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Abstract: This study evaluated the predictive ability of 11 obesity- and lipid-related parameters,
including body mass index (BMI), waist circumference (WC), waist-to-height ratio (WtHR), body
roundness index (BRI), “A” body-shape index (ABSI), conicity index (C), visceral adiposity index
(VAI), triglyceride-to-glucose fasting index (TyG), triglyceride-to-glucose fasting related to BMI
(TyG-BMI), triglyceride-to-glucose fasting related to WC (TyG-WC), and triglyceride-to-glucose
fasting related to WtHR (TyG-WtHR), to identify patients from an elderly Colombian population with
a high risk of prediabetes according to the 2016 American Diabetes Association criteria. The data
were obtained from the 2015 Colombian Health and Wellbeing and Aging Survey. A total of 3307
elderly Colombian individuals (aged over 60 years) were included. Anthropometric data, fasting
plasma glucose, blood lipid profiles, family history, and health-related behaviors were assessed, and
prediabetes was defined as a fasting plasma glucose of 100 to 125 mg/dL. The areas under the receiver
operating characteristic (ROC) curves (AUCs) were calculated for each anthropometric indicator,
using the prediabetes classification to identify their sensitivity and specificity, and these indicated that
the prevalence of prediabetes was 25.3% in this population. After adjusting for potential confounding
factors, the TyG index was strongly associated with the odds of having prediabetes in both sexes,
and multivariate logistic regression analysis showed that the ORs for prediabetes increased across
quartiles (p < 0.001). The TyG index was best able to identify prediabetes in either sex (AUC and
optimal cut-off = 0.700 and 8.72, and 0.695 and 8.92 for men and women, respectively), suggesting
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that compared to the other parameters, the TyG index has the best discriminative power to predict
prediabetes in the whole population. Thus, we propose the TyG index be used as a complementary
marker for assessing prediabetes in older adults.

Keywords: adiposity; prediabetes; lipids; anthropometric measure; elderly

1. Introduction

Prediabetes is a complex, multifactorial metabolic disorder that extends beyond glucose control.
The presence of prediabetes increases the risk of developing type 2 diabetes mellitus (T2DM) 3-fold
to 10-fold [1]. In addition, previous studies have reported that there are cause–effect relationships
between prediabetes and cardiovascular disease such as coronary heart disease or stroke, and all-cause
mortality [2–5]. According to the World Health Organization, and depending on the diagnostic criteria
used (e.g., age, ethnicity, sex, etc.), the prevalence of fasting hyperglycemia in the Americas region in
2014 was 8.1% in women and 9.3% in men [6]. The International Diabetes Federation projects that
the global prevalence of prediabetes will increase to reach approximately 471 million people by 2035,
with an increase of between 6.9% and 8.0% between 2013 and 2035 [7]. This metabolic disorder is
usually identified by dysglycemia, with impaired fasting glucose (IFG; defined as a fasting plasma
glucose of 100 to 125 mg/dL) and/or impaired glucose tolerance (IGT, defined as a plasma glucose level
of 140–200 mg/dL 2 h after ingesting a 75 g oral glucose load) [7].

Notably, no single definition for prediabetes has yet been universally accepted by either the
research or the public health community [8]. This has led to major differences in the numbers of
individuals classified as high-risk prediabetics in different countries, and hinders determinations of
who should be fast-tracked into prevention programs [9]. In a meta-analysis evaluating the progression
of prediabetes to T2DM published by Gerstein et al. [10], the annual incidence of T2DM was 4–6%
for IGT, 6–9% for IFG, and 15–19% for when considering both IGT and IFG together. This theory
supports the use of dysglycemia as a valuable and widely used method to measure the progression of
prediabetes to T2DM.

However, because diagnosing prediabetes requires invasive laboratory tests to determine the
plasma glycemic, glycated hemoglobin, and fasting plasma insulin levels, its inclusion on a large scale
in the routine monitoring of the health status of elderly people is complex. Thus, research is being
directed towards identifying more affordable alternatives for epidemiological tracking so that specific
procedures can be targeted towards the patients most at risk of developing prediabetes. In this context,
numerous studies have suggested simple surrogate obesity- and lipid-related indices for identifying
metabolic disorders, including the BMI, WC, WtHR, BRI, ABSI, and C [11–13]. Additionally, other
indices such as the VAI, TyG index, TyG-BMI, TyG-WC, and TyG-WtHR have been widely used in
epidemiological research because they are easy and practical to apply and are more efficient than
previously used markers [9,11–13].

While available guidelines for T2DM prevention and treatment show that both old age (60 years
or more) and prediabetes are important risk factors for diabetes [9,13], a comprehensive consensus
has yet not been reached on the best indices for evaluating the status and risk of prediabetes in the
elderly Latino population. Thus, considering that prediabetes patients aged over 60 years have a
very high probability of developing diabetes, we decided to investigate the clinical utility of several
surrogate clinical markers for the detection of this pathology in this population. According to the
PubMed database (https://www.ncbi.nlm.nih.gov/pubmed) no study has yet compared all 11 obesity-
and lipid-related indices side by side as prediabetes predictors, meaning that the arguments continue
about which parameter best conveys the risk of T2DM.

https://www.ncbi.nlm.nih.gov/pubmed
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Dysglycemia is a key component in metabolic syndrome and insulin resistance, and therefore,
obesity- and lipid-related indices might help to identify prediabetes. Because weight gain and body-fat
distribution changes significantly increase the risk of insulin resistance in older adults, it is important
to identify which patients are at a high risk of developing T2DM so that prevention and intervention
strategies can be implemented in a timely manner. Thus, in this study, we investigated the clinical
utility of 11 surrogate clinical markers for the detection of prediabetes in elderly Colombian patients.

2. Materials and Methods

2.1. Study Population

The data for this secondary cross-sectional study were obtained from the 2015 Colombian Health
and Wellbeing and Aging Survey (SABE, from the Spanish initialism Salud, Bienestar & Envejecimiento,
2015), a multicenter project conducted from 2014 to 2015 by the Pan-American Health Organization and
supported by the Epidemiological Office of the Ministry of Health and Social Protection of Colombia
(https://www.minsalud.gov.co/). All the participants were randomly selected, voluntarily enrolled
in the survey, and provided their informed consent to participation. This survey was reviewed and
approved by the institutional review boards at the University of Caldas (ID protocol CBCS-021-14) and
the University of Valle (ID protocol 09-014 and O11-015). The study protocol for the secondary analysis
was approved by the Human Subjects Committee at Pontificia Universidad Javeriana (ID protocol
20/2017-2017/180, FM-CIE-0459-17) in accordance with the World Medical Association Declaration of
Helsinki and Resolution 8430 for the technical, scientific, and administrative standards for conducting
research with humans, published in 1993 by the former Colombian Ministry of Health.

The SABE included individuals in the Colombian population aged over 60 years, and the indicators
were disaggregated by their age ranges, sex, ethnicity, and socioeconomic status, details of which have
been previously published [14]. Most of the population included in the study (99%) resided in private
homes in the urban and rural stratification of the sample, and the sample was selected in segments
according to the municipal cartography of the area (as published by the Epidemiological Office of
the Ministry of Health and Social Protection of Colombia). A total of 23,694 surveys were conducted
nationally, in a total of 6365 population segments located in 246 municipalities. There were an average
of 4.2 ± 1.2 adults per segment, and the means and proportions for the SABE were estimated with a
degree of error of up to 6% of the maximum expected error at the national disaggregation level only.

The participants were systematically selected according to the sampling fraction with respect to
the general SABE sample. The following participants were excluded: patients with type 1 diabetes;
patients who had previously received treatment with antidiabetic drugs or who were hyperlipidemic;
participants with missing demographic, anthropometric, or laboratory data values; and those who had
not fasted for at least 8 h before testing. Visual inspection of the data using boxplots revealed 371 outliers
(determined using the interquartile rule); the population mean BMI was 50 kg/m2, mean triglycerides
were 500 mg/dL, HDL was 100 mg/dL, and WC was 130 cm. In this subsample, 86 municipalities were
defined for blood sampling and two out of every five people were called to participate. A total of 3307
patients were finally included in our analysis, as described in the flow chart diagram shown in Figure 1.

2.2. Anthropometric Measurements

Physical examinations were performed by trained staff according to a standardized protocol [15].
Body weight and height were measured with the patient wearing light indoor clothing using a Kendall
graduated platform scale and a SECA 213® stadiometer (Hamburg, Germany), and BMI was calculated
using the formula BMI = weight (kg)/height (m2). WC was measured midway between the costal
margin and the iliac crest at the end of a normal expiration, and WHtR was calculated using the
formula WHtR = WC (cm)/height (cm). The remaining anthropometric indices, including BRI, BAI,
ABSI, C, VAI, TyG index, TyG-BMI, TyG-WC, and TyG-WHtR, were calculated using the following
Equations [16–23]:

https://www.minsalud.gov.co/
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– BRI = 364.2 − 365.5 [1 − π−2 WC2 (m) Height−2 (m)]1/2

– BAI = [Hip circumference (m)/Height2/3 (m)] − 18
– ABSI = WC (m)/[BMI2/3(kg/m2)Height1/2 (m)]
– C = 0.109−1 WC (m) [Weight (kg)/Height (m)]−1/2

– VAI = Males: [WC/39.68 + (1.88 × BMI)] × (TG/1.03) × (1.31/HDL); Females: [WC/36.58+(1.89 ×
BMI)] × (TG/0.81) × (1.52/HDL)

– TyG index = Ln[(triglyceride (mg/dl) × glucose (mg/dl)/2]
– TyG-BMI = TyG × BMI
– TyG-WC = TyG ×WC
– TyG-WHtR = TyG ×WHtR
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Figure 1. Flow chart showing the selection of the study sample from the Colombian Health and
Wellbeing and Aging Survey (SABE) 2015. All analyses presented in this paper were based on 3307
surveyed participants, each with complete anthropometric, blood-based indicator, and covariable data.

2.3. Laboratory Measurements

After an overnight fast, blood was collected in the morning. The blood samples were centrifuged
for 10 min at 3000 rpm 30 min after sampling. All samples were delivered to a single central laboratory
(Dinamica Laboratories, Bogotá, Colombia) for analysis within 24 h. Fasting plasma glucose and
plasma triglycerides were analyzed through enzymatic colorimetric methods.

2.4. Classification of Variables

The diagnostic criterion for prediabetes based on IFG was defined as a fasting plasma glucose level
of 100 to 125 mg/dL, according to the recent guidelines published by American Diabetes Association
(ADA) in 2016 [24]. Self-reported questionnaires were used to determine smoking status (categorized as
“never/previous smokers” as no smokers, and “current smokers” as yes), alcohol consumption during
the past month (categorized as “no alcohol intake”, and “alcohol consumed less than once per week”,
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or “alcohol consumed two to six days per week, or everyday” as alcohol intake/yes), and exercise
habits. For the latter, a “proxy physical activity” report was conducted using the following questions:
(i) “Have you regularly exercised, (e.g., engaged in jogging or dancing activities, or performed rigorous
physical activity at least three times a week for the past year?”; (ii) “Do you walk between 9 and 20
blocks (1.6 km) without resting at least three times a week?”; and (iii) “Do you walk 8 blocks (0.5 km)
without resting at least three times a week?”. The participants were considered physically active if they
responded affirmatively to two of the three questions. Medical information, including multimorbidity
and chronic conditions adapted from the original SABE study, were assessed by asking the participants
if they had been diagnosed with hypertension, respiratory disease, cardiovascular diseases (including
heart attack or angina), stroke, osteoporosis, cancer, or sensory impairments (vision and hearing loss)
by a physician.

2.5. Analysis Plan

All data were analyzed using SPSS version 24.0 for Macintosh (IBM Corp., Armonk, NY,
USA) and MedCalc Statistical Software version 18.2 (MedCalc Software BVBA, Ostend, Belgium).
The data are presented as the mean ± standard deviation (SD) for continuous variables and as
frequencies and percentages for categorical variables. The normality of the variables was verified
using Kolmogorov–Smirnov tests and probability plots. Student’s t-tests or Mann–Whitney U analyses
were applied to identify significant differences in continuous variables and chi-squared tests were used
for categorical variables. Gardner–Altman plots were produced using estimation statistics for data
visualization [25], and point estimates were estimated using within-group unadjusted means and 95%
confidence intervals (CIs). Significant within-group changes were indicated when the upper or lower
limits of the 95% CIs did not cross zero.

The odds ratio (ORs) and 95% CIs of quartiles 2–4 for each surrogate index and their relationship
with prediabetes were calculated and compared with quartile 1 as a reference group, adjusting for
potentially confounding variables such as age, smoking, alcohol consumption, and physical activity
habits. The ROC curves were plotted and the AUCs were calculated to examine the ability of these
indices to identify prediabetes. Cut-off points were chosen based on the Youden index (sensitivity +

specificity − 1) [26], which uses the point on the ROC parameter farthest from the line of equality.
The likelihood ratios (LR+ and LR−) were also determined, and the effect size (ES) and ORs of

each index were calculated to determine the predictive magnitude of each metric [26]. The magnitude
was interpreted by classifying them as “trivial” (<0.20), “small” (0.20 to <0.50), “moderate” (0.50 to
<0.80), or “large” (≥0.80) values [27]. Finally, Chi-squared tests were used to determine differences in
the prevalence of prediabetes based on the cut-off points, applying Cramer’s V to find the interpreted
effect size based on the McHugh guidelines [28].

3. Results

3.1. Clinical and Sociodemographic Characteristics of the Study Participants According to Their
Glycemic Status

The characteristics of the SABE study population, stratified by their glycemic status, are shown in
Table 1. Of the 3307 participants, 1930 were women (58.3%) and 1377 were men (41.6%), and their
combined mean age was 70.3 years. According to the ADA criteria, 839 (25.3%) individuals were
prediabetic and 2468 were healthy. There were significant differences (p < 0.05) in the anthropometric
characteristics between healthy and prediabetic patients in terms of their BMI (26.3 kg/m2 vs. 28.1 kg/m2,
respectively), WC (91.1 cm vs. 95.4 cm, respectively), and WtHR (0.58 vs. 0.60, respectively). Likewise,
triglycerides and glucose were significantly higher in prediabetic versus healthy patients.
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Table 1. Clinical and sociodemographic characteristics of study participants according to glycemic
status among Colombian older adults.

Variables Total Sample (n = 3307) Healthy (n = 2468) Prediabetes (n = 839) p for Groups

Age 69.8 (7.6) 69.7 (7.6) 70.2 (7.7) 0.331

Anthropometric

Height (m) 1.56 (0.08) 1.56 (0.08) 1.55 (0.11) 0.143
Weight (kg) 65.1 (12.79) 63.84 (12.21) 68.1 (13.42) <0.001
BMI (kg/m2) 26.78 (5.02) 26.32 (4.94) 28.13 (5.00) <0.001

WC (cm) 92.20 (10.93) 91.1 (10.93) 95.41 (10.61) <0.001
Waist height ratio 0.58 (0.09) 0.58 (0.09) 0.60 (0.08) <0.001

Triglycerides (mg/dL) 159.55 (86.61) 153.43 (81.47) 175.43 (95.56) <0.001
Glucose (mg/dL) 92.61 (11.61) 87.48 (8.43) 107.17 (6.49) <0.001

Obesity Indices

BRI 5.14 (2.02) 5.00 (1.97) 5.55 (2.10) <0.001
ABSI (m7/6/kg2/3) 0.0803 (0.015) 0.0805 (0.014) 0.799 (0.017) 0.316

C (m2/3/kg1/2) 1.27 (0.24) 1.271 (0.23) 1.276 (0.27) 0.634
VAI 3.00 (3.16) 3.00 (3.15) 3.10 (3.19) 0.445

TyG index 8.78 (0.49) 8.70 (0.47) 9.03 (0.46) <0.001
TyG-BMI 236.0 (48.90) 229.63 (47.25) 254.64 (48.92) <0.001
TyG-WC 811.29 (116.65) 794.31 (111.94) 863.90 (112.58) <0.001

TyG-WHtR 5.18 (0.91) 5.07 (0.91) 5.51 (0.82) <0.001

Weight Status

Underweight 78 (2.4) 66 (2.7) 12 (1.4) 0.305
Normal weight 1046 (31.6) 858 (34.8) 188 (22.4) <0.001

Overweight 1299 (39.3) 943 (38.2) 356 (42.4) 0.209
Obesity 884 (26.7) 601 (24.4) 283 (33.7) 0.006

Socioeconomic Status, n (%)

1 to 3 (Low) 3201 (96.8) 2388 (96.8) 813 (96.9) 0.917
4 to 6 (Medium to high) 106 (3.2) 80 (3.2) 26 (3.1) 0.536

Smoking Status, n (%)

Yes 337 (10.2) 269 (10.9) 68 (8.1) 0.739
No 2970 (89.8) 2199 (89.1) 771 (91.8) 0.462

Alcohol Intake, n (%)

Yes 418 (12.6) 326 (13.2) 92 (11.0) 0.739
No 2889 (87.4) 2142 (86.8) 747 (89.0) 0.043

Physical Activity “proxy”, n (%)

Physically active 1503 (45.4) 1025 (41.5) 478 (57.0) <0.001
Non-Physically active 1804 (54.6) 1443 (58.5) 361 (43.0) <0.001

Self-Report Comorbid Chronic Diseases, n (%)

Hypertension 1023 (30.9) 867 (35.1) 156 (18.6) <0.001
Respiratory diseases 217 (6.6) 149 (6.0) 68 (8.1) 0.798

Cardiovascular diseases 311 (9.4) 219 (8.9) 92 (11.2) 0.737
Stroke 61 (1.8) 44 (1.8) 17 (2.0) 0.314

Osteoporosis 397 (12.0) 303 (12.3) 94 (11.2) 0.936
Cancer 109 (3.3) 84 (3.4) 25 (3.0) 0.590

Hearing loss 270 (8.2) 102 (4.1) 168 (20.0) <0.001
Vision loss 919 (27.8) 700 (28.4) 219 (26.1) 0.622

Continuous variables are reported as mean values (standard deviations (SD) and categorical variables are reported
as numbers and percentages in brackets. BMI: body mass index; WC: waist circumference; WHtR: waist to height
ratio; BRI: body roundness index; ABSI: A body shape index; C: conicity index; VAI: visceral adiposity index; TyG:
triglyceride and glucose index; TyGxBMI: TyG related to BMI; TyGxWC: TyG related to WC; TyGxWHtR: TyG
related to WHtR.

The same significant differences between groups were also detected in the surrogate indices,
except for the ABSI index. The prevalence of overweight and obese individuals in the overall sample
was 39.3% and 26.7%, respectively. There were also significant differences in the distribution of all
the weight status groups between prediabetic and healthy individuals. Regarding covariates such as
smoking status and alcohol intake, most participants did not smoke (89.8%) or drink alcohol (87.4%);
however, both groups tended to be physically inactive. Moreover, the most common comorbidities in
the overall sample were hypertension (30.9%), vision loss (27.8%), osteoporosis (12.0%), cardiovascular
diseases (9.4%), and hearing loss (8.2%).
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3.2. Obesity- and Lipid-Related Parameters According to the 2016 American Diabetes Association
Glycemic Status

Figures 2–4 show the Gardner–Altman plots for the SABE study population obesity- and
lipid-related parameters stratified by their glycemic status. We found significant differences in
the glycemic status for all measurements except for ABSI in women (p = 0.926) and VAI in both sexes,
Figure 3 (p > 0.05).
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3.3. Association of Prediabetes with the Level of Obesity- and Lipid-Related Indices

We divided each obesity- and lipid-related index indicator into increasing sex-specific quartile
values and used logistic regression analysis to calculate the ORs and 95% CIs for prediabetes across the
quartiles, using quartile 1 as a reference group, both without adjustments and after adjusting for age,
smoking, alcohol consumption, and physical activity habits (see Figures 5–8). The ORs for prediabetes
generally increased in accordance with the increasing quartiles of each variable (p < 0.05), except for
the ABSI and VAI indices (Figure 6).
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VAI in men (Figure 9E, p > 0.05). 

) for prediabetes in quartiles
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In men, after adjusting for covariates, the ORs and 95% CIs for prediabetes were highest for the TyG
index at 6.91 (95% CI [4.65, 10.27]) for the fourth quartile, compared to 2.24 (95% CI [1.47, 3.41], p < 0.001)
for the second quartile. This was followed by TyG-WC (Q4 = 5.28; 95% CI [3.56, 7.83], p < 0.001) and
TyG-BMI (Q4 = 4.63; 95% CI [3.12, 6.89], p < 0.001), as shown in Figures 6G and 7C,E, respectively.

After adjusting for covariates in women, the ORs and 95% CIs were highest for prediabetes for
the TyG index at 7.88 (95% CI [5.38, 11.53]) for the fourth quartile, compared to 2.72 (95% CI [1.81, 4.07],
p < 0.001) for the second quartile, followed by TyG-WC (Q4 = 4.14; 95% CI [2.99, 5.75], p < 0.001) and
TyG-BMI (Q4 = 4.14; 95% CI [2.91, 5.89], p < 0.001), as shown in Figures 6H and 7B,D. In contrast,
the ORs (p > 0.05) were lowest for the ABSI, C and VAI (Figure 6B,F) and the ORs were not statistically
significant for the ABSI and VAI at any of their quartiles (Figure 6B,F).
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3.4. Receiver Operating Characteristic Curve Analysis for the Obesity- and Lipid-Related Indices for
Diagnosing Prediabetes According the 2016 American Diabetes Association Criteria

Results from the ROC analysis and AUCs for the 11 indices are shown in Table 2 and Figure S1.
In men, the largest AUC was observed for the TyG index (AUC = 0.700, ES = 0.74, OR = 3.86, and
optimal cut-off = 8.72). The prediabetes predictive values were similar for the TyG-WC (AUC = 0.689,
ES = 0.69, OR = 3.53, and optimal cut-off = 844.20), TyG-BMI (AUC = 0.674, ES = 0.63, OR = 3.17,
and optimal cut-off = 224.59), and TyG-WtHR (AUC = 0.667, ES = 0.61, OR = 3.02, and optimal
cut-off = 5.27) indices. Conversely, the results for the ABSI AUC did not reach statistical significance
(p = 0.066).
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“lowest” group), second quartile (Q2), third quartile (Q3), and fourth quartile (Q4 highest group).

The largest AUCs for predicting prediabetes in women were observed for the TyG index
(AUC = 0.695, ES = 0.72, OR = 3.79, and optimal cut-off = 8.92). The values for the AUCs for
the TyG-WC (AUC = 0.654, ES = 0.56, OR = 2.76, and optimal cut-off = 802.81) and TyG-WHtR
(AUC = 0.655, ES = 0.56, OR = 2.77, and optimal cut-off = 5.67) were similar, and presented acceptable
values for predicting prediabetes in older Colombian women. Similarly, the AUC for the ABSI index
did not reach statistical significance (p = 0.390).

3.5. Prevalence of Prediabetes According to Obesity- and Lipid-Related Indices

Compared with the healthy group, participants with prediabetes and high cut-off levels for
obesity indicators had significantly higher BMIs, WCs, WHtRs, BRIs, Cs, VAIs, TyG indices, TyG-BMIs,
TyG-WCs, and TyG-WHtRs (Figures 8–10), except for the ABSI in women (Figure 9B) and the VAI in
men (Figure 9E, p > 0.05).
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Table 2. Cut-off between area under curve, sensitivity and specificity for obesity- and lipid-related indices to detect high prediabetes risk by sex.

Parameters BMI WC WHtR BRI ABSI C VAI TyG TyG-BMI TyG-WC TyG-WHtR

Men

Area under curve 0.633 0.640 0.613 0.617 0.534 0.580 0.564 0.700 0.674 0.689 0.667
Effect Size 0.48 0.50 0.40 0.42 0.12 0.28 0.22 0.74 0.63 0.69 0.61

Odds Ratio 2.38 2.50 2.08 2.14 1.24 1.67 1.51 3.86 3.17 3.53 3.02
P-value <0.001 <0.001 <0.001 <0.001 0.066 <0.001 <0.001 <0.001 <0.001 <0.001 <0.001

Optimal cutoffs 25.58 96.0 0.57 4.96 0.088 1.35 2.52 8.72 224.59 844.20 5.27
J-Youden 0.23 0.21 0.19 0.20 0.080 0.14 0.12 0.32 0.30 0.29 0.28

Sensitivity (%) 62.10 59.10 61.21 58.43 21.87 56.10 60.89 75.63 68.04 61.26 55.18
Specificity (%) 60.93 62.18 58.57 62.45 86.36 58.49 51.95 57.05 62.19 68.63 73.56

(+) Likelihood ratio 1.59 1.56 1.57 1.56 1.60 1.35 1.27 1.74 1.80 1.95 2.09
(−) Likelihood ratio 0.62 0.56 0.68 0.67 0.90 0.75 0.75 0.43 0.52 0.56 0.61

Women

Area under curve 0.603 0.597 0.600 0.596 0.504 0.573 0.575 0.695 0.642 0.654 0.655
Effect Size 0.36 0.34 0.35 0.34 0.01 0.26 0.26 0.72 0.51 0.56 0.56

Odds Ratio 1.95 1.87 1.91 1.86 1.02 1.60 1.62 3.79 2.54 2.76 2.77
P-value <0.001 <0.001 <0.001 <0.001 0.390 <0.001 <0.001 <0.001 <0.001 <0.001 <0.001

Optimal cutoffs 26.57 90.0 0.60 5.51 0.076 1.23 2.16 8.92 234.02 802.81 5.67
J-Youden 0.17 0.17 0.16 0.17 0.04 0.13 0.13 0.28 0.23 0.25 0.23

Sensitivity (%) 70.36 65.61 61.01 61.45 84.31 63.45 67.22 60.77 75.81 70.38 51.57
Specificity (%) 47.49 51.80 55.43 55.60 19.80 49.97 45.93 68.08 47.80 54.63 71.47

(+) Likelihood ratio 1.34 1.36 1.37 1.38 1.05 1.27 1.24 1.90 1.44 1.55 1.80
(−) Likelihood ratio 0.62 0.66 0.70 0.69 0.79 0.73 0.71 0.58 0.51 0.54 0.68

BMI: body mass index; WC: waist circumference; WHtR: waist to height ratio; BRI: body roundness index; ABSI: A body shape index; C: conicity index; VAI: visceral adiposity index; TyG:
triglyceride and glucose index; TyG-BMI: TyG related to BMI; TyG-WC: TyG related to WC; TyG-WHtR: TyG related to WHtR.
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4. Discussion

This study evaluated the predictive ability of 11 obesity- and lipid-related parameters in identifying
the risk of prediabetes in an elderly Colombian population, according to the ADA criteria published in
2016. This is an original study and, to the best of our knowledge, no report has previously compared
the ability of these 11 surrogate clinical markers to indicate prediabetes in a large population of
older adults.

Of the 3307 participants included, 839 (25.3%) were diagnosed with prediabetes. According to
the International Diabetes Federation criteria, which are based only the IGT, the global prevalence of
prediabetes in adults was estimated at 6.7% in 2015, and half of these individuals (50.1%) were aged
under 50 years [29]. Based on glycated hemoglobin levels, the prevalence in the adult population in
United Kingdom in 2011 was 35.5%, whereas in Spain, using the IFG or IGT alone, the incidence was
3.4% and 2.9% of the adult population, respectively, in 2010 [30]. In the USA, using the ADA definition
and considering reference levels of glycated hemoglobin, IFG, or IGT, the prevalence of prediabetes
was estimated at 38% in 2012 [31]. According to Vilanova et al., these differences justify the need for
further research to establish a single definition for universally identifying prediabetic states [32].
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In contrast, some anthropometric parameters measured in individuals with prediabetes in our study
(BMI, WC, and the WtHR) were higher than those in healthy individuals. According to Barceló et al. [33]
and Yang et al. [34], this finding could be explained by the fact that these parameters estimate patient
adipose tissue content, which is correlated with prediabetic states. However, in agreement with
Fujita et al. [35], who demonstrated that BMI, WC, and WtHR correlated better with prediabetes states
than the ABSI index in 37,581 Japanese adults, our data indicate that the ABSI index did not correlate
with prediabetes states.

Similarly, in a study of an American population followed up for more than 11 years, Hardy et al.
demonstrated a poor correlation between ABSI and prediabetes states in adults, regardless of their
race or sex [36]. Prediabetic adults also had higher serum triglyceride and glucose values than their
non-prediabetic counterparts, which is consistent with the findings described by Yang et al. in a study
with prediabetic Chinese adults [34]. Previous studies have reported that the VAI has significant
advantages over WC or BMI measurements for determining cardiometabolic risk in young adults.
However, in this study, the VAI was not a good surrogate marker for prediabetes and was an inadequate
indicator in both men and women (AUCs = 0.564 and 0.575, respectively).

In agreement with previous studies [37–39], we found that hypertension and hearing loss were
significantly higher among prediabetic adults. The development of comorbidities in prediabetic adults
has become a point of concern for the scientific community, leading to continued research in the area
in order to better understand the development of such complications, their treatment, and possible
health-related consequences among prediabetic adults.

It has been suggested that obesity indices such as TyG index, TyG-BMI, TyG-WC, or TyG-WHtR
values (involving the WC, BMI, TG, and HDL) might provide a broader evaluation of metabolic risk
related to metabolic dysfunction and fat distribution. Thus, the TyG index has also recently been
suggested as a method for estimating metabolic disorders. Indeed, in this study, the TyG index was
more efficient compared to these other markers [32].

Our ROC analysis for prediabetes also highlighted differences according to sex. Thus, the TyG
index combined with obesity indices was useful for predicting high glucose fasting levels. Among all
the indices studied in men, the TyG and TyG-WC showed the highest OR for glucose levels (OR = 3.86,
ES = 0.74 and OR = 3.53, ES = 0.69, respectively). Assuming that WC marks visceral adiposity,
its combination with the TyG index better predicted prediabetes than other combinations.

In women, the highest ORs for prediabetes were observed by using the TyG index (OR = 3.79,
ES = 0.72), followed by the TyG-WC (OR = 2.76, ES = 0.56). These results were consistent with the data
reported by Lim et al., who concluded that the OR for prediabetes using the TyG-WtHR was higher
than that with the TyG-BMI or TyG-WC for male Korean adults [23]. Unlike our results, these authors
showed that TyG-WC produced the highest ORs for women.

In general, AUC = 1 indicates perfect predictive power, while AUC ≤ 0.55 indicates that the
predictive power of an instrument is not better than chance. In this study, the TyG index cut-off points
indicated sensitivity and specificity values between 69% and 70% for both sexes, thus moderately
minimizing false-positive and false-negative cases. However, a very uncommon way of analyzing the
diagnostic capacity of specific cut-off points is by calculating the positive (+LR) and negative (−LR)
likelihood ratios.

In this study, the +LR was 1.74 in the male group and 1.90 in the female one, suggesting that
male or female elderly individuals with a TyG index ≥8.72 or ≥8.92, respectively, have approximately
twice the chance of having a positive diagnosis of prediabetes. The −LR was 0.43 and 0.58 in men and
women, respectively, and was therefore also equivalent to twice the chance of a negative diagnosis of
prediabetes in these populations, respectively. In this context, the TyG index is of greatest interest as a
prediabetes predictive marker, because older adults at an increased risk of developing prediabetes or
T2DM should be targeted by primary prevention efforts [40].

Similar to our study, Zheng et al. found that TyG-WC was the best marker for detecting prediabetes
and diabetes [22]. Therefore, these results suggest that further studies of anthropometric markers
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related to the TyG index (with the potential to detect prediabetes among older adults) would be useful.
These results contrast with those of Er et al., who concluded that the TyG-BMI index best predicts
prediabetes in adults of either sex [40], putting the superiority of these obesity rate indices into doubt
and further suggesting the need for additional studies on markers related to the TyG index.

Perhaps the disagreement in these studies on the ability of anthropometric indicators to
predict prediabetes is the result of the ethnic origins of the populations used in these different
studies [11,12,16,17]. The ethnicity of older adults can influence the definition of the cut-off points
of the anthropometric indicators associated with glycemic status, which could impact their ability
to identify a high risk of prediabetes. Thus, identification of the most appropriate anthropometric
indicator and its respective cut-off points capable of predicting an increased risk of prediabetes may
be dependent on the geographical location of each study. In addition, prediabetes can affect elderly
patients for reasons other than excess fat and insulin resistance, including behavioral issues such as
dietary intake, physical inactivity, sedentary lifestyles, sleep, and stress [41].

Finally, we must also mention the limitations and strengths of this study. First, its cross-sectional
design limited our ability to interpret the associations we found. Second, because the sample population
primarily comprised Colombians and some of the equations used to estimate obesity- and lipid-related
parameters have not yet been validated in Hispanic/Latino populations, the generalizability of our
results to other ethnic groups may be limited, and there may be some selective bias. However,
these findings have important implications for public health policy targeted at improving access to
care and chronic disease management for this rapidly growing population.

Our study also had several positive features. First, it included a community sample and allowed
population estimates of the predictive ability of 11 obesity- and lipid-related parameters to identify
patients with a high risk of prediabetes according to the 2016 ADA criteria to be established in an elderly
Colombian population. Second, we also proposed optimal cut-off points for these anthropometric
indices in clinical practice. Third, we studied older Colombian adults with diverse backgrounds and
comorbid chronic diseases. Fourth, the large sample size and use of standardized methodological
procedures in our study, as well as the fact that we developed this study within the SABE project
framework to avoid measurement bias, were its strongest points.

Considering that recent studies on the TyG index have been extended to nonalcoholic fatty liver
disease [42], coronary artery disease [43], insulin resistance [32,44], subclinical atherosclerosis [45],
and T2DM [22], TyG-related markers deserve further study to identify their associations with the risk
of prediabetes.

5. Conclusions

The TyG index best identified prediabetes in both sexes (AUCs and optimal cut-offs = 0.700
and 8.72 and 0.695 and 8.92 for men and women, respectively), suggesting that this index has the
best discriminative power to predict prediabetes compared to other parameters, in both sexes. Thus,
we propose TyG index as a complementary marker for assessing prediabetes in clinical practice and
future epidemiologic studies among older adults. However, additional studies will be required to
provide reference values applicable to different populations.
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according to the American Diabetes Association in 2016 by sex.

Author Contributions: Conceptualization, R.R.-V. and J.S.-R.; Data curation, M.Á.P.-S.; Formal analysis, R.R.-V.,
M.Á.P.-S., M.C.-R. and E.G.-J.; Funding acquisition, C.A.C.-G. and E.G.-J.; Investigation, R.R.-V., K.G.-R., M.C.-R.,
M.I., H.R.T.-R. and A.Y.C.-R.; Methodology, R.R.-V., M.Á.P.-S., K.G.-R., C.A.C.-G., J.S.-R., M.C.-R., J.A.R.-G.,
H.R.T.-R. and A.Y.C.-R.; Project administration, C.A.C.-G.; Resources, C.A.C.-G. and M.I.; Supervision, J.A.R.-G.
and A.Y.C.-R.; Validation, R.R.-V., K.G.-R., J.S.-R., J.A.R.-G., H.R.T.-R. and E.G.-J.; Writing—original draft, R.R.-V.,
M.Á.P.-S., K.G.-R., J.S.-R., M.I., J.A.R.-G., H.R.T.-R., A.Y.C.-R. and E.G.-J.; Writing—review & editing, R.R.-V.,
J.S.-R., M.C.-R. and E.G.-J.

http://www.mdpi.com/2072-6643/11/11/2654/s1


Nutrients 2019, 11, 2654 19 of 21

Funding: This study is part of a larger project that has been funded by a Colciencias y Ministerio de Salud y la
Protección Social de Colombia (The SABE Study ID 2013, no. 764). Mikel Izquierdo is funded in part by a research
grant PI17/01814 of the Ministerio de Economía, Industria y Competitividad (ISCIII, FEDER).

Acknowledgments: We would like to thank the staff, scientists, and participants of the Colombian Health,
Well-being and Aging study (SABE, 2015) Survey for making this work possible.

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Wilson, M.L. Prediabetes. Nurs. Clin. N. Am. 2017, 52, 665–677. [CrossRef] [PubMed]
2. Nasr, G.; Sliem, H. Silent myocardial ischemia in prediabetics in relation to insulin resistance. J. Cardiovasc.

Dis. Res. 2010, 1, 116–121. [CrossRef] [PubMed]
3. Levitan, E.B.; Song, Y.; Ford, E.S.; Liu, S. Is Nondiabetic Hyperglycemia a Risk Factor for Cardiovascular

Disease? Arch. Intern. Med. 2004, 164, 2147. [CrossRef] [PubMed]
4. Kurihara, O.; Takano, M.; Yamamoto, M.; Shirakabe, A.; Kimata, N.; Inami, T.; Kobayashi, N.; Munakata, R.;

Murakami, D.; Inami, S.; et al. Impact of prediabetic status on coronary atherosclerosis: A multivessel
angioscopic study. Diabetes Care 2013, 36, 729–733. [CrossRef] [PubMed]

5. Huang, Y.; Cai, X.; Mai, W.; Li, M.; Hu, Y. Association between prediabetes and risk of cardiovascular disease
and all cause mortality: Systematic review and meta-analysis. BMJ 2016, 355, i5953. [CrossRef]

6. World Health Organization. Global Status Report on Noncommunicable Diseases 2014; World Health Organization:
Geneva, Switzerland, 2014; ISBN 9789241564854.

7. Cho, N.H.; Shaw, J.E.; Karuranga, S.; Huang, Y.; da Rocha Fernandes, J.D.; Ohlrogge, A.W.; Malanda, B. IDF
Diabetes Atlas: Global estimates of diabetes prevalence for 2017 and projections for 2045. Diabetes Res. Clin.
Pract. 2018, 138, 271–281. [CrossRef]

8. Buysschaert, M.; Bergman, M. Definition of Prediabetes. Med. Clin. N. Am. 2011, 95, 289–297. [CrossRef]
9. Yip, W.; Sequeira, I.; Plank, L.; Poppitt, S. Prevalence of Pre-Diabetes across Ethnicities: A Review of Impaired

Fasting Glucose (IFG) and Impaired Glucose Tolerance (IGT) for Classification of Dysglycaemia. Nutrients
2017, 9, 1273. [CrossRef]

10. Gerstein, H.C.; Santaguida, P.; Raina, P.; Morrison, K.M.; Balion, C.; Hunt, D.; Yazdi, H.; Booker, L. Annual
incidence and relative risk of diabetes in people with various categories of dysglycemia: A systematic
overview and meta-analysis of prospective studies. Diabetes Res. Clin. Pract. 2007, 78, 305–312. [CrossRef]

11. Gu, Z.; Li, D.; He, H.; Wang, J.; Hu, X.; Zhang, P.; Hong, Y.; Liu, B.; Zhang, L.; Ji, G. Body mass index, waist
circumference, and waist-to-height ratio for prediction of multiple metabolic risk factors in Chinese elderly
population. Sci. Rep. 2018, 8, 385. [CrossRef]

12. Gu, Z.; Zhu, P.; Wang, Q.; He, H.; Xu, J.; Zhang, L.; Li, D.; Wang, J.; Hu, X.; Ji, G.; et al. Obesity and
lipid-related parameters for predicting metabolic syndrome in Chinese elderly population. Lipids Health Dis.
2018, 17, 289. [CrossRef] [PubMed]

13. Li, R.; Li, Q.; Cui, M.; Yin, Z.; Li, L.; Zhong, T.; Huo, Y.; Xie, P. Clinical surrogate markers for predicting
metabolic syndrome in middle-aged and elderly Chinese. J. Diabetes Investig. 2018, 9, 411–418. [CrossRef]
[PubMed]

14. Ramírez-Vélez, R.; Correa-Bautista, J.E.; García-Hermoso, A.; Cano, C.A.; Izquierdo, M. Reference values for
handgrip strength and their association with intrinsic capacity domains among older adults. J. Cachexia.
Sarcopenia Muscle 2019, 10, 278–286. [CrossRef] [PubMed]

15. Gomez, F.; Corchuelo, J.; Curcio, C.-L.; Calzada, M.-T.; Mendez, F. SABE Colombia: Survey on Health,
Well-Being, and Aging in Colombia—Study Design and Protocol. Curr. Gerontol. Geriatr. Res. 2016, 2016,
7910205. [CrossRef] [PubMed]

16. Amato, M.C.; Giordano, C.; Galia, M.; Criscimanna, A.; Vitabile, S.; Midiri, M.; Galluzzo, A.; AlkaMeSy Study
Group. Visceral Adiposity Index: A reliable indicator of visceral fat function associated with cardiometabolic
risk. Diabetes Care 2010, 33, 920–922. [CrossRef] [PubMed]

17. Thomas, D.M.; Bredlau, C.; Bosy-Westphal, A.; Mueller, M.; Shen, W.; Gallagher, D.; Maeda, Y.; McDougall, A.;
Peterson, C.M.; Ravussin, E.; et al. Relationships between body roundness with body fat and visceral adipose
tissue emerging from a new geometrical model. Obesity 2013, 21, 2264–2271. [CrossRef] [PubMed]

http://dx.doi.org/10.1016/j.cnur.2017.07.011
http://www.ncbi.nlm.nih.gov/pubmed/29080583
http://dx.doi.org/10.4103/0975-3583.70903
http://www.ncbi.nlm.nih.gov/pubmed/21187864
http://dx.doi.org/10.1001/archinte.164.19.2147
http://www.ncbi.nlm.nih.gov/pubmed/15505129
http://dx.doi.org/10.2337/dc12-1635
http://www.ncbi.nlm.nih.gov/pubmed/23223344
http://dx.doi.org/10.1136/bmj.i5953
http://dx.doi.org/10.1016/j.diabres.2018.02.023
http://dx.doi.org/10.1016/j.mcna.2010.11.002
http://dx.doi.org/10.3390/nu9111273
http://dx.doi.org/10.1016/j.diabres.2007.05.004
http://dx.doi.org/10.1038/s41598-017-18854-1
http://dx.doi.org/10.1186/s12944-018-0927-x
http://www.ncbi.nlm.nih.gov/pubmed/30572889
http://dx.doi.org/10.1111/jdi.12708
http://www.ncbi.nlm.nih.gov/pubmed/28664593
http://dx.doi.org/10.1002/jcsm.12373
http://www.ncbi.nlm.nih.gov/pubmed/30843369
http://dx.doi.org/10.1155/2016/7910205
http://www.ncbi.nlm.nih.gov/pubmed/27956896
http://dx.doi.org/10.2337/dc09-1825
http://www.ncbi.nlm.nih.gov/pubmed/20067971
http://dx.doi.org/10.1002/oby.20408
http://www.ncbi.nlm.nih.gov/pubmed/23519954


Nutrients 2019, 11, 2654 20 of 21

18. Bergman, R.N.; Stefanovski, D.; Buchanan, T.A.; Sumner, A.E.; Reynolds, J.C.; Sebring, N.G.; Xiang, A.H.;
Watanabe, R.M. A Better Index of Body Adiposity. Obesity 2011, 19, 1083–1089. [CrossRef]

19. Krakauer, N.Y.; Krakauer, J.C. A New Body Shape Index Predicts Mortality Hazard Independently of Body
Mass Index. PLoS ONE 2012, 7, e39504. [CrossRef]

20. Valdez, R. A simple model-based index of abdominal adiposity. J. Clin. Epidemiol. 1991, 44, 955–956.
[CrossRef]

21. Guerrero-Romero, F.; Simental-Mendía, L.E.; González-Ortiz, M.; Martínez-Abundis, E.; Ramos-Zavala, M.G.;
Hernández-González, S.O.; Jacques-Camarena, O.; Rodríguez-Morán, M. The Product of Triglycerides and
Glucose, a Simple Measure of Insulin Sensitivity. Comparison with the Euglycemic-Hyperinsulinemic Clamp.
J. Clin. Endocrinol. Metab. 2010, 95, 3347–3351. [CrossRef]

22. Zheng, S.; Shi, S.; Ren, X.; Han, T.; Li, Y.; Chen, Y.; Liu, W.; Hou, P.C.; Hu, Y. Triglyceride glucose-waist
circumference, a novel and effective predictor of diabetes in first-degree relatives of type 2 diabetes patients:
Cross-sectional and prospective cohort study. J. Transl. Med. 2016, 14, 260. [CrossRef] [PubMed]

23. Lim, J.; Kim, J.; Koo, S.H.; Kwon, G.C. Comparison of triglyceride glucose index, and related parameters
to predict insulin resistance in Korean adults: An analysis of the 2007-2010 Korean National Health and
Nutrition Examination Survey. PLoS ONE 2019, 14, e0212963. [CrossRef] [PubMed]

24. Chamberlain, J.J.; Rhinehart, A.S.; Shaefer, C.F.; Neuman, A. Diagnosis and Management of Diabetes:
Synopsis of the 2016 American Diabetes Association Standards of Medical Care in Diabetes. Ann. Intern.
Med. 2016, 164, 542. [CrossRef] [PubMed]

25. Claridge-Chang, A.; Assam, P.N. Estimation statistics should replace significance testing. Nat. Methods 2016,
13, 108–109. [CrossRef]

26. Salgado, J.F. Transforming the Area under the Normal Curve (AUC) into Cohen’s d, Pearson’s r pb,
Odds-Ratio, and Natural Log Odds-Ratio: Two Conversion Tables. Eur. J. Psychol. Appl. Leg. Context 2018,
10, 35–47. [CrossRef]

27. Cohen, J. Statistical Power Analysis for the Behavioral Sciences; L. Erlbaum Associates: Mahwah, NJ, USA, 1988;
ISBN 0805802835.

28. McHugh, M.L. The chi-square test of independence. Biochem. Med. 2013, 23, 143–149. [CrossRef]
29. IDF Diabetes Atlas. Available online: https://www.idf.org/e-library/epidemiology-research/diabetes-atlas/

13-diabetes-atlas-seventh-edition.html (accessed on 20 August 2019).
30. Soriguer, F.; Goday, A.; Bosch-Comas, A.; Bordiú, E.; Calle-Pascual, A.; Carmena, R.; Casamitjana, R.;

Castaño, L.; Castell, C.; Catalá, M.; et al. Prevalence of diabetes mellitus and impaired glucose regulation in
Spain: The Di@bet.es Study. Diabetologia 2012, 55, 88–93. [CrossRef]

31. Menke, A.; Casagrande, S.; Geiss, L.; Cowie, C.C. Prevalence of and Trends in Diabetes Among Adults in the
United States, 1988–2012. JAMA 2015, 314, 1021. [CrossRef]

32. Vilanova, M.B.; Falguera, M.; Marsal, J.R.; Rubinat, E.; Alcubierre, N.; Castelblanco, E.; Granado-Casas, M.;
Miró, N.; Molló, À.; Mata-Cases, M.; et al. Prevalence, clinical features and risk assessment of pre-diabetes in
Spain: Mata-Cases, M.; Franch-Nadal, J.; Mauricio, D. Prevalence, clinical features and risk assessment of
pre-diabetes in Spain: The prospective Mollerussa cohort studythe prospective Mollerussa cohort study.
BMJ open 2017, 7, e015158. [CrossRef]

33. Barceló, A.; Gregg, E.W.; Pastor-Valero, M.; Robles, S.C. Waist circumference, BMI and the prevalence
of self-reported diabetes among the elderly of the United States and six cities of Latin America and the
Caribbean. Diabetes Res. Clin. Pract. 2007, 78, 418–427. [CrossRef]

34. Yang, X.Y.; Zhang, M.; Luo, X.P.; Wang, J.J.; Yin, L.; Pang, C.; Wang, G.A.; Shen, Y.X.; Wu, D.T.; Zhang, L.;
et al. Body mass index, waist circumference and waist-to-height ratio associated with the incidence of type 2
diabetes mellitus: A cohort study. Zhonghua Yu Fang Yi Xue Za Zhi 2016, 50, 328–333. [PubMed]

35. Fujita, M.; Sato, Y.; Nagashima, K.; Takahashi, S.; Hata, A. Predictive Power of a Body Shape Index for
Development of Diabetes, Hypertension, and Dyslipidemia in Japanese Adults: A Retrospective Cohort
Study. PLoS ONE 2015, 10, e0128972. [CrossRef] [PubMed]

36. Hardy, D.S.; Stallings, D.T.; Garvin, J.T.; Xu, H.; Racette, S.B. Best anthropometric discriminators of incident
type 2 diabetes among white and black adults: A longitudinal ARIC study. PLoS ONE 2017, 12, e0168282.
[CrossRef] [PubMed]

http://dx.doi.org/10.1038/oby.2011.38
http://dx.doi.org/10.1371/journal.pone.0039504
http://dx.doi.org/10.1016/0895-4356(91)90059-I
http://dx.doi.org/10.1210/jc.2010-0288
http://dx.doi.org/10.1186/s12967-016-1020-8
http://www.ncbi.nlm.nih.gov/pubmed/27604550
http://dx.doi.org/10.1371/journal.pone.0212963
http://www.ncbi.nlm.nih.gov/pubmed/30845237
http://dx.doi.org/10.7326/M15-3016
http://www.ncbi.nlm.nih.gov/pubmed/26928912
http://dx.doi.org/10.1038/nmeth.3729
http://dx.doi.org/10.5093/ejpalc2018a5
http://dx.doi.org/10.11613/BM.2013.018
https://www.idf.org/e-library/epidemiology-research/diabetes-atlas/13-diabetes-atlas-seventh-edition.html
https://www.idf.org/e-library/epidemiology-research/diabetes-atlas/13-diabetes-atlas-seventh-edition.html
http://dx.doi.org/10.1007/s00125-011-2336-9
http://dx.doi.org/10.1001/jama.2015.10029
http://dx.doi.org/10.1136/bmjopen-2016-015158
http://dx.doi.org/10.1016/j.diabres.2007.06.008
http://www.ncbi.nlm.nih.gov/pubmed/27029364
http://dx.doi.org/10.1371/journal.pone.0128972
http://www.ncbi.nlm.nih.gov/pubmed/26030122
http://dx.doi.org/10.1371/journal.pone.0168282
http://www.ncbi.nlm.nih.gov/pubmed/28141847


Nutrients 2019, 11, 2654 21 of 21

37. Qiu, M.; Shen, W.; Song, X.; Ju, L.; Tong, W.; Wang, H.; Zheng, S.; Jin, Y.; Wu, Y.; Wang, W.; et al. Effects of
Prediabetes Mellitus Alone or Plus Hypertension on Subsequent Occurrence of Cardiovascular Disease and
Diabetes Mellitus. Hypertension 2015, 65, 525–530. [CrossRef] [PubMed]

38. Nwose, E.U.; Richards, R.S.; Bwititi, P.T.; Igumbor, E.O.; Oshionwu, E.J.; Okolie, K.; Onyia, I.C.; Pokhrel, A.;
Gyawali, P.; Okuzor, J.N.; et al. Prediabetes and cardiovascular complications study (PACCS): International
collaboration 4 years’ summary and future direction. BMC Res. Notes 2017, 10, 730. [CrossRef] [PubMed]

39. Rodriguez-Segade, S.; Rodriguez, J.; Camiña, F.; Sanmartín-Portas, L.; Gerpe-Jamardo, J.; Pazos-Couselo, M.;
García-López, J.M.; Alonso-Sampedro, M.; González-Quintela, A.; Gude, F. Prediabetes defined by HbA1c
and by fasting glucose: Differences in risk factors and prevalence. Acta Diabetol. 2019, 56, 1023–1030.
[CrossRef] [PubMed]

40. Er, L.-K.; Wu, S.; Chou, H.-H.; Hsu, L.-A.; Teng, M.-S.; Sun, Y.-C.; Ko, Y.-L. Triglyceride Glucose-Body Mass
Index Is a Simple and Clinically Useful Surrogate Marker for Insulin Resistance in Nondiabetic Individuals.
PLoS ONE 2016, 11, e0149731. [CrossRef]

41. Spruijt-Metz, D.; O’Reilly, G.A.; Cook, L.; Page, K.A.; Quinn, C. Behavioral contributions to the pathogenesis
of type 2 diabetes. Curr. Diab. Rep. 2014, 14, 475. [CrossRef]

42. Zhang, S.; Du, T.; Zhang, J.; Lu, H.; Lin, X.; Xie, J.; Yang, Y.; Yu, X. The triglyceride and glucose index (TyG) is
an effective biomarker to identify nonalcoholic fatty liver disease. Lipids Health Dis. 2017, 1, 15. [CrossRef]

43. Lee, E.Y.; Yang, H.K.; Lee, J.; Kang, B.; Yang, Y.; Lee, S.H.; Ko, S.H.; Ahn, Y.B.; Cha, B.Y.; Yoon, K.H.; et al.
Triglyceride glucose index, a marker of insulin resistance, is associated with coronary artery stenosis in
asymptomatic subjects with type 2 diabetes. Lipids Health Dis. 2016, 15, 155. [CrossRef]

44. Du, T.; Yuan, G.; Zhang, M.; Zhou, X.; Sun, X.; Yu, X. Clinical usefulness of lipid ratios, visceral adiposity
indicators, and the triglycerides and glucose index as risk markers of insulin resistance. Cardiovasc. Diabetol.
2014, 13, 146. [CrossRef] [PubMed]

45. Lambrinoudaki, I.; Kazani, M.V.; Armeni, E.; Georgiopoulos, G.; Tampakis, K.; Rizos, D.; Augoulea, A.;
Kaparos, G.; Alexandrou, A.; Stamatelopoulos, K. The TyG Index as a Marker of Subclinical Atherosclerosis
and Arterial Stiffness in Lean and Overweight Postmenopausal Women. Heart Lung Circ. 2018, 27, 716–724.
[CrossRef] [PubMed]

© 2019 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1161/HYPERTENSIONAHA.114.04632
http://www.ncbi.nlm.nih.gov/pubmed/25624343
http://dx.doi.org/10.1186/s13104-017-3017-7
http://www.ncbi.nlm.nih.gov/pubmed/29228975
http://dx.doi.org/10.1007/s00592-019-01342-5
http://www.ncbi.nlm.nih.gov/pubmed/31115752
http://dx.doi.org/10.1371/journal.pone.0149731
http://dx.doi.org/10.1007/s11892-014-0475-3
http://dx.doi.org/10.1186/s12944-017-0409-6
http://dx.doi.org/10.1186/s12944-016-0324-2
http://dx.doi.org/10.1186/s12933-014-0146-3
http://www.ncbi.nlm.nih.gov/pubmed/25326814
http://dx.doi.org/10.1016/j.hlc.2017.05.142
http://www.ncbi.nlm.nih.gov/pubmed/28690023
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Materials and Methods 
	Study Population 
	Anthropometric Measurements 
	Laboratory Measurements 
	Classification of Variables 
	Analysis Plan 

	Results 
	Clinical and Sociodemographic Characteristics of the Study Participants According to Their Glycemic Status 
	Obesity- and Lipid-Related Parameters According to the 2016 American Diabetes Association Glycemic Status 
	Association of Prediabetes with the Level of Obesity- and Lipid-Related Indices 
	Receiver Operating Characteristic Curve Analysis for the Obesity- and Lipid-Related Indices for Diagnosing Prediabetes According the 2016 American Diabetes Association Criteria 
	Prevalence of Prediabetes According to Obesity- and Lipid-Related Indices 

	Discussion 
	Conclusions 
	References

