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Abstract: The present study evaluated the ability of five obesity-related parameters, including a
body shape index (ABSI), conicity index (CI), body roundness index (BRI), body mass index (BMI),
and waist-to-height ratio (WtHR) for predicting increased cardiometabolic risk in a population of
elderly Colombians. A cross-sectional study was conducted on 1502 participants (60.3% women,
mean age 70 ± 7.6 years) and subjects’ weight, height, waist circumference, serum lipid indices, blood
pressure, and fasting plasma glucose were measured. A cardiometabolic risk index (CMRI) was
calculated using the participants’ systolic and diastolic blood pressure, triglycerides, high-density
lipoprotein and fasting glucose levels, and waist circumference. Following the International
Diabetes Federation definition, metabolic syndrome was defined as having three or more metabolic
abnormalities. All surrogate anthropometric indices correlated significantly with CMRI (p < 0.01).
Receiver operating characteristic curve analysis of how well the anthropometric indices identified
high cardiometabolic risk showed that WtHR and BRI were the most accurate indices. The best
WtHR and BRI cut-off points in men were 0.56 (area under curve, AUC 0.77) and 4.71 (AUC 0.77),
respectively. For women, the WtHR and BRI cut-off points were 0.63 (AUC 0.77) and 6.20 (AUC 0.77),
respectively. In conclusion, BRI and WtHR have a moderate discriminating power for detecting high
cardiometabolic risk in older Colombian adults, supporting the idea that both anthropometric indices
are useful screening tools for use in the elderly.

Keywords: anthropometric indices; diagnosis criteria; metabolic syndrome; cardiometabolic
risk; elderly

1. Introduction

Metabolic syndrome (MetS) is a complex cluster of cardiovascular risk factors associated with
a sedentary lifestyle, poor nutrition, and consequent overweight. It is also strongly associated with
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other abnormalities linked to cardiovascular disease (CVD), including glucose intolerance (type 2
diabetes, impaired glucose tolerance, or impaired fasting glycemia), insulin resistance, abdominal
obesity, dyslipidemia, and hypertension [1]. Accordingly, MetS increases the risk of developing
diseases of cardiovascular origin, such as acute myocardial infarction, ischemic stroke, or coronary
heart disease [2]. Indeed, the prevalence of CVD attributable to MetS is estimated at around 12–17% [3].
Several studies have examined the presence of MetS in Latin America, reporting associated factors
including advanced age, having Hispanic or indigenous heritage, physical inactivity, high alcohol
intake, smoking, history of hypertension or type 2 diabetes (first-degree family members), and having
a low socioeconomic status (reviewed in [4]). The general prevalence of MetS in Latin-American
countries has been established as 24.9% (range: 18.8–43.3%) and is slightly more frequent in women
(25.3%) than in men (23.2%).

The clinical utility of identifying MetS in older adults has been much debated because, among the
issues raised, it has been argued that there is no consensus on the clinical criteria for screening the
elderly population to identify patients likely to be characterized with MetS. In this line, several clinical
criteria and cut-off points have been proposed. For instance, the cardiometabolic risk index (CMRI) in
older adults, measured as a continuous summary score, might represent an important intermediate or
preclinical outcome that can be measured prior to the onset of disease, and could provide opportunities
for prevention. As a marker of cardiometabolic disease risk, the use of adult CMRI severity z-scores has
been suggested as an accurate method to detect overall metabolic changes [5]. This continuous score
would be more sensitive to small and large changes that do not modify the most recent Joint Interim
Statement of the International Diabetes Federation (IDF) Task Force on Epidemiology and Prevention
criteria [6]. Thus, an increase in cholesterol from 150 to 250 mg/dl would have no impact on the IDF
score, but would be reflected as a non-trivial change in the continuous CMRI [7]. Nevertheless, there is
no validated or harmonized consensus for defining CMRI in older adults, and several continuous
CMRI scores have been reported in the literature, as described in previous narrative reviews.

Measurements of anthropometric indices are inexpensive and non-invasive, and are easily
conducted as part of normal health exams. Interestingly, anthropometric measurements such as body
mass index (BMI), waist circumference (WC), and waist-to-height ratio (WtHR) show a close correlation
with MetS components and could thus be useful surrogate markers for predicting MetS [8–10].
That being said, there remains controversy over which anthropometric indices [11] are the most
appropriate predictors of cardiometabolic disease [12]. In 2012, Krakauer and Krakauer developed
“A Body Shape Index” (ABSI), based on WC adjusted for height and weight [13], and demonstrated
that a high ABSI is associated with the accumulation of excess abdominal adipose tissue and seems
to be a substantial risk factor for premature mortality in the general population [13]. In a similar
vein, the conicity index (CI), an index of abdominal obesity, has been considered useful for detecting
central obesity, and has been studied as a predictor for alterations in fasting insulin, blood pressure,
and triglyceride levels [14]. Lastly, in 2013, Thomas and colleagues [15] developed the body roundness
index (BRI), which combines height and WC to predict the percentage of body fat. When compared with
other anthropometric indices, BRI was optimal for identifying MetS, insulin resistance, inflammatory
factors [16], and arterial stiffness [17] in obese and overweight populations. However, to date,
few studies have evaluated the predictive ability of BRI, ABSI, or CI compared with traditional metrics,
such as BMI and WtHR, with regard to CMRI in older adults [18–20].

South America has undergone a rapid epidemiologic transition, including a non-communicable
disease epidemic [21] and adverse lifestyle changes that could contribute to increase a cluster of
cardiometabolic risk factors such as MetS [4]. To the best of our knowledge, the predictive power
of anthropometric measurements, which can be measured easily in a routine health exam, has not
been assessed in elderly Latin-American individuals with high cardiovascular risk, for whom the
early detection of risk factors is essential for prevention of CVD. This is particularly true in Colombia,
where anthropometric index measurements and blood collection are not usually standard in the annual
health exam, and, to date, there have been few studies conducted in the general older population.
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For these reasons, the aim of the present study was to evaluate the prevalence of MetS using
a CMRI among older adults from Colombia, and validate the associated anthropometric surrogate
markers. We also compared the predictive ability of BRI, ABSI, CI, BMI, and WtHR to determine
whether there is a single best CMRI predictor.

2. Materials and Methods

2.1. Study Design and Participants

The data for this secondary cross-sectional study was obtained from the 2015 Colombian Health,
Well-Being and Aging Survey (SABE 2015, from the Spanish: SAlud, Bienestar and Envejecimiento,
2015), a multicenter project conducted from 2014 to 2015 by the Pan-American Health Organization and
supported by the Epidemiological Office of the Ministry of Health and Social Protection of Colombia
(https://www.minsalud.gov.co/). The survey is a cross-sectional tool for exploring and evaluating
several aspects that intervene in the phenomenon of aging and old age in the Colombian population [19].
Details of the survey have been previously published [19]. SABE 2015 was a joint venture between the
Ministry of Health and Social Protection and the Administrative Department of Science, Technology
and Innovation in Colombia.

The sample was regionally representative and involved self-representation in large cities,
with urban-rural stratification of the sample and stage selection in accordance with the municipal
map available from the Ministry of Health and Social Protection, with the following hierarchy:
municipalities, urban/rural segments, homes or sidewalks, homes, and people. The study included
the Colombian population ≥60 years old, and the indicators were disaggregated by age range, sex,
ethnicity, and socioeconomic level. To calculate the original sample size, the non-institutionalized
Colombian population aged ≥60 years was considered, and the following parameters were used:
minimum estimable proportion = 0.03, design effect = 1.2, and Relative Standard Error = 0.05 (1.2).
The universe of study comprised 99% of the population residing in private homes in both urban and
rural areas.

A total of 23,694 surveys were conducted across the country and 6365 total population segments
were investigated in 246 municipalities. As Bogotá is the capital it was independently selected,
with a total of 545 urban segments and one rural segment. The average number of adults per
segment was 4.2. The estimation of means or proportions was conducted to a level of precision
of up to 6% of the maximum expected error, at a level of national disaggregation only. The basic
procedure for the population survey was a face-to-face interview using a structured questionnaire.
The interviewers visited the selected homes, carrying the appropriate identification. At each home
visited, the standardized process involved the following: identifying the participants, registering
the demographic data, obtaining the signed informed consent, applying the established filters and
selection criteria, obtaining a signed assent form when necessary, and completion of the questionnaire
by the interviewer. A total of 1502 participants from 86 municipalities were included in this analysis.

The institutional review boards involved in developing the SABE 2015 study (the University of
Caldas, ID protocol CBCS-021-14, and the University of Valle, ID protocol 09-014 and O11-015) reviewed
and approved the study protocol. Written informed consent was obtained from each individual before
inclusion and completion of the first examination. One of the authors (C.A.C.-G.) applied to the Ministry
of Health and Social Protection of Colombia and obtained permission to use publicly available data for
research and teaching purposes (permission and details available at https://www.minsalud.gov.co/).
The study protocol for the secondary analysis was approved by the Human Subjects Committee at the
Pontificia Universidad Javeriana (ID protocol 20/2017-2017/180, FM-CIE-0459-17) in accordance with
the Declaration of Helsinki (World Medical Association) and Resolution 8430 from 1993, of the then
Colombian Ministry of Health, on technical, scientific, and administrative standards for conducting
research with humans.

https://www.minsalud.gov.co/
https://www.minsalud.gov.co/
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2.2. Anthropometric Measurements

The research teams of the coordinating centers (Caldas and Valle universities, Colombia)
trained the data collection staff to carry out the face-to-face interviews and physical measurements.
Anthropometric measurements included height and body weight, which were measured using a
portable stadiometer (SECA 213®, Hamburg, Germany) and an electronic scale (Kendall graduated
platform scale), respectively. BMI was estimated in kg/m2 from the measured body weight and
height. WC was measured using inextensible anthropometric tape with the subjects standing erect
and relaxed, with their arms at their sides and their feet positioned close together, parallel to the floor.
WtHR was calculated as the ratio of WC (cm) to height (cm). The other anthropometric indexes (BRI,
ABSI, and CI) were calculated using the following formulas: BRI = 364.2 − 365.5 (1 − π-2 WC2 (m)
Height−2 (m))1/2 [15]; ABSI = WC (m)/(BMI2/3(kg/m2)Height1/2 (m)) [13]; CI = 0.109−1 WC (m) (Weight
(kg)/Height (m))−1/2 [22].

2.3. Serum Biochemical Examination

After an overnight fast, blood was collected in the morning. Blood samples were centrifuged for
10 min at 3000 rpm, 30 min after sampling. All samples were delivered to a single central laboratory
(Dinamica Laboratories, Bogotá, Colombia) for analysis within 24 h. Serum fasting glucose, low-density
lipoprotein cholesterol (LDL-C), high-density lipoprotein cholesterol (HDL-C), total cholesterol,
and triglycerides (TG) were analyzed using enzymatic colorimetric methods (Olympus AU5200,
Melville, NY, USA). Low-density lipoprotein cholesterol (LDL-C) was estimated using the Friedewald
equation ((LDL-C) = (Total Cholesterol) – (HDL-C) − ((TG)/5)).

2.4. Blood Pressure Determination

We measured systolic (SBP) and diastolic (DBP) blood pressure levels using an automatic blood
pressure monitor (OMRON HEM-705, Omron Healthcare Co., Ltd., Kyoto, Japan), following the
recommendations of the American College of Cardiology Foundation/American Heart Association
2011 Expert Consensus Document on Hypertension in the Elderly [23]. Values were recorded after
5 min of rest in the sitting position and three consecutive measures were obtained, waiting for at least
30 s between readings. The average of the three values for each measurement were used in the analysis.

2.5. Diagnostic Criteria of Metabolic Syndrome

MetS was defined according to the most recent Joint Interim Statement of the IDF [6] by adopting
the Ethnic Central and South American criteria for WC. Participants were classified as having MetS if
they had at least three of following metabolic risk factors or components (MetS-components): abdominal
obesity (WC ≥90 cm for Latin-American males and ≥80 cm for Latin-American females), elevated
TG (fasting serum TG ≥150 mg/dL or taking medication for abnormal lipid levels), low HDL-C
(fasting serum HDL-C <40 mg/dL in males and <50 mg/dL in females, or specific treatment for
this lipid abnormality), elevated blood pressure (SBP ≥130 mmHg or DBP ≥85 mmHg or taking
hypertension medication), or elevated fasting glucose (serum glucose level ≥100 mg/dL or taking
diabetes medication).

2.6. Definition of Cardiometabolic Risk Index

We calculated the CMRI as a continuous score of the MetS risk factors. The CMRI was calculated
using sex- and race-specific algorithms for the IDF criteria cut-off values, using the values of the
participants’ SBP and DBP, TG, HDL-C, fasting glucose, and WC. For each of these variables, a z-score
was computed as the number of standard deviation (SD) units from the sample mean after normalization
of the variables, that is, z-score = ((value − sample mean)/sample SD)). The HDL-C z-score was
multiplied by −1 to indicate higher cardiovascular risk with increasing value. Individuals with a
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CMRI ≥ 1 SD above the mean were identified as having increased cardiometabolic risk, and a lower
CMRI (<1 SD) being indicative of a healthier risk profile.

2.7. Co-Variables

For lifestyle characteristics, personal habits regarding alcohol intake (participants were categorized
as those who do not drink and those who drink less than one day per week, two to six days a week, or
every day) and cigarette smoking (participants were categorized as those who do not smoke and those
who have never-smoked, those who currently smoke or those who previously smoked) were recorded.
A “proxy physical activity” report was conducted by the following questions: (i) “Have you regularly
exercised, such as jogging or dancing, or performed rigorous physical activity at least three times a
week for the past year?”; (ii) “do you walk at least three times a week between nine and 20 blocks
(1.6 km) without resting?”; (iii) “do you walk at least three times a week eight blocks (0.5 km) without
resting?”. Participants were considered physically active if they responded affirmatively to two of the
three questions [24].

Medical information including multimorbidity, as well as chronic conditions adapted from the
original SABE study, was assessed by asking the participants if they had been medically diagnosed
with hypertension, type 2 diabetes mellitus, chronic obstructive pulmonary disease, CVD (heart attack,
angina), stroke, cancer, arthritis, osteoporosis, or sensory impairments (vision and hearing loss).

Race/ethnicity was self-reported and grouped into indigenous (people belonging to various
indigenous groups such as Ika, Kankuamo, Emberá, Misak, Nasa, Wayuu, Awuá, and Mokane); black,
“mulatto”, or Afro-Colombian; white; and other (mestizo, gypsy, etc.).

Socioeconomic status was determined on a scale of one to six based on the housing stratum,
with one representing the highest level of poverty and six the greatest wealth. This classification
was developed by the National Government of Colombia and considers the physical characteristics
of the dwellings as well as their surroundings. Classification into one of the six strata was taken to
approximate the hierarchical socioeconomic differences from poverty to wealth.

2.8. Statistical Analysis

Descriptive analyses using the mean ± SD or standard error (SE) for the continuous variables,
median and interquartile range for the skewed continuous variables, and the frequency distribution of
the categorical variables were used to determine the characteristics of the sample. Data normality was
examined using the Kolmogorov–Smirnoff test. Significant differences between men and women were
analyzed using Student’s t-test, Wilcoxon rank-sum test, or chi-square (χ2) post-hoc test. To visualize
the relationship between CMRI and anthropometric indices, Spearman and Pearson correlation and
linear regression analysis were applied to the total sample and individual genders. The linear regression
analysis was adjusted by age as a covariate.

The area under receiver operating characteristic (ROC) curves was calculated to evaluate the
abilities of the anthropometric indices to predict high CMRI. Cut-off points were proposed after
calculation of Youden’s Index (sensitivity + specificity − 1) [25]. The DeLong et al. [26] non-parametric
approach was used to compare the areas under the ROC curves. Since abdominal obesity is a component
of CMRI, we conducted a multicollinearity test for the anthropometric indices that included WC (WtHR,
CI, BRI, and ABSI), and the variance inflation factor (VIF) was calculated. Each cardiometabolic risk
factor among BMI, WtHR, BRI, ABSI, and CI was determined using analysis of variance without any
adjustment and then after adjusting (analysis of covariance, ANCOVA) for ethnicity, socio-economic
status, smoking status, alcohol intake, physical activity “proxy”, and medical conditions (i.e., presence
or absence of osteoporosis, CVD, hypertension, type 2 diabetes, cancer, or respiratory diseases) as
covariates, followed by Tukey’s test. Collinearity was tested between all anthropometric indexes that
included WC; a VFI > 10, was interpreted as high collinearity [27].

Statistical analyses were performed using SPSS v24.0 (IBM, Armonk, NY, USA) and JASP v0.9
(JASP Team, Amsterdam, The Netherlands). Statistical significance was defined as p < 0.05.
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3. Results

3.1. Baseline Characteristics of the Participants

The participants´ characteristics are summarized in Table 1. Of the 1502 older adults studied,
60.3% were women, and the mean age was 70 ± 7.6 years. The prevalence of smoking (9.7%), alcohol
intake (12.7%), and a physical activity proxy (17.7%) was relatively low, but significantly higher
in CMRI ≥ 1 SD than in CMRI < 1 SD (alcohol: 13.1% vs. 12.6%, p < 0.001). The means (SD or
range interquartile) of the WtHR, BMI, BRI, ABSI, and CI in the overall sample were 0.59 (0.1),
27.3 (24−30) kg/m2, 5.2 (4.1−6.3), 0.081 (0.078−0.085), and 22.2 (20.9−23.8), respectively. The overall
prevalence of MetS was 58.7%. Significant differences were found between the high/low CMRI status
groups for almost all characteristics, with the exception of height, LDL-C and HDL-C levels.

Table 1. Characteristics of study participants according to high (≥ 1 SD) and low (< 1 SD) cardiometabolic
risk index (CMRI) status among Colombian older adults.

Characteristics Total Sample
(n = 1502)

High CMRI
≥ 1 SD (n = 397)

Low CMRI
< 1 SD (n = 1105) p-Value

Sex, n (%)

Men 596 (39.7) 141 (23.7) 455 (76.3) <0.001
Women 906 (60.3) 254 (28.0) 652 (72.0) <0.001

Socioeconomic status
1 456 (30.4) 121 (30.5) 335 (32.1) <0.001
2 635 (42.3) 176 (44.3) 459 (41.5) <0.001
3 375 (25.0) 98 (24.7) 277 (25.1) <0.001
4 29 (1.9) 2 (0.5) 27 (2.4) <0.001

>5 7 (0.5) 0 (0.0) 7 (0.6) N.A

Ethnic group
Indigenous 78 (5.2) 25 (6.3) 53 (4.8) 0.002

Black 119 (7.9) 28 (7.1) 91 (8.2) <0.001
White 396 (26.4) 106 (26.7) 290 (26.2) <0.001
Others 909 (60.5) 194 (48.9) 512 (46.3) <0.001

Smoking status, n (%)
Yes 145 (9.7) 29 (7.3) 116 (10.5) <0.001
No 1357 (90.3) 368 (92.7) 989 (89.5) <0.001

Alcohol intake, n (%)

Yes 191 (12.7) 52 (13.1) 139 (12.6) <0.001
No 1310 (87.2) 345 (86.9) 965 (87.3) <0.001

Physical Activity “proxy”, n (%)
Physically active 266 (17.7) 70 (17.6) 196 (17.7) 0.980

Non-Physically active 1231 (82.0) 323 (81.4) 908 (82.2) <0.001

Anthropometric measures/indices
Height (m) 1.55 (1.49–1.62) 1.54 (1.49–1.62) 1.55 (1.49–1.62) 0.170
Weight (kg) 64 (57–72) 71 (63–79) 62 (55–69) <0.001

Waist circumference (cm) 92 (85–100) 101 (93–107) 89 (83–97) <0.001
Body mass index (kg/m2) 27 (24–30) 29.7 (26.7–33) 26.1 (23.3–29) <0.001

WtHR 0.59 (0.1) 0.64 (0.06) 0.57 (0.06) <0.001
BRI 5.2 (4.1–6.3) 6.4 (5.3–7.7) 4.8 (3.9–5.9) <0.001

ABSI (m11/6
· kg −2/3) 0.081 (0.078–0.085) 0.083 (0.080–0.086) 0.081 (0.077–0.084) <0.001

CI 22.2 (20.9–23.8) 21.1 (19.8–22.4) 22.6 (21.4–24.1) <0.001

Metabolic syndrome components, n (%)
Prevalence of MetS 811 (58.7) 308 (77.6) 503 (45.5) <0.001
Abdominal obesity 1177 (78.4) 374 (94.2) 803 (72.7) <0.001

Hypertension 790 (52.6) 304 (76.6) 486 (44.0) <0.001
High levels of fasting glucose 465 (31.0) 220 (55.4) 245 (22.2) <0.001

High levels of triglycerides 696 (46.3) 253 (63.7) 443 (40.1) <0.001
Low levels of HDL-C 821 (54.7) 219 (55.2) 602 (54.5) 0.393
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Table 1. em Cont.

Characteristics Total Sample
(n = 1502)

High CMRI
≥ 1 SD (n = 397)

Low CMRI
< 1 SD (n = 1105) p-Value

Cardiometabolic measurements
SBP (mmHg) 130 (117–145) 142 (130–163) 126 (114–140) <0.001
DBP (mmHg) 72 (65–79) 78 (72–86) 70 (64–77) <0.001
MBP (mmHg) 92 (84–101) 100 (91–111) 89 (81–97) <0.001

Total cholesterol (mg/dL) 193 (166–221) 202 (171–232) 190 (164–216) <0.001
Triglycerides (mg/dL) 144 (105–192) 174 (134–252) 134 (101–180) <0.001

LDL-C (mg/dL) 126 (102–149) 127 (103–152) 125 (102–147) 0.116
HDL-C (mg/dL) 43 (36–53) 43 (36–54) 44 (36–53) 0.740
Glucose (mg/dL) 94 (86–102) 102 (93–121) 91 (84–98) <0.001

CMRI −0.21 (−1.41–1.07) 2.00 (1.44–2.84) −0.83 (−1.83–0.05) <0.001

Self-report comorbid chronic diseases, n (%)
Hypertension 826 (55.0) 249 (62.7) 577 (52.2) <0.001

Diabetes 245 (16.3) 113 (28.5) 132 (11.9) <0.001
Respiratory diseases 165 (11.0) 49 (12.3) 116 (10.5) <0.001

Cardiovascular diseases 213 (14.2) 155 (39.0) 58 (5.2) <0.001
Stroke 70 (4.7) 22 (5.5) 48 (4.3) <0.001

Osteoporosis 184 (12.3) 66 (16.6) 118 (10.7) <0.001
Cancer 80 (5.3) 56 (14.1) 24 (2.2) <0.001

Hearing loss 360 (24.1) 89 (22.4) 271 (24.5) <0.001
Vision loss 851 (56.7) 228 (57.4) 623 (56.4) <0.001

Skewed continuous variables are reported as median and interquartile range (Q3-Q1), for non-skewed continuous
variables mean values (standard deviations (SD)) are given, and categorical variables are reported as numbers
and percentages in brackets. Significant between-sex differences (Student’s t-test, Wilcoxon rank-sum test or χ2).
BMI: body mass index; WtHR: waist-to-height ratio; BRI: body roundness index; ABSI: a body shape index; CI:
conicity index; LDL-C: low-density lipoprotein cholesterol; HDL-C: high-density lipoprotein cholesterol; CMRI:
cardiometabolic risk index. p-values marked in bold are significant.

3.2. Association between Surrogate Anthropometric Indices with CMRI

Linear regression analyses of surrogate anthropometric indices and CMRI on the total sample and
also stratified by sex are shown in Figure 1. Overall, we found an acceptable-to-moderate positive
correlation of CMRI with WtHR (r = 0.52, p < 0.001), ABSI (r = 0.17, p < 0.001), BMI (r = 0.46, p < 0.001),
and BRI (r = 0.52, p < 0.001), whereas CI was negatively correlated with CMRI (r = −0.42, p < 0.001).
When analyzing by sex, the decreasing order of the correlation coefficients in men was WtHR (r = 0.50,
p < 0.001), BRI (r = 0.50, p < 0.001), BMI (r = 0.49, p < 0.001), CI (r = −0.46, p < 0.001), and ABSI (r = 0.16,
p < 0.001), while in women the decreasing order of the correlation coefficients was WtHR (r = 0.55,
p < 0.001), BRI (r = 0.54, p < 0.001), BMI (r = 0.45, p < 0.01), CI (r = −0.44, p < 0.001), and ABSI (r = 0.22,
p < 0.001).
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Figure 1. Association between surrogate anthropometric indices and CMRI, on the total sample and
stratified by sex. BMI: body mass index; WtHR: waist to height ratio; BRI: body roundness index; ABSI:
a body shape index; CI: conicity index; CMRI: cardiometabolic risk index.



Nutrients 2019, 11, 1701 9 of 16

3.3. Optimal Cut-Offs for Screening for CMRI by Sex

The ROC curve analyses of the diagnostic performance of BMI, WtHR, BRI, ABSI, and CI in
identifying a high cardiometabolic risk are shown in Table 2 and Figure 2. In men, when considering the
full sample, the best cut-off vales of BMI, WtHR, BRI, ABSI, and CI for detecting high cardiometabolic
risk (CMRI ≥ 1 SD) were 25.2 (area under curve, AUC 0.76, sensitivity 84.4% and specificity 54.7%),
0.56 (AUC 0.77, sensitivity 83.6% and specificity 58.9%), 4.71 (AUC 0.77, sensitivity 83.6% and specificity
58.9%), 0.083 (AUC 0.60, sensitivity 69.5% and specificity 53.6%), and 22.9 (AUC 0.75, sensitivity
72.3% and specificity 65.9%), respectively. For women, the best cut-off values of BMI, WtHR, BRI,
ABSI, and CI for detecting high cardiometabolic risk (CMRI ≥ 1 SD) were 28.4 (AUC 0.71, sensitivity
69.5% and specificity 64.1%), 0.63 (AUC 0.77, sensitivity 64.4% and specificity 76.7%), 6.20 (AUC 0.77,
sensitivity 65.2% and specificity 76.1%), 0.080 (AUC 0.62, sensitivity 68.7% and specificity 51.6%),
and 21.0 (AUC 0.71, sensitivity 63.6% and specificity 70.2%), respectively.

Table 2. Cut-off points, area under curve, sensitivity and specificity for BMI, WtHR, BRI, ABSI, and CI
to detect high cardiometabolic risk (CMRI ≥ 1 SD) by sex.

Parameters
BMI WtHR BRI ABSI CI

Men Women Men Women Men Women Men Women Men Women

Area under curve 0.76 0.71 0.77 0.77 0.77 0.77 0.60 0.62 0.75 0.71
p-value <0.0001 <0.0001 <0.0001 <0.0001 <0.0001 <0.0001 <0.0001 <0.0001 <0.0001 <0.0001

Optimal cut-off 25.2 28.4 0.56 0.63 4.71 6.20 0.083 0.080 22.9 21.0
Youden index J 0.39 0.33 0.42 0.41 0.42 0.41 0.23 0.20 0.38 0.33
Sensitivity (%) 84.4 69.5 83.6 64.4 83.6 65.2 69.5 68.7 72.3 63.6
Specificity (%) 54.7 64.1 58.9 76.7 58.9 76.1 53.6 51.6 65.9 70.2

(+) Likelihood ratio 1.83 1.93 2.00 2.70 2.04 2.74 1.50 1.42 2.12 2.14
(–) Likelihood ratio 0.29 0.48 0.28 0.47 0.28 0.46 0.57 0.60 0.42 0.52

BMI: body mass index; WtHR: waist to height ratio; BRI: body roundness index; ABSI: a body shape index;
CI: conicity index.
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Figure 2. Diagnostic performance of surrogate anthropometric indices to detect high risk of CMRI by
gender. BMI: body mass index; WtHR: waist-to-height ratio; BRI: body roundness index; ABSI: a body
shape index; CI: conicity index.

The ROC curves were compared using a pairwise comparison method and the differences between
the five methods are shown in Table 3. Independently of sex, the ROC-AUC of WtHR did not
significantly differ from that of BRI. The results indicated that WtHR and BRI seem to provide the best
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results in Colombian older adults, owing to their greater precision in identifying subjects with a high
cardiometabolic risk.

Table 3. Pairwise comparison for receiver operating characteristic (ROC) curves among Colombian
older adults by sex.

Parameters BMI–
WtHR

BMI–
BRI

BMI–
ABSI

BMI–
CI

WtHR–
BRI

WtHR–
ABSI

WtHR–
CI

BRI–
ABSI

BRI–
CI

ABSI–
CI

Men

Diff. AUC 0.000 0.00 0.15 0.01 0.00 0.16 0.01 0.16 0.02 0.14
SE 0.01 0.01 0.03 0.00 0.00 0.02 0.01 0.02 0.01 0.03

p-value 0.542 0.540 0.001 0.220 0.090 0.001 0.100 0.001 0.090 0.001

Women

Diff. AUC 0.06 0.06 0.08 0.00 0.00 0.15 0.06 0.15 0.06 0.08
SE 0.01 0.01 0.03 0.00 0.00 0.02 0.01 0.02 0.01 0.03

p-value 0.001 0.001 0.001 0.99 0.97 0.001 0.001 0.001 0.001 0.001

AUC: area under curve; SE: standard error; BMI: body mass index; WtHR: waist to height ratio; BRI: body roundness
index; ABSI: a body shape index; CI: conicity index. P-values marked in bold are significant.

3.4. Sex Thresholds for Surrogate Anthropometric Indices to Screen for CMRI

Thresholds were determined for each of the surrogate anthropometric indices for the low/high
CMRI in males and females, with corresponding differences in cardiometabolic parameters (Figure 2
and Table 4). In all groups (healthy/unhealthy) thresholds may be used to categorize individuals into
one of two risk categories (i.e., low and high), on the combined basis of sex and surrogate anthropometric
indices. In both sexes, after adjusting for ethnicity, socioeconomic status, smoking status, alcohol intake,
physical activity proxy, and medical conditions (presence or absence of osteoporosis, CVD, hypertension,
diabetes, cancer, and respiratory disease), the ANCOVA revealed that there were differences in blood
pressure, HDL-C, and glucose in the BMI and CI parameters. By contrast, diagnostic performance
results for CMRI without the central obesity component (i.e., WC) revealed lower accuracy (AUC) in
all thresholds for surrogate anthropometric indices (Supplementary Material Table S1).

Finally, the collinearity test for all anthropometric indices that included WC in their calculation
was found to be negative for BRI (VFI: 9.3), ABSI (VFI: 3.5), and WtHR (VFI: 9.1) and positive for CI
(VFI: 10.9).
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Table 4. Adjusted thresholds for surrogate anthropometric indices with cardiometabolic measurements among Colombian older adults by sex.

Variables Cut-Off
BMI WtHR BRI ABSI CI

Mean (SE) p-Value Mean (SE) p-Value Mean (SE) p-Value Mean (SE) p-Value Mean (SE) p-Value

Men

SBP (mmHg) healthy 130.1 (1.5)
0.001

131.7 (1.5)
0.107

131.5 (1.4)
0.045

134.7 (2.1)
0.477

131.3 (1.3)
0.005unhealthy 136.1 (1.3) 135.0 (1.3) 135.6 (1.4) 133.3 (1.1) 136.6 (1.5)

DBP (mmHg) healthy 72.3 (0.8)
0.001

73.8 (0.8)
0.250

73.7 (0.7)
0.131

76.1 (13.4)
0.176

73.1 (0.7)
0.003unhealthy 76.3 (0.7) 75.3 (0.7) 75.4 (0.7) 74.1 (0.6) 76.5 (0.8)

MBP (mmHg) healthy 91.5 (1.0)
0.001

93.1 (0.9)
0.148

92.9 (0.9)
0.064

95.5 (1.3)
0.282

92.4 (0.8)
0.003unhealthy 96.1 (0.8) 95.0 (0.8) 95.4 (0.9) 93.8 (0.7) 96.4 (0.9)

Total cholesterol (mg/dL) healthy 189.5 (2.0)
0.011

190.0 (2.5)
0.010

188.0 (2.4)
0.099

186.6 (3.5)
0.947

186.6 (2.2)
0.224unhealthy 181.8 (2.2) 181.2 (2.2) 182.4 (2.3) 184.7 (1.9) 183.1 (2.5)

Triglycerides (mg/dL) healthy 149.6 (5.7)
0.22

149.4 (5.6)
0.088

151.4 (5.3)
0.176

147.4 (7.8)
00.085

150.7 (4.9)
00.054unhealthy 162.7 (4.9) 163.2 (4.9) 162.5 (5.2) 160.0 (4.2) 165.4 (5.6)

LDL-C (mg/dL) healthy 123.5 (2.2)
0.055

123.7 (2.1)
0.058

122.5 (2.0)
0.211

119.8 (3.0)
0.511

121.3 (1.9)
0.467unhealthy 118.4 (1.8) 118.1 (1.9) 118.8 (1.9) 120.8 (1.6) 119.6 (2.1)

HDL-C (mg/dL) healthy 45.1 (0.7)
0.001

44.3 (0.7)
0.001

44.3 (12.4)
0.001

45.4 (1.0)
0.001

43.9 (0.6)
0.001unhealthy 39.5 (0.6) 39.6 (0.6) 39.3 (9.5) 40.8 (0.5) 39.2 (0.7)

Glucose (mg/dL) healthy 93.7 (1.5)
0.005

93.9 (1.5)
0.009

93.6 (1.4)
0.002

98.0 (2.1)
0.519

95.0 (1.3)
0.028unhealthy 99.1 (1.3) 99.0 (1.3) 99.8 (1.4) 96.4 (1.1) 99.0 (1.5)

CMRI
healthy −1.09 (0.1)

0.001
−1.05 (0.1)

0.001
−1.05 (0.1)

0.001
−0.66 (0.18)

0.010
−0.87 (0.11)

0.001unhealthy 0.36 (0.1) 0.36 (0.1) 0.50 (0.1) −0.13 (0.09) 0.53 (0.12)

Women

SBP (mmHg) healthy 130.4 (1.1)
0.530

130.6 (1.0)
0.942

130.6 (1.0)
0.935

129.8 (1.2)
0.639

130.4 (1.0)
0.537unhealthy 131.1 (1.1) 130.8 (1.3) 130.8 (1.3) 131.4 (1.0) 131.1 (1.2)

DBP (mmHg) healthy 70.9 (0.5)
0.021

71.6 (0.5)
0.458

71.6 (0.5)
0.414

72.0 (0.6)
0.993

71.1 (0.5)
0.034unhealthy 72.9 (10.5) 72.3 (0.6) 72.3 (0.6) 71.8 (0.5) 73.1 (0.6)

MBP (mmHg) healthy 90.6 (0.6)
0.097

91.2 (0.6)
0.721

91.2 (0.6)
0.691

91.2 (0.7)
0.823

90.8 (0.6)
0.139unhealthy 92.3 (0.7) 91.7 (0.8) 91.8 (0.8) 91.6 (0.6) 92.4 (0.7)

Total cholesterol (mg/dL) healthy 203.7 (1.9)
0.233

204.1 (1.8)
0.098

203.9 (1.8)
0.149

202.0 (2.1)
0.572

203.2 (1.8)
0.376unhealthy 200.4 (2.1) 198.8 (2.3) 199.0 (2.4) 202.2 (1.9) 200.5 (2.2)

Triglycerides (mg/dL) healthy 161.1 (4.0)
0.111

160.8 (3.7)
0.059

161.2 (3.7)
0.068

157.0 (4.4)
0.044

162.3 (3.8)
0.159unhealthy 170.8 (4.3) 173.5 (4.8) 173.4 (4.9) 172.4 (3.9) 170.7 (4.7)

LDL-C (mg/dL) healthy 132.3 (1.7)
0.258

132.6 (1.6)
0.164

132.5 (1.5)
0.132

132.0 (34.8)
0.812

132.0 (1.6)
0.381unhealthy 129.8 (1.8) 128.8 (2.0) 128.8 (2.1) 131.1 (37.4) 129.9 (2.0)

HDL-C (mg/dL) healthy 48.8 (0.6)
0.009

48.8 (0.5)
0.001

48.6 (0.5)
0.007

48.7 (13.9)
0.104

48.5 (0.5)
0.018unhealthy 46.1 (0.6) 45.4 (0.7) 45.6 (0.7) 46.9 (12.3) 46.1 (0.7)

Glucose (mg/dL) healthy 97.3 (1.1)
0.016

96.8 (1.0)
0.001

96.6 (1.0)
0.001

98.1 (1.2)
0.241

97.0 (1.0)
0.002unhealthy 101.2 (1.2) 102.9 (1.3) 103.5 (1.3) 99.9 (1.1) 102.3 (1.3)

CMRI
healthy −0.61 (0.09)

0.001
−0.57 (0.08)

0.001
−0.56 (0.08)

0.001
−0.32 (0.10)

0.001
−0.52 (0.08)

0.001unhealthy 0.82 (0.09) 1.09 (0.10) 1.16 (0.01) 0.36 (0.09) 0.94 (0.10)

Data reported as mean and standard error (SE). BMI: body mass index; WtHR: waist-to-height ratio; BRI: body roundness index; ABSI: a body shape index; CI: conicity index; SBP: systolic
blood pressure; DBP: diastolic blood pressure; MBP: mean blood pressure. p-value from ANCOVA analysis performed with ethnicity, socio-economic status, smoking status, alcohol intake,
physical activity “proxy”, and medical conditions (i.e., presence or absence of osteoporosis, cardiovascular diseases, hypertension, diabetes, cancer, or respiratory disease) as covariates.
p-values marked in bold are significant.
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4. Discussion

Metabolic abnormalities including elevated blood pressure, hypertriglyceridemia, low levels
of HDL-C, impaired glucose tolerance and central obesity, have been proposed as cardiometabolic
risk factors for CVD and all-cause mortality [28,29]. For this reason, identifying a screening tool for
detecting high cardiometabolic risk in older adults is particularly important, as this might facilitate
the early implementation of effective strategies to those at high risk. This study investigated multiple
anthropometric measurements for predicting cardiometabolic risk in a large population of older
Colombian adults. Firstly, we demonstrated that all the surrogate anthropometric indices including
BMI, WtHR, BRI, ABSI, and CI significantly correlated with CMRI. Secondly, we showed that WtHR
and BRI are the most accurate anthropometric indices for identifying adults at high cardiometabolic
risk, supporting the hypothesis that these two indices could effectively predict cardiometabolic risk in
the elderly Colombian population.

In the present study, conducted on a representative cohort of older adults, the overall prevalence
of MetS was 58.7% according to IDF criteria. These findings differ slightly from the results of
Davila et al., who showed that the prevalence of MetS among adults from Medellin (Colombia)
aged 25–64 was 41% [30]. Furthermore, the Cardiovascular Risk Factor Multiple Evaluation in Latin
America (CARMELA) study estimated a prevalence of 30.1% in men and 48.6% in women, respectively,
in the 55–64 age group in Bogotá [31]. The differences in prevalence could be explained by either the
MetS cluster used, since the CARMELA study defined MetS according to the National Cholesterol
Education Program Adult Treatment Panel III, or the age range of the target populations (55–64 vs.
≥60). Nonetheless, there is a high prevalence of MetS in Latin American populations and, accordingly,
there is growing interest in developing accurate tools for identifying subjects at high risk and defining
cut-off points for anthropometric indices for detecting high CMRI.

BRI is a novel body index that has recently shown promise for clinical use [15]. We found that
BRI has a moderate discriminating power for detecting high cardiometabolic risk in older Colombian
adults, supporting the diagnostic potential of this new shape measure. We found that BRI performed
better as a predictor of a high CMRI than BMI, the standard measure. Similarly, Tian et al. observed that
BRI was suitable for use as a single anthropometric measure for identifying a cluster of cardiometabolic
abnormalities, as compared with BMI and WtHR, using data from the 2009 wave of the China Health
and Nutrition Survey [32]. Likewise, a recent study assessing the ability of BRI to predict the risk
of MetS and its components in Peruvian adults concluded that BRI is a potentially useful clinical
predictor of MetS that performs better than BMI [18]. BRI also showed potential for use as an alternative
obesity measure in type 2 diabetes mellitus assessment among a rural population from northeastern
China, although it performed similarly to BMI [33]. Additionally, Maessen et al. found that BRI could
identify both the presence of CVD and cardiovascular risk factors in a population-based study in
Nijmegen, the Netherlands, although the authors indicated that its capacity did not exceed that of
BMI [19]. The heterogeneity of the population characteristics (ethnicity and age range) might explain
the differences between these studies.

We demonstrated that WtHR is also an accurate screening tool for detecting a high cardiometabolic
risk in older Colombian adults. Indeed, we found that WtHR was a better predictor of cardiometabolic
risk than other anthropometric indices (BMI, CI, and ABSI). Wang et al. [34] also indicated that when
evaluating cardiometabolic risk factors among non-obese adults, WtHR functioned as a simple but
effective index for Chinese adults and, similarly, Amirabdollahian et al. [35] concluded that WtHR
was the best predictor of cardiometabolic risk in a population of young adults from northwestern
England. Comparable results were reported in a previous systematic review and meta-analysis
involving 300,000 adults from several ethnic groups [36], showing the superiority of WtHR over
BMI for detecting cardiometabolic risk factors in both sexes. However, it should be noted that the
aforementioned studies did not compare WtHR with ABSI or BRI.
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Interestingly, it should be noted that the greatest AUC values were observed for WtHR and BRI in
men and women, suggesting that both body indices are capable of detecting a high cardiometabolic risk
in the elderly. In addition, the AUC of WtHR did not differ significantly from that of BRI. This highlights
the similar diagnostic capabilities of the two anthropometric indices. Furthermore, the AUC value of
BRI for identifying metabolic risk factors was very close to that of WtHR in a Chinese population of
adults [37]. In fact, Wang et al. concluded that although BRI does not exhibit a significantly better
predictive ability than WtHR, it could be used as an alternative body index [34].

Our results showed that ABSI presented the lowest AUC for high cardiometabolic risk in men
and women. These observations are consistent with previous studies [18–20,35,37,38]. Tian et al.
reported that ABSI had the weakest discriminative power for identifying a cluster of cardiometabolic
abnormalities [32]. Similarly, ABSI exhibited the lowest AUC value for identifying cardiometabolic
risk factors compared with WtHR and BRI in Chinese adults [37], and a study involving an Iranian
population also reported that ABSI was a weak predictor of CVD risk and MetS [38]. In the same line,
Stefanescu et al. found that ABSI underperformed against other measures such as BMI and BRI for
predicting MetS and its components [18], and Maessen et al. reported that ABSI was incapable of
determining the presence of CVD in a Dutch population [19]. Thus, based on both our results and
those of previous research, it can be concluded that ABSI does not seem to be a useful anthropometric
index for predicting cardiometabolic risk.

The present study has some limitations and strengths that should be mentioned. Firstly,
the cross-sectional design of the study meant that causality could not be inferred. Secondly, all of the
study participants were of Latin-American ethnicity and resident in Colombia. This may therefore
limit the generalizability of our results to other ethnic groups. Further studies involving other
populations are therefore warranted. By contrast, the main strength of our study is that we provide
gender-specific thresholds for various surrogate anthropometric indices (BMI, WtHR, BRI, ABSI,
and CI) with cardiometabolic measurements among older Colombian adults. To our knowledge,
no research has previously been published assessing the efficacy of these anthropometric indices for
predicting a high CMRI in a Latin-American population. Lastly, the large sample size and the highly
standardized procedures of the SABE project, which minimized measurement bias, were also major
strengths of this study [39,40].

5. Conclusions

In conclusion, BRI and WtHR have a moderate discriminating power for determining a high
cardiometabolic risk in a Colombian population of older adults, supporting the notion that both
anthropometric indices should be considered as screening tools for the elderly. Both anthropometric
indices were the most accurate among those tested for identifying men and women at a high
cardiometabolic risk. In addition, we provide the first BMI, WtHR, BRI, ABSI, and CI thresholds
for predicting a high CRMI in older Colombian adults. These data are clinically significant,
as anthropometric index reference thresholds can be used to identify those adults who are at high
cardiometabolic risk. Further investigation is required to provide reference values applicable to
different populations.

Supplementary Materials: The following are available online at http://www.mdpi.com/2072-6643/11/8/1701/s1,
Table S1: Area under curve for BMI, WHTR, BRI, ABSI, and CI to detect cardiometabolic risk (without WC) by sex.

Author Contributions: Data curation, R.R.-V., and M.Á.P.-S.; Formal analysis, R.R.-V., and M.Á.P.-S.; Investigation,
R.R.-V., C.A.C.-G., J.S.-R., K.G.-R. and M.C.-R.; Methodology, R.R.-V., E.G.-J., J.S.-R., K.G.-R. and M.C.-R.; Project
administration, C.A.C.-G.; Resources, C.A.C.-G. and K.G.-R; Supervision, C.A.C.-G. and E.G.-J.; Validation, M.I.,
K.G.-R. and M.C.-R.; Writing—original draft, R.R.-V., M.Á.P.-S., K.G.-R. and M.C.-R.; Writing—review and editing,
R.R.-V., M.I., E.G.-J., J.S.-R. and M.C.-R.

Funding: This study is part of a larger project that has been funded by the Colciencias y Ministerio de Salud y la
Protección Social de Colombia (The SABE Study ID 2013, no. 764). Mikel Izquierdo is funded in part by a research
grant PI17/01814 of the Ministerio de Economía, Industria y Competitividad (ISCIII, FEDER).

http://www.mdpi.com/2072-6643/11/8/1701/s1


Nutrients 2019, 11, 1701 14 of 16

Acknowledgments: We would like to thank the staff, scientists, and participants of the Colombian Health,
Well-Being and Aging study (SABE, 2015) Survey for making this work possible.

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Mente, A.; Yusuf, S.; Islam, S.; McQueen, M.J.; Tanomsup, S.; Onen, C.L.; Rangarajan, S.; Gerstein, H.C.;
Anand, S.S. INTERHEART Investigators Metabolic Syndrome and Risk of Acute Myocardial Infarction.
J. Am. Coll. Cardiol. 2010, 55, 2390–2398. [CrossRef] [PubMed]

2. Chien, K.-L.; Hsu, H.-C.; Sung, F.-C.; Su, T.-C.; Chen, M.-F.; Lee, Y.-T. Metabolic syndrome as a risk factor for
coronary heart disease and stroke: An 11-year prospective cohort in Taiwan community. Atherosclerosis 2007,
194, 214–221. [CrossRef] [PubMed]

3. Boden-Albala, B.; Sacco, R.L.; Lee, H.-S.; Grahame-Clarke, C.; Rundek, T.; Elkind, M.V.; Wright, C.;
Giardina, E.-G.V.; DiTullio, M.R.; Homma, S.; et al. Metabolic Syndrome and Ischemic Stroke Risk. Stroke
2008, 39, 30–35. [CrossRef] [PubMed]

4. Márquez-Sandoval, F.; Macedo-Ojeda, G.; Viramontes-Hörner, D.; Fernández Ballart, J.; Salas Salvadó, J.;
Vizmanos, B. The prevalence of metabolic syndrome in Latin America: A systematic review. Public Health
Nutr. 2011, 14, 1702–1713. [CrossRef] [PubMed]

5. DeBoer, M.D.; Gurka, M.J.; Woo, J.G.; Morrison, J.A. Severity of the metabolic syndrome as a predictor of
type 2 diabetes between childhood and adulthood: The Princeton Lipid Research Cohort Study. Diabetologia
2015, 58, 2745–2752. [CrossRef] [PubMed]

6. Alberti, K.G.M.M.; Eckel, R.H.; Grundy, S.M.; Zimmet, P.Z.; Cleeman, J.I.; Donato, K.A.; Fruchart, J.-C.;
James, W.P.T.; Loria, C.M.; Smith, S.C.; et al. Harmonizing the Metabolic Syndrome. Circulation 2009, 120,
1640–1645. [CrossRef] [PubMed]

7. Correa-Rodríguez, M.; Ramírez-Vélez, R.; Correa-Bautista, J.; Castellanos-Vega, R.; Arias-Coronel, F.;
González-Ruíz, K.; Alejandro Carrillo, H.; Schmidt-RioValle, J.; González-Jiménez, E. Association of
Muscular Fitness and Body Fatness with Cardiometabolic Risk Factors: The FUPRECOL Study. Nutrients
2018, 10, 1742. [CrossRef]

8. Ramírez-Vélez, R.; Correa-Bautista, J.; Carrillo, H.; González-Jiménez, E.; Schmidt-RioValle, J.;
Correa-Rodríguez, M.; García-Hermoso, A.; González-Ruíz, K. Tri-Ponderal Mass Index vs. Fat Mass/Height3
as a Screening Tool for Metabolic Syndrome Prediction in Colombian Children and Young People. Nutrients
2018, 10, 412. [CrossRef]

9. Ramírez-Vélez, R.; Correa-Bautista, J.; González-Ruíz, K.; Tordecilla-Sanders, A.; García-Hermoso, A.;
Schmidt-RioValle, J.; González-Jiménez, E. The Role of Body Adiposity Index in Determining Body Fat
Percentage in Colombian Adults with Overweight or Obesity. Int. J. Environ. Res. Public Health 2017, 14,
1093. [CrossRef] [PubMed]

10. Knowles, K.M.; Paiva, L.L.; Sanchez, S.E.; Revilla, L.; Lopez, T.; Yasuda, M.B.; Yanez, N.D.; Gelaye, B.;
Williams, M.A. Waist Circumference, Body Mass Index, and Other Measures of Adiposity in Predicting
Cardiovascular Disease Risk Factors among Peruvian Adults. Int. J. Hypertens. 2011, 2011. [CrossRef]

11. Browning, L.M.; Hsieh, S.D.; Ashwell, M. A systematic review of waist-to-height ratio as a screening tool
for the prediction of cardiovascular disease and diabetes: 0·5 could be a suitable global boundary value.
Nutr. Res. Rev. 2010, 23, 247–269. [CrossRef] [PubMed]

12. Dobbelsteyn, C.; Joffres, M.; MacLean, D.; Flowerdew, G. A comparative evaluation of waist circumference,
waist-to-hip ratio and body mass index as indicators of cardiovascular risk factors. The Canadian Heart
Health Surveys. Int. J. Obes. 2001, 25, 652–661. [CrossRef] [PubMed]

13. Krakauer, N.Y.; Krakauer, J.C. A New Body Shape Index Predicts Mortality Hazard Independently of Body
Mass Index. PLoS ONE 2012, 7, e39504. [CrossRef] [PubMed]

14. Mantzoros, C.; Evagelopoulou, K.; Georgiadis, E.; Katsilambros, N. Conicity Index as a Predictor of Blood
Pressure Levels, Insulin and Triglyceride Concentrations of Healthy Premenopausal Women. Horm. Metab.
Res. 1996, 28, 32–34. [CrossRef] [PubMed]

15. Thomas, D.M.; Bredlau, C.; Bosy-Westphal, A.; Mueller, M.; Shen, W.; Gallagher, D.; Maeda, Y.; McDougall, A.;
Peterson, C.M.; Ravussin, E.; et al. Relationships between body roundness with body fat and visceral adipose
tissue emerging from a new geometrical model. Obesity 2013, 21, 2264–2271. [CrossRef] [PubMed]

http://dx.doi.org/10.1016/j.jacc.2009.12.053
http://www.ncbi.nlm.nih.gov/pubmed/20488312
http://dx.doi.org/10.1016/j.atherosclerosis.2006.07.033
http://www.ncbi.nlm.nih.gov/pubmed/16979176
http://dx.doi.org/10.1161/STROKEAHA.107.496588
http://www.ncbi.nlm.nih.gov/pubmed/18063821
http://dx.doi.org/10.1017/S1368980010003320
http://www.ncbi.nlm.nih.gov/pubmed/21486521
http://dx.doi.org/10.1007/s00125-015-3759-5
http://www.ncbi.nlm.nih.gov/pubmed/26380985
http://dx.doi.org/10.1161/CIRCULATIONAHA.109.192644
http://www.ncbi.nlm.nih.gov/pubmed/19805654
http://dx.doi.org/10.3390/nu10111742
http://dx.doi.org/10.3390/nu10040412
http://dx.doi.org/10.3390/ijerph14101093
http://www.ncbi.nlm.nih.gov/pubmed/28934175
http://dx.doi.org/10.4061/2011/931402
http://dx.doi.org/10.1017/S0954422410000144
http://www.ncbi.nlm.nih.gov/pubmed/20819243
http://dx.doi.org/10.1038/sj.ijo.0801582
http://www.ncbi.nlm.nih.gov/pubmed/11360147
http://dx.doi.org/10.1371/journal.pone.0039504
http://www.ncbi.nlm.nih.gov/pubmed/22815707
http://dx.doi.org/10.1055/s-2007-979126
http://www.ncbi.nlm.nih.gov/pubmed/8820992
http://dx.doi.org/10.1002/oby.20408
http://www.ncbi.nlm.nih.gov/pubmed/23519954


Nutrients 2019, 11, 1701 15 of 16

16. Li, G.; Wu, H.; Wu, X.; Cao, Z.; Tu, Y.; Ma, Y.; Li, B.; Peng, Q.; Cheng, J.; Wu, B.; et al. The feasibility of two
anthropometric indices to identify metabolic syndrome, insulin resistance and inflammatory factors in obese
and overweight adults. Nutrition 2019, 57, 194–201. [CrossRef] [PubMed]

17. Li, G.; Yao, T.; Wu, X.-W.; Cao, Z.; Tu, Y.-C.; Ma, Y.; Li, B.-N.; Peng, Q.-Y.; Wu, B.; Hou, J. Novel and traditional
anthropometric indices for identifying arterial stiffness in overweight and obese adults. Clin. Nutr. 2019.
[CrossRef] [PubMed]

18. Stefanescu, A.; Revilla, L.; Lopez, T.; Sanchez, S.E.; Williams, M.A.; Gelaye, B. Using A Body Shape Index
(ABSI) and Body Roundness Index (BRI) to predict risk of metabolic syndrome in Peruvian adults. J. Int.
Med. Res. 2019. [CrossRef]

19. Maessen, M.F.H.; Eijsvogels, T.M.H.; Verheggen, R.J.H.M.; Hopman, M.T.E.; Verbeek, A.L.M.; de Vegt, F.
Entering a New Era of Body Indices: The Feasibility of a Body Shape Index and Body Roundness Index to
Identify Cardiovascular Health Status. PLoS ONE 2014, 9, e107212. [CrossRef] [PubMed]

20. Krakauer, N.Y.; Krakauer, J.C. Untangling Waist Circumference and Hip Circumference from Body Mass
Index with a Body Shape Index, Hip Index, and Anthropometric Risk Indicator. Metab. Syndr. Relat. Disord.
2018, 16, 160–165. [CrossRef] [PubMed]

21. Popkin, B.M.; Reardon, T. Obesity and the food system transformation in Latin America. Obes. Rev. 2018, 19,
1028–1064. [CrossRef] [PubMed]

22. Valdez, R. A simple model-based index of abdominal adiposity. J. Clin. Epidemiol. 1991, 44, 955–956.
[CrossRef]

23. Aronow, W.S.; Banach, M. Ten most important things to learn from the ACCF/AHA 2011 expert consensus
document on hypertension in the elderly. Blood Press. 2012, 21, 3–5. [CrossRef] [PubMed]

24. Ramírez-Vélez, R.; Correa-Bautista, J.E.; García-Hermoso, A.; Cano, C.A.; Izquierdo, M. Reference values
for handgrip strength and their association with intrinsic capacity domains among older adults. J. Cachexia
Sarcopenia Muscle 2019, 10, 278–286. [CrossRef] [PubMed]

25. Bewick, V.; Cheek, L.; Ball, J. Statistics review 13: Receiver operating characteristic curves. Crit. Care 2004, 8,
508–512. [CrossRef] [PubMed]

26. DeLong, E.R.; DeLong, D.M.; Clarke-Pearson, D.L. Comparing the areas under two or more correlated
receiver operating characteristic curves: A nonparametric approach. Biometrics 1988, 44, 837–845. [CrossRef]
[PubMed]

27. Kutner, M.H.; Nachtsheim, C.; Neter, J. Applied Linear Regression Models; McGraw-Hill/Irwin: New York, NY,
USA, 2004; ISBN 0073014664.

28. Tune, J.D.; Goodwill, A.G.; Sassoon, D.J.; Mather, K.J. Cardiovascular consequences of metabolic syndrome.
Transl. Res. 2017, 183, 57–70. [CrossRef] [PubMed]

29. Hamer, M.; Stamatakis, E. Metabolically healthy obesity and risk of all-cause and cardiovascular disease
mortality. J. Clin. Endocrinol. Metab. 2012, 97, 2482–2488. [CrossRef]

30. Davila, E.P.; Quintero, M.A.; Orrego, M.L.; Ford, E.S.; Walke, H.; Arenas, M.M.; Pratt, M. Prevalence and risk
factors for metabolic syndrome in Medellin and surrounding municipalities, Colombia, 2008–2010. Prev. Med.
2013, 56, 30–34. [CrossRef]

31. Escobedo, J.; Schargrodsky, H.; Champagne, B.; Silva, H.; Boissonnet, C.P.; Vinueza, R.; Torres, M.;
Hernandez, R.; Wilson, E. Prevalence of the Metabolic Syndrome in Latin America and its association with
sub-clinical carotid atherosclerosis: The CARMELA cross sectional study. Cardiovasc. Diabetol. 2009, 8, 52.
[CrossRef]

32. Tian, S.; Zhang, X.; Xu, Y.; Dong, H. Feasibility of body roundness index for identifying a clustering of
cardiometabolic abnormalities compared to BMI, waist circumference and other anthropometric indices:
The China Health and Nutrition Survey, 2008 to 2009. Medicine 2016, 95, e4642. [CrossRef] [PubMed]

33. Chang, Y.; Guo, X.; Chen, Y.; Guo, L.; Li, Z.; Yu, S.; Yang, H.; Sun, Y. A body shape index and body roundness
index: Two new body indices to identify diabetes mellitus among rural populations in northeast China.
BMC Public Health 2015, 15, 794. [CrossRef] [PubMed]

34. Wang, H.; Liu, A.; Zhao, T.; Gong, X.; Pang, T.; Zhou, Y.; Xiao, Y.; Yan, Y.; Fan, C.; Teng, W.; et al. Comparison
of anthropometric indices for predicting the risk of metabolic syndrome and its components in Chinese
adults: A prospective, longitudinal study. BMJ Open 2017, 7, e016062. [CrossRef] [PubMed]

http://dx.doi.org/10.1016/j.nut.2018.05.004
http://www.ncbi.nlm.nih.gov/pubmed/30176572
http://dx.doi.org/10.1016/j.clnu.2019.03.029
http://www.ncbi.nlm.nih.gov/pubmed/31056289
http://dx.doi.org/10.1177/0300060519848854
http://dx.doi.org/10.1371/journal.pone.0107212
http://www.ncbi.nlm.nih.gov/pubmed/25229394
http://dx.doi.org/10.1089/met.2017.0166
http://www.ncbi.nlm.nih.gov/pubmed/29649376
http://dx.doi.org/10.1111/obr.12694
http://www.ncbi.nlm.nih.gov/pubmed/29691969
http://dx.doi.org/10.1016/0895-4356(91)90059-I
http://dx.doi.org/10.3109/08037051.2011.615902
http://www.ncbi.nlm.nih.gov/pubmed/21991999
http://dx.doi.org/10.1002/jcsm.12373
http://www.ncbi.nlm.nih.gov/pubmed/30843369
http://dx.doi.org/10.1186/cc3000
http://www.ncbi.nlm.nih.gov/pubmed/15566624
http://dx.doi.org/10.2307/2531595
http://www.ncbi.nlm.nih.gov/pubmed/3203132
http://dx.doi.org/10.1016/j.trsl.2017.01.001
http://www.ncbi.nlm.nih.gov/pubmed/28130064
http://dx.doi.org/10.1210/jc.2011-3475
http://dx.doi.org/10.1016/j.ypmed.2012.10.027
http://dx.doi.org/10.1186/1475-2840-8-52
http://dx.doi.org/10.1097/MD.0000000000004642
http://www.ncbi.nlm.nih.gov/pubmed/27559964
http://dx.doi.org/10.1186/s12889-015-2150-2
http://www.ncbi.nlm.nih.gov/pubmed/26286520
http://dx.doi.org/10.1136/bmjopen-2017-016062
http://www.ncbi.nlm.nih.gov/pubmed/28928179


Nutrients 2019, 11, 1701 16 of 16

35. Amirabdollahian, F.; Haghighatdoost, F. Anthropometric Indicators of Adiposity Related to Body Weight
and Body Shape as Cardiometabolic Risk Predictors in British Young Adults: Superiority of Waist-to-Height
Ratio. J. Obes. 2018, 2018, 8370304. [CrossRef] [PubMed]

36. Ashwell, M.; Gunn, P.; Gibson, S. Waist-to-height ratio is a better screening tool than waist circumference
and BMI for adult cardiometabolic risk factors: Systematic review and meta-analysis. Obes. Rev. 2012, 13,
275–286. [CrossRef] [PubMed]

37. Liu, P.J.; Ma, F.; Lou, H.P.; Zhu, Y.N. Comparison of the ability to identify cardiometabolic risk factors
between two new body indices and waist-to-height ratio among Chinese adults with normal BMI and waist
circumference. Public Health Nutr. 2017, 20, 984–991. [CrossRef] [PubMed]

38. Haghighatdoost, F.; Sarrafzadegan, N.; Mohammadifard, N.; Asgary, S.; Boshtam, M.; Azadbakht, L.
Assessing body shape index as a risk predictor for cardiovascular diseases and metabolic syndrome among
Iranian adults. Nutrition 2014, 30, 636–644. [CrossRef] [PubMed]

39. Perez-Sousa, M.A.; Venegas-Sanabria, L.C.; Chavarro-Carvajal, D.A.; Cano-Gutierrez, C.A.; Izquierdo, M.;
Correa-Bautista, J.E.; Ramírez-Vélez, R. Gait speed as a mediator of the effect of sarcopenia on dependency
in activities of daily living. J. Cachexia Sarcopenia Muscle 2019. [CrossRef] [PubMed]

40. Gomez, F.; Corchuelo, J.; Curcio, C.L.; Calzada, M.T.; Mendez, F. SABE Colombia: Survey on Health,
Well-Being, and Aging in Colombia-Study Design and Protocol. Curr. Gerontol. Geriatr. Res. 2016, 2016.
[CrossRef]

© 2019 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1155/2018/8370304
http://www.ncbi.nlm.nih.gov/pubmed/30515323
http://dx.doi.org/10.1111/j.1467-789X.2011.00952.x
http://www.ncbi.nlm.nih.gov/pubmed/22106927
http://dx.doi.org/10.1017/S1368980016003281
http://www.ncbi.nlm.nih.gov/pubmed/27989263
http://dx.doi.org/10.1016/j.nut.2013.10.021
http://www.ncbi.nlm.nih.gov/pubmed/24800666
http://dx.doi.org/10.1002/jcsm.12444
http://www.ncbi.nlm.nih.gov/pubmed/31066999
http://dx.doi.org/10.1155/2016/7910205
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Materials and Methods 
	Study Design and Participants 
	Anthropometric Measurements 
	Serum Biochemical Examination 
	Blood Pressure Determination 
	Diagnostic Criteria of Metabolic Syndrome 
	Definition of Cardiometabolic Risk Index 
	Co-Variables 
	Statistical Analysis 

	Results 
	Baseline Characteristics of the Participants 
	Association between Surrogate Anthropometric Indices with CMRI 
	Optimal Cut-Offs for Screening for CMRI by Sex 
	Sex Thresholds for Surrogate Anthropometric Indices to Screen for CMRI 

	Discussion 
	Conclusions 
	References

