranged between
0 and 1. The presence of DIF was also not found.

3.2. Exploratory Factorial Analysis (EFA)

The EFA was conducted with all items (196) and all study participants (N = 602). The
KMO test result was 0.87 for the temporal moment month, 0.88 for year, and 0.84 for always.
The results of Bartlett’s test of sphericity were statistically significant (p < 0.001) in all cases.
Four factorisations were made for the temporal moments, month and always, and six for
year, leaving a total of 94 items, 12 factors for the time moment month (explaining 67% of
the variance), 11 for year (70% of the variance), and 10 for always (explaining 65% of the
variance). The name and content of each of the factors were determined after factorisation.
For this purpose, the theoretical factor of the items with the highest saturations in the
factor obtained in the analysis was analysed. This process implied excluding those items
that did not show high saturations (lower than 0.30) or the ones that saturated highly in
factors, which, theoretically, should not saturate. In the case of year, the union of two
factors (depression and anhedonia) was observed, leaving one with no explanatory load.
At the temporal moment always, the factor Libido disappeared, Couple was merged with
Family and the factor Fatigue was formed, but it was eliminated for the final version of the
questionnaire. Appendix B shows the saturations of the items, the proportion of variance
explained by each factor, and the commonalities at each of the temporal moments (month,
year, and always).
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Finally, the distribution of items was as follows: decreased attention/poorer task
performance (20 items), thoughts of death (19), depressed mood (12), anhedonia (6), sleep
disturbance (6), malaise (6), appetite disturbance (5), family impairment (5) and couple im-
pairment (4), thoughts of undervaluation and guilt (5), substance abuse (3), and decreased
libido (3).

Owing to different factorisations depending on the temporal moment, the corrections
for some of the factors vary slightly according to each factor.

3.3. Reliability

Internal consistency was estimated for each of the factors obtained and for each of the
temporal moments, while the ordinal alphas ranged from 0.75 to 0.90.

3.4. Network Analysis

The facets were grouped according to the factor to which they belong, as can be
seen in Figure 1. In this case, the affective factor grouped the facets of depressed mood,
anhedonia, and guilt, as do the somatic factor (libido, sleep, and appetite loss). However,
this was not the case with the interpersonal and cognitive factors, whose facets were
more dispersed in the network. It should be noted that all nodes established positive
connections with each other, except in the always network, where there were negative
relationships between the depressive mood and attention nodes, and between guilt and
attention (Appendix C). Thus, in the case of month and year, the expected influence values
were identical to those of the strength of centrality; so, these are not shown. As can be
seen in Figure 1 (network corresponding to the temporal moment month), the most central
nodes were depressive mood, anhedonia, and death thoughts. Some facets had stronger
connections, such as depressed mood and anhedonia, or guilt and thoughts of death. These
nodes also had a higher degree index, and, in terms of the expected influence, they were
the most influential (Figure 2), while the facets of substance abuse such as decreased libido
and clinical discomfort had lower indices and were located on the periphery of the network.
Appendix C presents the estimated networks for the temporal moments of year and always.Int. J. Environ. Res. Public Health 2022, 19, x FOR PEER REVIEW 7 of 25 
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Considering the bootstrap analyses, it can be said that the network was accurately
estimated and the centrality indices remained stable (Figures 3 and 4). The results for the
year and always moments can be seen in Appendix D.
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4. Discussion

The results show that the DCET is a valid and reliable multifactorial instrument for
detecting depressive symptoms of all the dimensions in adults, as listed by the latest
versions of the main diagnostic manuals. Although the theoretical structure comprised
20 factors, a factor analysis revealed that this number did not correspond to the actual
factorisations. As indicated in the limitations of the article on the development of the
DCET questionnaire [18], some of the factors had few items, which subsequently hindered
the actual factorisations, in which, a loss of items left empty factors that were unable to
empirically manifest the theoretical structure initially proposed. Thus, three structures of
12, 11, and 10 factors were left for the moments month, year, and always, respectively. In
this way, the test provided an independent score in each of its factors, whose high scores
corresponded to a greater presence of the specific symptomatology evaluated, so that, as
Ferrando et al. [41] point out, the selected items would measure the dimensions of the
depression construct.

It should be noted that thoughts of death and attention decrease coincided not only
in the three time points (month, year, and always), but also in the explained percentage
of variance, which was very similar, indicating that the items comprising them were the
most representative of the construct they measure, as would be expected by the theoretical
model [18]. On the other hand, the remaining factors coincided in two temporal moments,
not in all three, as cases of depressed mood, appetite loss, couple deterioration, and libido
diminution appeared in month and year, while anhedonia, clinical discomfort, and sleep
problems appeared in month and always. It should be noted that, in the factorisation of the
temporal moment always, the factor libido disappeared and that of couple deterioration
was joined with family deterioration. This could be due perhaps to the fact that several
people did not answer the items corresponding to the couple factor. As a result of this, and
because the fatigue factor was formed at this time and was later eliminated for the final
questionnaire, many items were eliminated in this temporal moment (see Table A3). The
variance explained the decrease, although with very similar values, in the different time
points measured by the DCET.

On the other hand, the network analysis helped to consolidate and clarify the pro-
posed factorial structure and it was observed that factors such as thoughts of death, an-
hedonia, and depressive mood were the most central to the network, which is consistent
with the initial theoretical approach to depression, and with previous works using this
analysis [22,42,43]. The fact that the death thought factor was so central to the network
highlights the close relationship between depression and suicide, and the importance of
preventing and addressing this symptom [44,45]. However, it should be noted that these
results are an approximation that should be completed with longitudinal studies to look
for the predictability of relationships and the possible causality between factors [46,47].

The internal consistency analyses performed in the study sample provided adequate
psychometric indicators, such as those of other questionnaires that assess depression symp-
toms, such as the BDI [48], the HADS [49], or the Zung Depression Scale [50], confirming
one of the proposed hypotheses.

Finally, as expected, the differences found in terms of the paper and online administra-
tion formats were minimal. Given the number of items, the problems were so specific that
they allowed both administrations to be unified. DIF has shown that the mode of applica-
tion does not interfere with the results obtained, ensuring that the scores can be interpreted
appropriately. The use of the internet in sample collection can be considered a viable option
for collecting data, accessing large and heterogeneous samples, and requiring less time and
financial and research staff resources [51,52]. However, the authors are aware of some of
the drawbacks associated with this format, such as the difficulty in verifying the identity of
the examinee and the consideration of the conditions under which it is completed.

This study has a number of limitations that should be taken into account. It is a
cross-sectional study in which only the DCET was administered. The fact that no other
measuring instruments were available in Spanish that contemplated the same variability of
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depressive symptoms, and the fact that the existing ones had little substantive coherence
with the ones presented in this study, prevented us from obtaining evidence of the validity
of the relationship with the other variables. Even so, future studies should focus on the
convergent validity of the instrument. In addition, it should be noted that this being a
self-reported measure, data on social desirability were not collected, and, consequently,
this bias was not controlled. In addition, the sample had a gender disproportion that may
affect the generalisability of the results. Furthermore, the sampling method was incidental
and non-randomized sampling and one of the techniques used for sampling was snowball
sampling, which accentuates community bias and may affect representativeness. However,
the exploratory nature of this work, and the possibility of reaching a more cooperative
population group from different geographical areas and not only from the university
context, supported the decision to use this sampling strategy.

Given that the main objective was more focused on the analysis of the psychome-
tric properties of the DCET, the association between depressive symptoms and socio-
demographic variables was not taken into account, so that in future research, it would be
convenient to analyse whether a greater or lesser presence of such symptoms is related
to this type of variables. In addition, it would be convenient to compare DCET scores of
clinical and non-clinical samples in order to have clinical criteria to establish the cut-off
points of the questionnaire.

Regardless of the limitations, it should be noted that the sample size was large, which
adds value to the data. In addition, the study contributes to deepening the multidimen-
sional assessment of depressive symptomatology in adults. It may have practical implica-
tions in an area of current interest. Expanding the number of instruments in Spanish that
allow their measurement in adults constitutes a preliminary step towards the development
of research in this field that will help in the prevention of depression by aiding in screening
and allowing clinicians to see progress in the treatment of depression, by comparing scores
on the questionnaire. Furthermore, this will be very useful by covering a broad spectrum
of depressive symptoms and separating them by areas.

A depression assessment instrument such as the one proposed here offers several
advantages, among which the following stand out: (a) being an instrument that represents a
construct of depression widely accepted by most researchers; (b) it allows a very exhaustive
evaluation of each symptom and will help to see the treatment evolution; (c) it orients the
clinician to the dimensions to be acted upon; (d) it evaluates symptoms at different times
(last week, month, and more than a year ago); (e) it is compatible with the DSM and ICD
diagnostic systems; (f) at a theoretical level, it allows the covariation of different factors
evaluated by the test to be analysed; (g) according to expert judgment [18], the content
validity of the test is adequate and adapts to the agreed definition of depression; and (h)
by broadly covering depressive symptomatology, this questionnaire fits the definition of
the construct.

5. Conclusions

In conclusion, and giving response to the aims of this study, it can be said that:
No statistically significant differences were found in terms of paper and online admin-

istration formats. The DIF has shown that the mode of application did not interfere with
the results obtained, ensuring that the scores can be properly interpreted.

In response to the second objective, it can be concluded that it is a valid and reliable
multifactorial instrument to detect depressive symptoms of all dimensions in adults. Three
structures of 12, 11, and 10 factors have been found for the moments month, year, and
always, respectively. In this way, the test provides an independent score on each of
its factors.

The analysis of the internal consistency provided adequate psychometric indicators
for the DCET instrument.

In the results, it was observed that depressed mood is the one that has a greater
number of items as well as a greater proportion of explained variance. Furthermore, this
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has been confirmed with the following analysis since depressed mood plays a fundamental
role in the network of depression symptoms.
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Table A1. Saturations and factorial structure of the DCET items at the moment “month” (N = 602).

Communalities
F1

Death
Thoughts

F2
Attention

F3
Depressive

Mood

F4
Anhedonia

F5
Clinical

Discomfort

F6
Sleep

F7
Guilt

F8
Appetite

F9
Couple

F10
Líbido

F11
Family

F12
Substance

Abuse

Items
72 0.907 0.869
74 0.818 0.869
59 0.830 0.854
46 0.856 0.818
73 0.907 0.794
41 0.918 0.773 0.40
58 0.778 0.762
10 0.732 0.752
11 0.828 0.742
86 0.752 0.732
87 0.750 0.708
24 0.777 0.685 0.354
7 0.739 0.684

85 0.821 0.669 0.40
57 0.716 0.625 0.31
45 0.717 0.598
6 0.502 0.605

27 0.669 0.579
56 0.889 0.853
55 0.851 0.827
70 0.812 0.820
82 0.814 0.821
38 0.850 0.802
39 0.852 0.807
62 0.826 0.800
40 0.776 0.794
69 0.768 0.748
22 0.769 0.747
68 0.651 0.661 0.330
83 0.512 0.630
29 0.430 0.616
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Table A1. Cont.

Communalities
F1

Death
Thoughts

F2
Attention

F3
Depressive

Mood

F4
Anhedonia

F5
Clinical

Discomfort

F6
Sleep

F7
Guilt

F8
Appetite

F9
Couple

F10
Líbido

F11
Family

F12
Substance

Abuse

14 0.745 0.580
75 0.727 0.568 0.33
89 0.693 0.527 0.31
44 0.593 0.498
81 0.478 0.312 0.501
51 0.521 0.432 0.304
26 0.299 0.396
63 0.877 0.326 0.745
16 0.819 0.333 0.713
78 0.783 0.361 0.696
80 0.878 0.333 0.696
64 0.877 0.678
1 0.675 0.312 0.670

53 0.851 0.381 0.669
79 0.843 0.316 0.341 0.635
52 0.684 0.306 0.607
77 0.783 0.347 0.611
32 0.685 0.407 0.585
17 0.641 0.344 0.556
25 0.632 0.583
37 0.806 0.335 0.356 0.561
21 0.589 0.305 0.409
42 0.333 0.357
15 0.301 0.844
91 0.365 0.833
8 0.545 0.362 0.496

18 0.864 0.811
2 0.785 0.303 0.756

54 0.749 0.723
66 0.626 0.690
34 0.522 0.655
3 0.462 0.601

23 0.788 0.375 0.817
33 0.897 0.419 0.823
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Table A1. Cont.

Communalities
F1

Death
Thoughts

F2
Attention

F3
Depressive

Mood

F4
Anhedonia

F5
Clinical

Discomfort

F6
Sleep

F7
Guilt

F8
Appetite

F9
Couple

F10
Líbido

F11
Family

F12
Substance

Abuse

84 0.730 0.330 0.701
65 0.413 0.365 0.438
19 0.672 0.829
4 0.628 0.751

43 0.729 0.663
67 0.714 0.318 0.615
35 0.223 0.423
50 0.435 0.744
90 0.539 0.346 0.691
76 0.618 0.580
30 0.436 0.524
5 0.548 0.745

36 0.654 0.740
20 0.588 0.717
49 0.816 0.816
28 0.780 0.788
88 0.885 0.317 0.794
60 0.656 0.646
48 0.673 0.629
12 0.645 0.381 0.642
47 0.446 0.301 0.619
% 13 14 9 8 4 4 3 3 2 2 2 2
h2 15.6 16.2 1.8 9.13 4.37 5 3.6 3.6 2 2.9 2.6 2.42

Note. The items 9, 13, 31, 61, 71, 92, 93, and 94 were eliminated in this factorisation; % = Percentage of explained variance; h2 = Communality of each factor.
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Table A2. Saturations and factorial structure of the DCET items at the moment “year” (N = 602).

F1 F2 F3 F4 F5 F6 F7 F8 F9 F10 F11

Communalities Death
Thoughts Attention

Depressive
Mood/

Anhedonia
Sleep Family Guilt Clinical

Discomfort Appetite Couple Libido Substance
Abuse

Items
76 0.903 0.837 0.314
74 0.908 0.834 0.372
46 0.855 0.831
11 0.833 0.822
59 0.854 0.817
10 0.736 0.774
75 0.844 0.767 0.316
89 0.816 0.763
41 0.912 0.747 0.474
45 0.697 0.725
58 0.764 0.714 0.385
60 0.645 0.697
88 0.773 0.650 0.426
27 0.609 0.646
24 0.747 0.639 0.412
87 0.854 0.623 0.547
7 0.760 0.610 0.512
6 0.562 0.580 0.383

57 0.739 0.567 0.399
56 0.876 0.862
72 0.802 0.806
63 0.827 0.781 0.305
40 0.726 0.781
55 0.797 0.772 0.317
84 0.783 0.770
39 0.781 0.746 0.330
38 0.766 0.724 0.330
22 0.760 0.716
70 0.701 0.702 0.303
71 0.742 0.687 0.374
77 0.619 0.631
85 0.476 0.613
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Table A2. Cont.

F1 F2 F3 F4 F5 F6 F7 F8 F9 F10 F11

Communalities Death
Thoughts Attention

Depressive
Mood/

Anhedonia
Sleep Family Guilt Clinical

Discomfort Appetite Couple Libido Substance
Abuse

91 0.577 0.608
14 0.610 0.533 0.392
29 0.426 0.459
51 0.579 0.454
44 0.583 0.446 0.338
83 0.500 0.321 0.434 0.312
26 0.316 0.431
64 0.870 0.790
82 0.905 0.313 0.783
80 0.860 0.306 0.332 0.748
81 0.869 0.356 0.330 0.733
16 0.815 0.334 0.724
65 0.743 0.716
52 0.748 0.340 0.689
79 0.799 0.356 0.685
53 0.814 0.363 0.680
1 0.676 0.352 0.652

17 0.696 0.313 0.316 0.643
32 0.740 0.305 0.617
66 0.713 0.360 0.579
9 0.482 0.572

25 0.617 0.545
21 0.574 0.528
8 0.547 0.483 0.334

18 0.822 0.800
2 0.784 0.32 0.742

68 0.727 0.716
54 0.769 0.303 0.684
34 0.517 0.669
3 0.528 0.653

49 0.854 0.307 0.799
90 0.916 0.304 0.785
28 0.815 0.771
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Table A2. Cont.

F1 F2 F3 F4 F5 F6 F7 F8 F9 F10 F11

Communalities Death
Thoughts Attention

Depressive
Mood/

Anhedonia
Sleep Family Guilt Clinical

Discomfort Appetite Couple Libido Substance
Abuse

61 0.664 0.318 0.657
48 0.720 0.420 0.623
23 0.752 0.368 0.826
33 0.801 0.339 0.817
86 0.785 0.725
67 0.517 0.319 0.532
73 0.602 0.421 0.432
93 0.675 0.770
15 0.587 0.672
94 0.846 0.513 0.612
31 0.833 0.575 0.583
62 0.834 0.561 0.563
19 0.797 0.804
4 0.732 0.372 0.744

43 0.761 0.742
69 0.705 0.608
35 0.357 0.533
92 0.633 0.365 0.712
78 0.565 0.648
50 0.442 0.646
30 0.638 0.544
20 0.597 0.708
36 0.691 0.708
5 0.461 0.543

47 0.859 0.897
12 0.679 0.772
13 0.473 0.609

% 13 12 18 4 4 3 3 2 3 2 2
h2 14.6 14.2 2.5 5.2 4.2 3.9 3.4 3.3 2.6 3.1 2.5

Note. The items 37 and 42 were eliminated in this factorisation. % = Percentage of explained variance; h2 = Communality of each factor.
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Table A3. Saturations and factorial structure of the DCET items at the moment “always” (N = 602).

F1 F2 F3 F4 F5 F6 F7 F8 F9 F10

Communalities Death
Thoughts Attention Depressive

Mood Anhedonia Clinical
discomfort Sleep Family/Couple Guilt Appetite Substance

Abuse

Items
76 0.939 0.910
74 0.918 0.905
59 0.837 0.881
75 0.856 0.864
41 0.895 0.853
46 0.864 0.834
89 0.557 0.826
11 0.781 0.808
45 0.823 0.794
58 0.743 0.788
87 0.842 0.762
88 0.761 0.761
60 0.682 0.756
27 0.694 0.750
7 0.781 0.733

24 0.725 0.729
10 0.699 0.728
57 0.728 0.677
6 0.615 0.653

56 0.805 0.864
72 0.802 0.861
63 0.781 0.820
40 0.686 0.794
39 0.823 0.792
55 0.823 0.787
84 0.761 0.773
22 0.694 0.766
38 0.773 0.760
71 0.651 0.690
70 0.582 0.683
85 0.397 0.585
77 0.568 0.543
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Table A3. Cont.

F1 F2 F3 F4 F5 F6 F7 F8 F9 F10

Communalities Death
Thoughts Attention Depressive

Mood Anhedonia Clinical
discomfort Sleep Family/Couple Guilt Appetite Substance

Abuse

91 0.575 0.523
14 0.620 0.483 0.475
44 0.571 0.436 0.308 0.315
83 0.353 0.394 0.329
29 0.435 0.362
26 0.250 0.333
53 0.834 0.588 0.345
16 0.766 0.577 0.398
32 0.709 0.569
81 0.875 0.559 0.432
80 0.865 0.559 0.396
82 0.881 0.556 0.399
52 0.790 0.546 0.385
64 0.819 0.542 0.383
37 0.730 0.318 0.315 0.700
25 0.616 0.670
9 0.475 0.559

66 0.643 0.373 0.510
21 0.428 0.505
42 0.235 0.481
93 0.594 0.691
15 0.523 0.645
31 0.796 0.462 0.607
94 0.782 0.476 0.318 0.588
62 0.786 0.409 0.322 0.583
8 0.505 0.432 0.457

18 0.858 0.806
2 0.813 0.772

68 0.712 0.705
3 0.588 0.686

34 0.512 0.654
54 0.615 0.562
90 0.889 0.397 0.757
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Table A3. Cont.

F1 F2 F3 F4 F5 F6 F7 F8 F9 F10

Communalities Death
Thoughts Attention Depressive

Mood Anhedonia Clinical
discomfort Sleep Family/Couple Guilt Appetite Substance

Abuse

49 0.825 0.756
28 0.786 0.417 0.709
48 0.648 0.601
61 0.551 0.571
73 0.704 0.684
43 0.639 0.300 0.640
19 0.564 0.618
4 0.623 0.608
69 0.689 0.608
35 0.215 0.373
47 0.743 0.837
12 0.739 0.317 0.735
13 0.457 0.661

% 19 12 11 4 4 4 4 4 3 3
h2 20.4 12.5 11.4 11.3 3.8 4.4 3.8 3.5 2.4 2.1

Note. The items 5, 20, 23, 30, 33, 36, 50, 51, 67, 78, 86 and 92 were eliminated in this factorisation; % = Percentage of explained variance; h2 = Communality of each factor.
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Figure A2. Estimated correlation network for the factors evaluated with the DCET (temporal mo-
ment ‘year’). Note—The most central nodes in the network are “depressed mood/anhedonia” and 
“attention”. Notably, the strongest connections are established between these two nodes and be-
tween “depressed mood/anhedonia” and “clinical distress”, as well as between “thoughts of death” 
and “guilt”. 
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ment ‘year’). Note—The most central nodes in the network are “depressed mood/anhedonia” and
“attention”. Notably, the strongest connections are established between these two nodes and be-
tween “depressed mood/anhedonia” and “clinical distress”, as well as between “thoughts of death”
and “guilt”.
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Figure A3. Centrality measures for the DCET factors for the moment ‘year’ (z-scores). Note—
Depr/Anhedonia: Depressive Affect and Anhedonia form one single factor in the temporal mo-
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Figure A4. Estimated correlation network for the factors evaluated with the DCET (temporal mo-
ment ‘always’). Note—The most central nodes are “death” and “depressed mood”. The strongest 
relationship is established between “thoughts of death” and “attention”. It should be noted that 
some negative relationships are established in this network; although, they are quite weak.  
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Figure A5. Centrality measures for the DCET factors for the moment ‘always’ (z-scores). Note—In 
this case, the force indices are also presented, since, as there are some negative relationships between 
the nodes, they are not equal to those of expected influence, as is the case for the other time moments. 
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this case, the force indices are also presented, since, as there are some negative relationships between
the nodes, they are not equal to those of expected influence, as is the case for the other time moments.
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Figure A6. Precision in the estimation of the edges (red line, in the order of the highest to the lowest), 
and the 95% confidence interval of the estimates (gray line) for the network in the ‘year’ moment, 
estimated with the non-parametric bootstrap procedure. 

  

Figure A6. Precision in the estimation of the edges (red line, in the order of the highest to the lowest),
and the 95% confidence interval of the estimates (gray line) for the network in the ‘year’ moment,
estimated with the non-parametric bootstrap procedure.
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